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|. INTRODUCTION

On August 2, 2000, our Supreme Court rendered its decison In_re

Proportionality Review, 165 N.J. 200 (2000), and adopted a multifaceted system to

determine whether the administration of capital punishment in New Jersey isinfected
by racia discrimination. The monitoring system consists of three components: (1)
bivariate analyses, (2) regression studies, and (3) case-sorting techniques. Thesystem
rests on the thesis that no single method is sufficiently reliable to provide convincing
evidence respecting whether or not racia discrimination exists in death penalty
sentencing. Thus, a defendant must relentlessly document the risk of racia disparity
in order to establish systemic disproportionaity. The test requires a substantial
converging of outcomes produced by the application of the three different modes of
anayss.

The Court directed the Special Master to update the database and report his
findings on an annual basis. Thisreport isintended to fulfill that mission. In addition,
| will describe the methodology inimplementing the new system. The approach | have

taken is described at length in my earlier report. David S. Baime, Report to the New

Jersey Supreme Court:  Systemic Proportionality Review (Dec. 1, 1999) Bame
Report I1). On occasion, | have found it necessary to deviate dightly from the

procedures previousy recommended in order to meet the demands of contingencies



that were not initially envisioned or fully appreciated. These instances will be
described in detail. For the most part, however, | have remained faithful to the
methodology previoudly described.

The first step in establishing asystem of proportionality review isto determine
the universe of cases within which the death penalty is to be analyzed. Our study
focuses upon two separate universes. (1) a universe consisting of al clearly death-
digible cases asdetermined by the Special Master and the Administrative Office of the
Courts (AOC), and (2) auniverse consisting of all casesthat have reached the penalty
phase of acapital prosecution. | stress, however, that the number of casesin the data
samples studied depends on the mode of analysis utilized. For example, there are 490
death-dligible cases considered in our bivariate analysis, but only 445 death-éigible
cases in our regression studies. Similarly, there are 179 cases in the death penalty
universe for the purpose of our bivariate anayss, but a smaler data sample is
considered in our regression studies. This deviation is caused by our elimination of
various classes of multiple homicides for the purpose of regression analysis in order
to preserve the independence of each case. Where a defendant has smultaneoudy
committed multiple homicides, the AOC has historically eiminated all but one of the
casesinits database. In asimilar vein, we have adopted arule requiring that where a

death penalty case hasbeen reversed and resultsin another disposition or dispositions,
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either by plea or trial, only one of these cases is counted for the purpose of our
regression analysis. | will describe the policies underlying these somewhat arbitrary
rules later in thisreport. Suffice it to say here, these policies are designed to assure
the independent evaluation of each case for the purpose of regression studies. The
point to be emphasized is that there are certain rules applicable to formulation of the
data sample for regression studies that are not necessarily required for bivariate
analyses. The matter will be discussed at length later in this report. | note it here
merely to clarify the apparent inconsistencies in the data samples set forth in tables
appearing in the appendix.

Our approach seeks to isolate and describe potential racia discrimination at
various critical stages in death penalty proceedings. All three modes of analysis —
bivariate, regression and case-sorting — are applied to three decision points. (1) death
outcomes at penalty trials, (2) death outcomes among all death-eligible cases, and (3)
advancement of death-eligible casesto pendlty trials. We consider possibledisparities
in terms of both the race or ethnicity of the defendant and the race or ethnicity of the
victim. Weexaminethreeidentifiable groups. (1) African-Americans, (2) Whites, and
(3) Higpanics. Because the number of cases involving Hispanic defendants or
Hispanic victimsis relatively few, we diverge from that approach when necessary to

provide meaningful anayses.



Within this analytical framework, we find no statistical evidence supporting the
thesis that therace or ethnicity of adefendant constitutes an important factor in penalty
phaseverdicts. Nor doesthe available evidence indicate that minority defendantswho
commit death-eligible crimes are more likely than Whites to receive the death penalty.
Nor do we find that minority defendants who commit degth-eligible crimes are more
likdy than Whites to advance to penalty trials. Simply stated, we discern no sound
basis from the statistical evidence to conclude that the race or ethnicity of the
defendant is afactor in determining which cases advance to a pendlty trial and which
defendants are ultimately sentenced to death. The statistical evidence abounds the
other way — it strongly suggests that there are no racial or ethnic disparitiesin capital
murder prosecution and death sentencing rates. Because the results reached by all
three modes of analysis converge, we are extremely confident in our finding that the
administration of capital punishment in New Jersey in terms of the race or ethnicity of
the defendant is color-blind and free from taint or prejudice.

Our findings respecting the effect of race or ethnicity of the victim on the
administrationof capital punishment lawsaremoreequivoca. Weareentirely satisfied
that the race or ethnicity of the victim has no impact on death penalty outcomes.
There is no appreciable difference in the death sentencing rate between defendants

who kill White victims and defendants who kill minority victims. Bivariate anayss,



regression studies, and case-sorting techniques yield the same result. In terms of the
actua imposition of the death penalty, our capital punishment system does not
discriminate against defendantswho kill White victims as opposed to defendantswho
kill minority victims.

This much conceded, thereis unsettling statistical evidenceindicating that cases
involving killers of White victims are more likely to progress to a penalty tria than
cases involving killers of African-American victims. Bivariate analysis and severd
regression studies trend toward that conclusion. The question then is whether these
findings are beclouded by confounding factors.

We conclude that they are. Although we find a consistent and strong effect of
race of victim in our regression studies utilizing relevant variables defined by judges
and by our statutes, that finding essentialy disappears in three of four regression
studies when county variability isintroduced. Specifically, an important variable that
Is confounded with progression to penalty tria is the county where the charging
decisonand trial take place. A disproportionate number of minority victim cases are
tried in counties with the lowest overall rates of progression to penalty trial. The fact
that minority victim cases are concentrated in counties with low penalty trial rates has
a strong impact on the results of regression studies. When county variability is

accounted for in the regression model, the evidence does not suggest that the race of
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the victim plays an important role in determining which death-eligible cases advance
to the penalty phase. This conclusion is strongly confirmed by the application of
case-sorting techniques, which disclosesthat defendantswho kill Whitevictimsare not
discriminated against in terms of which cases progress to a penalty tridl.

We hasten to add that county variability may itself be aproblem. Itisarguable
that the county in which adeath-eligible crimetakes place should not influence whether
acaseiscapitaly prosecuted. We offer no opinion on the subject, because the issue
goes well beyond the contours of thisreport. The point to be stressed isthat we have
found no relentless documentation of the thesisthat race of victim impacts uponwhich

cases progress to penalty trial.



II. BIVARIATE ANALYSIS

We first examine the raw numbers. In a bivariate analysis, there is only one
independent variable. Because we are testing for the presence of racial or ethnic
discrimination, each factor — race or ethnicity — is the independent variable in our
analysis.

At the outset, we note that bivariate analysis has its limitations. Statisticians
uniformly stress that "[u]nadjusted gross racia disparities in death sentence rates are
ahighly suspect basis for inferring racia discrimination in the treatment of smilarly

Stuated defendants. . . ." David C. Balduset d., Racia Discrimination and the Death

Pendty in the Post-Furman Erac  An Empirical and Lega Overview, With Recent

Findings from Philadelphia, 83 Corndll L. Rev. 1638, 1656 (1999); see also Peter J.

Bickel et d., Sex Bias in Graduate Admissions. Datafrom Berkeley, in Statistics and

Public Policy 13 (William B. Farley and Frederick Mostdler eds., 1977).

In this piece, Professor Bickel described a well known study of sexud discrimination in the graduate
programs of aleading university. | cited this study in my earlier report. Baime Report 11 at 34. | recount
it again here because it o aptly illugtrates the problemsinherent in drawing conclusionsfrom raw numbers.
A large, unadjusted satistica disparity indicated that the university admitted women a a much lower rate
than men. This disparity led to a charge of sexud discrimination. On closer examination, however, it
became apparent that the great bulk of women applied to departmentswith low admission rates, whilemen
goplied to departments with very high admisson rates. Thefalureto control for the department to which
the students gpplied fatally undercut the vdidity of the unadjusted disparity asabassfor inferring sysemic
gender discrimination.
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Nevertheless, raw numbers, percentages and fractions benefit from their transparency,
and tell atale that can easily be understood by laypersons. Moreover, they provide
abasisfor annual comparison. Wethus consider bivariate analysis as an essential tool
In our multifaceted system to detect the presence of racial or ethnic discrimination.

For the purpose of our bivariate analyss, we consder adeath-eligible universe
consisting of 490 cases. We first examine the relationship between the race and
ethnicity of the defendant with progression to penalty trial and death outcome. Of the
490 death-eligible cases, 151 involved White defendants, 283 involved African-
American defendants, and 52 involved Hispanic defendants.  Sixty-nine of the 151
White defendants advanced to the penalty phase, approximately forty-six percent.
Ninety-one of the 283 African-American defendants advanced to the penalty phase,
approximately thirty-two percent. Eighteen of the 52 Hispanic defendants advanced
to the penalty phase, approximately thirty-five percent. Thus, White defendants were
much more likely to progress to a penalty trial than African-American or Hispanic
defendants.

Of the 151 death-eligible White defendants, twenty-two received the death
sentence, approximately fifteen percent. Of the 283 death-dligible African-American
defendants, thirty received the death sentence, approximately eleven percent. Of the

fifty-two death-éligible Hispanic defendants, two received the death sentence,

-8-



approximately four percent. Thus, death-eligible White defendants were more likely
to receive the death penalty than death-eligible African-American or death-eligible

Hispanic defendants.



Of the sixty-nine White defendants who advanced to a penalty trial, twenty-two
were sentenced to death, approximately thirty-two percent. Of the ninety-one African-
American defendants who advanced to a penalty trid, thirty were sentenced to death,
approximately thirty-three percent. Of the eighteen Hispani c defendantswho advanced
to a pendlty trid, two were sentenced to death, approximately eleven percent. Thus,
in terms of the penalty tria universe, White and African-American defendants were
sentenced to death at approximately the samerate, while Hispanic defendantswereless
likely to receive the death penalty.

The following chart best illustrates the impact of the race or ethnicity of the

defendant on progression to a penalty trial and death outcome;

Breakdown of 490 Death-Eligible Cases by Outcome and Race of
Defendant.

Defendant's Race White African-American Hisoanic Otha | TOTAL
Number of casss 151 283 52 4 490
Fraction of casesthat went 69/151 | 91/283 18/52 14 179/490
to pendty trid 0.46 0.32 0.35 0.25 0.37
Fraction of casesthat 22/151 | 30/283 2/52 04 54/490
recaved desth sentence 0.15 0.11 0.04 0 0.11
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Fraction of pendty trid 22/69 30/91 2/18 o1 54/179
casesthat received degth 0.32 0.33 0.11 0 0.30
santence

From the raw numbers alone, it cannot fairly be argued that the race of a
defendant affects the likelihood that he or she will be sentenced to death. The sample
Is composed of too few Hispanic defendants to reach any viable conclusion.
However, it isfair to say that our bivariate analysis does not disclose in any way that
the race of the defendant has an impact on death outcome. A disparity does exist,
however, respecting the rate at which White and African-American defendants
progress to the penaty phase. White defendants are more likely than African-
American defendants to advance to the penalty stage of a capital prosecution.

We next turn to the race and ethnicity of thevictim. Of adeath-eligible universe
composed of 490 cases, 220 involved White victims, 192 involved African-American
victims, 61 involved Hispanic victims, and seventeen involved victims of other races
or ethnicities. One-hundred and five of the 220 cases involving White victims
advanced to the penalty phase, approximately forty-eight percent. Forty-nine of the
192 cases involving African-American victims advanced to the penaty phase,
approximately twenty-six percent. Twenty-one of the sixty-one cases involving
Hispanic victims advanced to the penalty phase, approximately thirty-four percent.
Theremaining cases are negligiblein number and therefore do not enter into our study.
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Thus, cases involving White victims progressed to a pendlty trid at a higher rate than
cases involving African-American victims.

Of the 220 death-digible cases involving White victims, thirty-two resulted in
Imposition of the death penalty, approximately fifteen percent. Of the 192 death-
digible cases involving African-American victims, eighteen resulted in imposition of
the death pendty, approximately nine percent. Of the sixty-one death-eligible cases
involving Hispanic victims, three resulted in imposition of the death pendty,
approximately five percent. The remaining cases are too few to warrant comment.

Of the 105 death-eligible cases involving White victims that progressed to the
penalty phase, thirty-two resulted in imposition of the death sentence, approximately
thirty percent. Of the 49 death-dligible cases involving African-American victims that
progressed to the penalty phase, eighteen resulted inimposition of the death sentence,
approximately thirty-seven percent. Of the 21 death-eligible casesinvolving Hispanic
victims, three resulted in imposition of the death sentence, approximately fourteen
percent. Again, the casesinvolving victims of other races or ethnicitiesaretoo few in
number to warrant comment. Thus, casesinvolving Whitevictimsand casesinvolving
African-American victimsresulted inimposition of the death sentence at essentially the
samerate.

The following chart best illustrates the impact of the race or ethnicity of the
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victim on progression to penalty trial and death outcome;

Breakdown of 490 Death-Eligible Cases by Outcome and Race of Victim.
Victim's Race White AfricanrAmerican Higoenic | Other TOTAL
Number of cases 220 192 61 71 490
Fraction of casesthat went | 105/220 49/192 21/61 4/17 179/490
to pendty trial 048 0.26 0.34 024 |037
Fraction of casssthat 32/220 18/192 3/61 1/17 54/490
receved desth sentence 0.15 0.09 0.05 0.06 0.11
Fraction of pendlty trial 321105 | 18149 321 1/4 54/179
casesthat received degth 0.30 0.37 0.14 0.25 0.30
sentence

From the raw numbers alone, it cannot fairly be argued that the race of the
victim affects the likelihood that the defendant will be sentenced to death. The
percentage of cases involving White victims that resulted in imposition of the death
penalty is essentialy the same as the percentage of casesinvolving African-American
victims that resulted in imposition of the death penalty. However, our bivariate
andyss supports the thesis that cases involving White victims are more likely to
advance to the penalty stage than cases involving African-American victims. The

difference in the rates of progression to a penalty trial are Satistically significant.
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1. MULTIVARIATE REGRESS ON

Creating reliable multivariate regresson models in systemic proportionality
review has been our biggest challenge. With the valuable assistance of Professors
David Weisburd and Joseph Naus, | proposed a methodology for the devel opment of

parsimonious multipleregressionsin my earlier report. BameReport |1 at 40-42. The

Court adopted that proposal with dight modifications. In re Proportionality Project,
165 N.J. at 215-21. We have implemented the new methodology during the past year.
The Public Defender and the Attorney Genera made substantial contributions in
completing this work. This section describes: (1) the history of multivariate
regression application in systemic proportionaity review, (2) our methodology in
creating parsmonious models, (3) problems and solutions in implementing the new
system, and (4) findings and conclusions.

A. HISTORY

We beginwiththeregression model sdevel oped by former Special Master David
C. Baldus. These models were created for the purpose of conducting regression
studies in the context of individual proportionality review, i.e., theindex of outcomes
test. They were not intended to detect the presence or absence of racia

discrimination. Assessment of a race effect developed only indirectly as a
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consequence of Professor Baldus's efforts to include al relevant predictors of death
sentence outcome in the regresson models used for conducting individual
proportionality review.

A basic assumption underlies the use of multivariate regresson — al relevant
predictors must be included in the statistical models in order to obtain accurate
conclusions with respect to the dependent variable, because exclusion of asignificant
vaiadleislikely to yield biased results. Professor Balduss first problem was thus to
choose the variables in acorrectly specified moddl. Clearly, al statutory aggravating
and mitigating factors had to be included because, by the mandate of the Legidature,
these are the standards that are to guide prosecutors and juries in their decision
making. Professor Baldus then added variables for the race of the defendant and
victim, their socioeconomic status, and the defendant's gender. David C. Baldus,

Death Pendty Proportionality Review Project: Fina Report to the New Jersey

Supreme Court, 93-94 (Sept. 24, 1991) (Baldus Report). For thefinal set of variables,

the professor employed a statistical screening technique that is commonly used by
social scientists, but which has generated much debate. In essence, this methodol ogy
involves a series of screenings of the data to identify independent variables that have
aresdua relationship with the dependent variable, i.e., progression to a penalty trid

or death outcome. Theresidual variables derived from the screenings are satistically
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sgnificant at the .10 level or beyond, meaning that there is a one-in-ten chance a
variable appearing to have an effect on a dependent variable has emerged by reason

of random chance. See John M. Conley and David W. Peterson, The Science of

Gatekeeping: The Federal Judicial Center's New Reference Manual on Scientific

Evidence, 74 N.C. L. Rev. 1183, 1209 n.159 (1996).

Having defined the applicable variables, Professor Baldus was confronted with

another problem. Multivariate regression requiresvariability in the measures examined

"in order to disentangle the effects in a model." David Weisburd, Good for What

Purpose? Social Science, Race and Proportionality in New Jersey, in Social Science,

Socia Policy and the Law, 268 (Patricia Ewick, et . eds., 1999). Asthe number of

relevant independent variables increases, "the variability or split of scores in the
dependent variable is divided up into smaller and smaller pieces.” |bid. It becomes
increasingly difficult to determine the relationship of the independent variable to other
Independent variables and to the dependent variable, i.e., progression to apenalty trial
or death outcome. lbid. Thisdifficulty isreflected statistically in the instability of the
models estimated. 1bid. Although there is no hard and fast rule defining the number
of independent variables that may be included, "models should be reviewed for

ingtability when there are fewer than ten casesin the infrequent category, [progression
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to penalty triad or death outcome] for each of the independent variables." |bid. The
eminent statistician, Dr. John Tukey, suggested arule of thumb "that requires at least
five, and more conservatively ten, of the less frequent outcomes per independent

variable" Dr. John Tukey, Report to the Special Master, 5 (1997). This is the

principle of parsimony referred to by former Special Master Richard Cohen in his

Report to the New Jersey Supreme Court, 27 (1997).

Because the number of cases that have advanced to the penalty phase and the
number of casesthat have resulted in theimposition of the death penalty arerelatively
few, we are required to deal with acomparatively small database. Professor Baldus's
models violated Dr. Tukey's "rule of thumb." For example, severa of the models
included thirty-five independent variables, but at that point there were less than twenty
cases that had resulted in the imposition of the death penalty. The modelswere highly
unstable and produced wholly divergent and unreliable results. See David S. Baime,

Report to the New Jersey Supreme Court: Individua Proportionality Review, 85-88

(April 28, 1999) (Baime Report I).

Professor Baldus recognized theinstability and confusion that resulted from the
lack of parsmony. He was neverthelessfaced with an unsolvable problem. Because
his regression modelswere designed to predict progression to apenalty trial and death

outcome, the number of relevant variables could not be reduced. However, the small
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database required eimination of independent variables in order to meet the demands
of parsmony.

B. DEVELOPMENT OF A PARSIMONIOUS MODEL

We sought to aleviate the tension resulting from these competing demands by
more sharply focusing on the question to be answered. The basic premise upon which
our methodology rests is that in assessing race effect, as contrasted to defining
culpability levelsfor individua proportionality review, we do not have to account for
al factors that influence death penaty sentencing. Rather, we need only toincludein
our models those factors that are related to the outcome variable (either advancement
to a pendlty tria or imposition of a death sentence) and the race or ethnicity variable
examined. This is so because our effort is not to develop a reliable estimate of
culpability level onthe outcome measure, but only to control for potential confounding
of the race or ethnicity variable.

Our thesis is that we need only to identify and control such confounders in
order to isolate and measure any race or ethnicity effect that may exist. Thus, where
raceor ethnicity isdistributed equally, or in statistical termswhere al seisequivaent,
there is no need to take account of that variable in the model. But where there is
vaiability in a parameter, i.e., where race or ethnicity is unevenly distributed, that

variable should be considered for itsinclusion in the model. The difference between
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the goal of gaining areliable prediction of the outcome measure and that of controlling
for confounding provides an opportunity to develop more parsimonious models than
those that have been used in assessing death penalty sentencing. Variables must be
theoretically related to the outcome measure examined (progression to penalty trial or
imposition of the death penalty) and empirically related to therace or ethnicity variable
being evaluated. Thispermitsusto defineamuch smaller set of variablesfor inclusion
in the regresson mode.
Our methodology consists of the following steps:

(1) Define abase set of variables thought to have an effect

on the outcome measured. These variables are to be

identified by judges having significant experience in trying

capital punishment cases. In addition, al statutory factors

are included in the base set of variables.

(2) Examine the bivariate relationship between the race
variables and each of the variablesincluded in the base set.
The objective here is to determine which of the base set of

variables are possible confounders.

(3) Exclude from the analysis any variable that does not

reach a set threshold of statistical significance. Different
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thresholds of significance are to be used depending onthe
outcome measure examined because size is an important
component of dtatistical sgnificance. All ese being equd,
larger samples will produce more significant findings. In
deding with questions relating to the larger death-digible
universe, a .05 significance threshold is to be applied. In
deding with questions relating to the smaler pendty trial
universe, aless stringent criterion of .10 is to be applied.

(4) Edtimate the regresson mode including only those
variables that have reached the thresholds described, plus
the race and ethnicity variables. This assumes that the
number of variablesis small enough to dlow for thereliable
estimation of regression equations. Using the guidelineson
parsmony we have previoudy described, which require at
least five cases in the infrequent category (progression to a
penalty trial or imposition of the death penalty) for each of
the independent variables, we arrive at a modd containing
ardatively small number of variables. Under our origind
proposal, we suggested that the significance criteria be
rased if too many variables were identified as possible

confounders. We altered our course in that respect.
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Because many of the variables defined as theoretically
relevant to death penalty sentencing by the judges did not
have a high correlation with death outcome, we decided
that afairer approach isto examine the rel ationship between
the selected variables and the outcome measure examined.
Preferencein thissituationisgiven to variablesthat are both
sgnificantly related to the examined racial or ethnic criterion
and to the outcome assessed.? Thisoption conformed with

the approach suggested by the Public Defender.

The methodology we have utilized was approved by the Supreme Court. Inre

Proportionality Project, 165N.J. at 217-18. The only modification isthe one we have

described, i.e., according preferenceto variables significantly correlated with outcome
when too many measures meet the specified criteria to satisfy the demands of
parsmony.

C. IMPLEMENTATION

2

In such cases, where race was not sgnificantly related to outcome, it was still included intheregression
modds if therule of parsmony alowed. Our decision was based on the centraity of racein our monitoring
procedure and the very strong confounding between race of victim and race of defendant in these anayses.
However, variables that were significantly related to race and outcome were given preference in the
scenario in which the rule of parsmony did not alow for the inclusion of additional messures.

-21-



Inthissection, | discussthe problemswefaced inimplementing our multivariate
regression system. Specificaly, | describe: (1) the procedures we utilized in
conducting the judicial survey to identify a base set of variables, (2) the dternative
methods used in determining the data sample, and (3) the coding of race and ethnicity.

1. ldentification of Base Variables

In our prior reports, we criticized the methods used by Professor Baldus in
determining the variables to be included in the regresson models. The principle that
al relevant predictors must beincluded in a stable model is known as " correct model

specification.” Franklin M. Fisher, Multiple Regression in Legal Proceedings, 80

Colum. L. Rev., 702, 709 (1980). Exclusion of arelevant factor is commonly called

"misspecification.” lbid. The definition of variables that must be included in a
correctly specified model is always a difficult one for social scientists. Professor
Badus confronted this problem by beginning with abasdine of statutory aggravating
and mitigating factors, adding "suspect” variables such as the race of the defendant
and the victim, their socioeconomic class and the defendant's gender, and by
examining the remaining factors in the database to identify which variables "disclose
a'resdud’ relationship with the dependent variable that is Satistically significant at the

.10 level and beyond and show anonperverserelationship” with the outcome measure.

Baldus Report, Technical Appendix at 3. For theresidual variablesthat satisfied this
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criteria, Professor Baldus performed a factor analysis to cluster them into single
factors related to variablesto beincluded inthe models. |bid. The database wasthus
"mined" in order to determine which variableswere to be utilized. Our mgor concern
was that after screening literally hundreds of variables for their relationship to death
sentencing outcomes, the professor waslikely ssimply by chance to gain measuresthat

showed a datistical relationship.® Such an approach is likely to lead to serious

misspecifications of statistical models. See Franklin M. Fisher, Multiple Regression

in Legal Proceedings, 80 Colum. L. Rev. at 714.

Like Professor Baldus, we began our identification of base variables by
including the statutory aggravating and mitigating factors. Because these factorswere
too limited, we used expertsto identify non-statutory factors relevant to death penalty
sentencing.  More specifically, we selected sixteen judges having experience in
conducting capita triadlsand intrying criminal cases. They were asked to rate whether
non-statutory variables in the database were important in predicting desth sentencing

outcomes.

3

| would be remissif | failed to note that our methodology is subject to challenge for smilar reasons. We
examine the database to determine whether avariable identified by the judges asimportant in determining
outcome is dgnificantly correlated with race or ethnicity. However, we do not screen huge numbers of
variables to determine their relationship with race or ethnicity. To that extent, our methodology is not at
al like that employed by Professor Badus.
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Thefirst problem we confronted wasto identify which variablesin the database
wereto be presented to the judgesfor their evaluation. The Public Defender, Attorney
Generd, AOC and Special Master prepared separate lists of variables for possible
incluson. The Public Defender and the Attorney General were then asked to select
variables from the combined lists. They were then directed to iminate clearly
duplicate variables. The product of the joint efforts of the Public Defender and
Attorney General was then submitted to us for screening.

In order to provide as concise alist as possible to the judges, we adopted three
basic rules for exclusion. The first rule was to eliminate measures that did not have
sufficient variability. In other words, if atrait appeared only rarely, it was eiminated.
We set athreshold of appearance in nine cases or less as the basisfor excluding these
variables.

The second and third rules were designed to prevent unnecessary duplication
In the measures assessed. Variables that overlapped considerably with the statutory
factors were eliminated. We saw no reason to include variables that measured the
same characteristic or trait. Multicolinearity — including variables that are too similar
— can cause ingtability in the statistical models estimated. We thus gave precedence
to statutory factorsin this situation. When the relevant statutory factor was found to

be present in eighty percent or more of the cases where the non-statutory factor was
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present, the non-statutory factor was subject to exclusion. Further, if there were less
than ten cases in the database in which the statutory factor was present and the non-
statutory factor was not present or in which the non-statutory factor was present and
the statutory factor was not present, the non-statutory factor was subject to exclusion.
Where a non-statutory factor violated both rules, it was eliminated. Where a non-
statutory factor violated only one of the two rules, we made a case-by-case decision
concerning whether the non-statutory factor wasto be eliminated. Inthisprocess, our
overarching objective wasto identify and eliminate variablesthat were so smilar to the
statutory factors as to compel their excluson. Ninety-four variables were ultimately
included in the survey.

Before submitting the survey to the judges, we engaged in various pretesting
techniques. Specifically, the survey was presented to two judges. Following their
completion of the survey, the judges were interviewed and asked their views
concerning presentation and format. Upon being assured that the directions were
understandable and that no other problems existed, we presented the survey to thefull
complement of judges.

All sixteen judges rated the ninety-four variables selected. They were told not
to confer, and to consider the survey individually. In order to prevent "order bias' in

the ratings, the ninety-four questions were randomized with each judge receiving a
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different presentation. The judges ranked each item on the following scale:

Not at al important
Sightly important
Moderately important
Very important

WNEFE O
1o

The judges were aso asked whether there was any variable not included in the survey
that they believed was meaningful in determining death sentence outcome.

If more than half the judges scored a factor as "very important,” we included
that item in the base set of variables. In two ingtances in which less than half of the
judges rated the item as "very important,” al of those who did not rate the item as
"very important” rated thefactor as"moderately important.” Thesetwo variableswere
included in the base set. Of the ninety-four variables included in the survey, twenty-
two survived and were added to the sixteen statutory factors* That |eft thirty-eight
variables. Unfortunately, one of these variables, "planning of the homicide," had to
be eliminated because our database did not contain sufficient information pertaining
to that characteristic. Eighteen percent of the vaues for "planning of the homicide"
was missing in the overal database. Although intuitively, "planning” would seem to

be an important factor bearing on death penalty outcomes, sound statistical practice

4

In our descriptions of the modd s that follow, we do not ligt each variable used in every regresson run.
Thisinformation is provided in Professors Weisburd's and Naussreport. Welist the base set of variables
in the Technica Appendix.
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required that the factor be eiminated in its entirety.

2. Defining the Appropriate Sample

As we noted earlier, we examine two different universes in individual and
systemic proportionality review. However, the data sample examined depends upon
the mode of analysis applied, i.e., bivariate, regression or case-sorting. Inour prior
report pertaining to systemic proportionality review, Professors Weisburd and Naus

guestioned the inclusion of the same defendant multiple times in the data sample.

Baime Report Il at 17, Technical Appendix at 11-12. Three separate categories of
cases wereidentified: (1) smultaneouskillings by adefendant, (2) multiple killingson
separate occasions by one defendant, and (3) cases involving reversas and
subsequent dispositions either by trial or guilty plea. 1bid. Professors Weisburd and
Naus were particularly concerned with the third category of cases. 1bid. We note that
this concern was shared by the Public Defender 's consultant as well.

Multiple regression rests on the assumption that there is no systematic
relationship between measured characteristics of the cases and unmeasured
characteristics that influence death penalty sentencing. This assumption may or may
not be reasonable for cases involving different individuals, but it is certainly suspect
when there are multiple cases involving the sameindividua inasingle anaysis. There

are statistical strategies designed to ameliorate the effect of the "nesting” of cases
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involving the same defendant. However, Professors Weisburd and Naus are of the
view that our database is not large enough to allow the development of nested
regression models. Although "robust variance estimation,” a dtatistical strategy
beyond my ability to describe, provides a possible solution to the problem, this
technique is generadly used in stuations involving larger samples. Professors
Weisburd and Naus have long advocated, for simplicity, adoption of a method for
defining a single case for each defendant for statistical purposes. Id. at 13.

Candor requires me to note that | resisted this proposa in my earlier report.
Although the AOC had historically coded smultaneouskillings by the same defendant
as asingle case, | questioned the advisability of expanding that principle to cover
killings on different occasions by the same defendant and multiple dispositions by

reasons of areversal of adeath penalty conviction. Baime Report Il a 35-36.

We have reached a compromise rooted in common sense. As noted earlier, in
our bivariate analysis, we have considered the death-eligible universe as composed of
490 cases and the penalty trial universe as composed of 179 cases. These numbers
are based on a full complement of cases, but, utilizing the AOC's historical rule,
counting Ssmultaneouskillingsasasingle case. Inour regression studies and, to some
extent in our case-sorting anaysis, we consider a smaller sample by counting as one

case those death pendty convictions that were reversed and resulted in multiple

-28-



dispositions. We thusinclude in our data sample only one case where there has been
areversal of adeath penalty conviction and a subsequent disposition by trial or plea.
We apply a different rule with respect to multiple killings by one defendant. In the
context of multiplekillingsin different cases,i.e., killings on separate occasions by one
defendant, we think it reasonable for al of these cases to be counted in a single
gatistical analysis. While such cases involve the same defendant, the victims and
circumstances of each homicide are different.

The question then is which case should be considered in the category of
multiple dispositions resulting from a reversal of a death penalty conviction. Itis
arguable that the case that was reversed should be eliminated, because the conviction
was flawed. However, many convictions are reversed for reasons other than the
reliability of the evidence presented. This is particularly true with respect to earlier
death penalty convictions that were reversed before capital punishment jurisprudence
became more settled and certain. To automatically eliminate those cases might present
abiased portrait of death penalty sentencing decisions.

We could not find a convincing logic for choosing one case for inclusion over
another. In our prior reports, we dedlt with smilar problems by examining the data
utilizing dternative assumptions. Specificaly, if reasoned argument cannot be found

for the primacy of one sample over another, we consider both. We thus use two
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samples for each of the two universes. The first sample, which is denominated "first
case sample,”" includes only the first case for each defendant whose death penalty
conviction reversal resulted in multiple dispositions. A second sample, denominated
"last case sample,” includesonly thelast disposition. The"first case sampl€e” includes
445 casesin the desth-eligible universe and 146 casesin the penalty trial universe. The
"last case sampl€e" includes 445 cases in the death-eligible universe and 134 casesin
the penalty trid universe.

Inthe"first case sample," forty-six casesresulted in the imposition of the death
penalty. Inthe"last case sample," only twenty-six cases resulted in imposition of the
death penalty. The decline in death outcomes has a dramatic effect on the
specification of the regresson models. Under the principle of parsmony previousy
described, we are much more restricted in the number of variablesthat can beincluded
in the models estimated for the "last case sample." We note, however, that the overall
results, which will be described in aseparate section, arerelatively uniform regardless

of which sample is estimated.
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3. Coding of Race and Ethnicity

In prior systemic proportionality reviews, two measures were used. Asto the
race of the defendant, African-American defendants were compared with all other
defendants. With respect to victims, White victim cases were compared with all other
victim cases. Although the AOC has historically recorded Hispanics as a separate
category, this group was not analyzed in terms of the presence or absence of
discrimination. Hispanicswere grouped with White defendantsand African-American
victims.

While seemingly contradictory, this approach was not wholly illogical. The
appropriate approach depends upon what question is asked. If we want to know
whether African-American defendants are discriminated against in the administration
of capital punishment laws, it makes sense to compare African-American defendants
with all other defendants. If we want to know whether those who kill White victims
are discriminated againgt in the administration of capital punishment laws, it makes
sense to compare White victim cases with all other cases.

We stress, however, that combining of race categoriesin this manner can result
in confounding race effectsif thereisadifferent causal patternin practice. Moreover,
there may be patterns of bias in sentencing decisions pertaining to Hispanics that
warrant consideration and monitoring. In response to these concerns, the Court
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ordered that "both defendants and victims be coded as white, black, Hispanic, Asian

or other." Inre Proportionality Project, 165 N.J. at 320. We, of course, follow that

approach. However, we do not include in our models avariable for "Asian or other"
at this point because there are too few of such cases at this time in the death-eligible
or penalty tria universe.

We add that the number of cases involving Hispanic defendants or Hispanic
victimsisaso relatively small. There arefifty-two Hispanic defendants and sixty-one
Hispanic victim cases. The number is even smaller in the context of the exclusion of
single defendant-multiple disposition cases noted previously. Because the number of
Higpanic defendant and victim casesis small, and because the comparison of Whites
with African-Americans has historically been our concern, we examine race effects
both including and excluding Hispanics as a separate category.

D. RESULTSOF REGRESSION STUDIES

As we noted earlier, we examine possible race and ethnicity effects at three
decision points. (1) death outcomes at pendlty trials, (2) death outcomes among all
death-digible cases, and (3) advancement to penalty trial. We conduct regression
analyses within each of these categories, first including the threemain groups (Whites,
African-Americans, and Hispanics), and then comparing only Whites with African-
Americans excluding Hispanics. We consider possible race or ethnicity effectsin
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terms of defendants and victims.

1. Penalty Trial Universe — Race of Defendant

Againg the backdrop of the "first case sample,” including the three main
categories (Whites, African-Americans, and Hispanics), two measures are sufficiently
correlated with race to permit their inclusion in the modd. Estimating the model with
these variables included, African-American and Hispanic defendants do not differ
sgnificantly from White defendants in terms of death outcomes. For the "last case
sample,” one additional variable was included in the model. The results are
nonethel ess essentially the same. Therace of the defendant does not have asignificant
Impact on death outcomes.

Comparing White and African-American defendantsonly, onevariable satisfied
the significance threshold as to the "first case sample." The race effect of African-
American defendants is extremely small and is Satistically insignificant. In the "last
casesample,” two additional variablesmeet our significancethreshold. Again, therace
of defendant effect is closeto zero, and is not statistically significant.

Our regression studies do not provide evidence of a statistically significant
effect of race of the defendant on death outcomes. Thisfinding iswholly cons stent
with the conclusion reached under our bivariate analyss.

2. Penalty Trial Universe— Race of Victim

-33-



Within the context of the "first case sampl€" including the three main categories
(Whites, African-Americans, and Hispanics), four additional variables (not including
race of victim and race of defendant) are sufficiently correlated with race to permit
their incluson in the modd. Estimating the modd with these variables, neither White
victim cases nor Hispanic victim cases differ significantly from African-American
victim cases in terms of death outcomes. In the "last case sample,” too many
measures meet the significance threshold to satisfy the principle of parsimony.
Excluding the variables not significantly correlated with outcome, we arrive at amodel
containing five variables. Again, thereisno evidence of a statistically significant race
of victim effect.

Comparing Whitevictimand African-Americanvictim casesonly, fiveadditiond
measures meet our significancethreshold asto the "first case sample." Again, therace
effectisnot statistically significant. Inthe"last case sample,” only one measure meets
our significance threshold. The results are similar, and do not suggest a statistically
significant race of victim effect on death outcome.

Our regression studies do not provide evidence of a statistically significant
effect of race of the victim on death outcome. This finding comports with the
conclusion reached under our bivariate analysis.

3. Death-Eligible Univer se — Race of Defendant
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Within the context of the "first case sampl€" including the three main categories
(Whites, African-Americans, and Hispanics), seven measuresare sufficiently correlated
with race of defendant to permit their inclusion inthe model. Because the model does
not satisfy the principle of parsmony, we exclude the variables that are not
sgnificantly correlated with outcome, thus arriving at a model containing a total of
eight variables. There is no evidence of a statistically significant race of defendant
effect on death outcomes. For the"last case sample," we aso wererequired to reduce
the variables to satisfy the principle of parsmony. Excluding the variables not
sgnificantly corrdlated with outcome, we arrive at a model containing five variables.
There is no evidence of a statistically significant race of defendant effect on death
outcomes.

Examining White and African-American defendants only, seven measures meet
our significance threshold as to the "first case sample." The effect of race of
defendant isonce again small, and isnot statistically significant. For the " second case
sample,” too many variables meet our significance threshold to satisfy the principle of
parsmony. Eliminating variablesthat are not significantly correlated with outcome, we
arrive a amodel containing five variables. The effect of race of defendant is once
again small, and is not statistically significant.

Our regression studies do not provide evidence of a statistically significant
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effect of race of defendant on death outcomes. This conclusion comports with that
reached in our bivariate analyses. In our bivariate analyses, White defendants were
sentenced to death at a higher rate than either African-American defendants or
Hispanic defendants. However, the bivariate results were not statistically significant.

4. Death-Eligible Universe— Race of Victim

Within the context of the "first case sampl€" including the three main categories
(Whites, African-Americans, and Hispanics), eeven measures are sufficiently
correlated with race to permit their inclusion in the model. Because this model does
not satisfy the principle of parsmony, we exclude the variables that are not
sgnificantly related with outcome, arriving at amodd containing nine variables. We
find no evidence of a datistically significant race of victim effect. For the "last case
sample,”" twelve measures are sufficiently correlated with race to permit their inclusion
in the model. Eliminating those variables least correlated with outcome in order to
satisfy the principle of parssimony, we arrive at a model containing three variables as
well as race of victim. Again, neither White victim nor Hispanic victim cases are
ggnificantly different from African-American victim casesin terms of death outcome.

Comparing White victim and African-American victim cases only, too many
measures are correlated with race to satisfy the principle of parsmony asto the "first
case sample." We thus exclude variables not significantly correlated with outcome,
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ariving & amodel containing six variables in addition to race of victim. We do not
find a statistically significant effect of race of victim on death outcome. For the "last
case sample,”" three measures meet our two-step selection process. Once again, the
andyds does not show a datisticaly significant race of victim effect on death
outcomes.

We find no evidence of a tatistically significant race of victim effect on death
outcomes for death-eligible cases. Thisfinding comportswith the conclusion reached

In our bivariate analyses.



5. Advancement to Penalty Trial — Race of Defendant

Within the context of the "first case sampl€" including the three main categories
(Whites, African-Americans, and Hispanics), seven measuresare sufficiently correlated
with race to permit their inclusion in the model. The race of defendant effect is not
satigticaly significant. For the "last case sample,”" seven measures are sufficiently
correlated with race to permit their inclusion in the model. The race of defendant is
not gatistically significant in terms of advancement to a penalty tridl.

Comparing White and African-American defendants only, seven measures are
sufficiently correlated with race to permit their inclusion in the model as to the "first
casesample.” Wefind asmall, satistically insgnificant African-American race effect
on advancement to apenalty trial. For the"second case sample," seven measures, the
same measures used in the model including the three main categories, meet our
criterion. We do not find a statistically significant race of defendant effect in terms of
advancement to a pendty trid.

Our regression studies do not provide evidence of astatistically significant race
of defendant effect in terms of advancement of a case to apendty trid. Thisfinding
deviates from the conclusion we reached in our bivariate analyses. It will berecalled
that we found a statistically significant race of defendant effect in terms of progression
of acaseto apendlty trial inour bivariate analyses. White defendants were morelikely
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to advance to a pendlty trial than African-American defendants.

-30-



6. Advancement to Penalty Trial — Race of Victim

For the "first case sample" including the three mgor categories (Whites,
African-Americans, and Hispanics), eleven variables are sufficiently correlated with
raceto meet our significance threshold. Wefind asignificant and strong Whitevictim
effect in terms of a case advancing to a penalty trial. White victim cases are more
likely to progressto apenalty tria than African-American victim cases. Raceof victim
overdl, taking into account the three categories we measure, is dso statisticaly
sgnificant at conventiona levels. For the "last case sample," twelve measures are
found to be sufficiently correlated with race to meet our significance threshold. The
results once again suggest a significant and strong White victim effect in terms of a
case advancing to a pendlty trial. White victim cases are more likely to progressto a
penalty tria than African-American victim cases and the race of victim factor is
satisticaly significant.

Theseresults are even more pronounced when we compare White victim cases
to African-American victim cases and exclude Hispanic victim cases. For the "first
case sample" eeven variables are sufficiently correlated with race to meet our
significance threshold. We again find a significant and strong White victim effect in
terms of a case progressing to a penalty trial. White victim cases are approximately
three times more likely to advance to a pendty triad than African-American victim
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cases. Moreover, thisresult issignificant at the .001 level. For the"last case sample,”
the White victim effect is aso strong and statistically significant.

Applying our methodology, we find strong evidence that White victim cases
proceed to a pendlty tria at a higher rate than African-American victim cases. This
finding comports with the conclusion reached in our bivariate analyses.

7. Advancement to Penalty Trial — A Closer L ook at White
Victim Effect

We have long suspected substantial county variability in the progression of

cases to penalty trial. The point wasfirst raised by Professor Baldus. Baldus Report
a 22-23. At ardatively early stage, the professor found that the penalty trial ratesin
severd counties were much higher than those in other counties. Id. at 24. The
professor's studies disclosed a "sixty-eight percentage point spread, from the low
county with a penalty tria rate of .32 (plus three others in the .30 range) to two
counties in which al death-eligible cases advanced to apenalty tria." 1bid. Professor
Baldus aso found "higher pendlty tria ratesin the non-urban counties.” 1d. at 23.
We, too, noticed that penalty trial cases were unevenly distributed among the
counties. A simple review of the cross-tabulation of advancement to penalty tria

suggested a wide variability in rates at which cases advance to pendty trid in the

individual counties. We thought it significant that counties having the lowest rates of
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cases progressing to the penalty phase had substantial minority populations, and
counties having the highest rates of cases progressing to the penalty phase had
substantial White populations. Thisissueisexplored further inthe section dealing with
case-sorting techniques. We decided to test the thesis that county variability may
serve as a confounder in assessing race effects in terms of cases progressing to a
pendty trial. We thus constructed additional regression modelsto control for county
vaiability.

This proved to be a complex task. | need not describe the problems here.

They arediscussed at length in the report prepared by Professors Weisburd and Naus

which appears in the Technical Appendix. Suffice it to say, including county
vaiability controls in the regression studies pertaining to the three main categories
(Whites, African-Americans, and Hispanics), the White victim effect disappears. The
race of victim variable is no longer statistically significant either in the comparison of
gpecific race categories or in the overall assessment of the three category race
measure. Thisis true both with respect to the "first case sample" and the "last case
sample."

Comparing White victim cases with African-American victim cases only, our
findings are more equivocal. For the "first case sample,” the race of victim effect

continues to maintain statistical significance at the .05 level. For the "last case
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sample,” the race of victim effect approaches, but does not reach, the .05 threshold
of statistical significance.

Thus, controlling for county variability, three of the four regression studies do
not provide significant statistical evidence of a White victim effect in terms of cases

advancing to apendlty tria. In one analyss, Satistical significance is maintained at a

conventiond levdl.



V. CASE-SORTING

Case-sorting is the third mode of analysis used in systemic proportionaity
review. Thisapproach relies upon ssmple cross-tabul ations of the data, examining the
rates of progression to penalty trial and death outcomes by race, and breaking down
the data by variousfactors and combinations of factors. Theanayst identifiesfactors
that have astrong and statistically significant impact on the outcome measure, and then
determines how race or ethnicity is distributed within these categories.

The strength of this approach isthat the numbers within the categories sel ected
are clear and easy to understand. Moreover, the combinations provide categories
which permit the analyst to engage in a type of precedent-seeking review. For
example, where a race effect is found in a particular category, the cases within that
category can be examined to determinewhether thereisany explanation other than race
that produced the disparity. Itsmajor weaknessisthat the relationships examined take
into account only afew factors and do not control for other variables. Further, it is
very difficult to look at all potential combinations. As the analyst sorts the data into
smaler and smaller pieces, it becomes increasingly difficult to arrive a solid
conclusions about the relationships observed.

Because of the myriad of combinations examined in our study, | report here

only on the most sdlient. The answers can be found in the tables contained in the
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Technical Appendix. Our principa findings are: (1) the race of the defendant is not

an important factor in determining whether the death penalty is imposed, (2) White
defendants are more likely to advance to a penalty trid than African-American
defendants, (3) therace of the victim is not an important factor in determining whether
the death penalty is imposed, and (4) although the race of the victim appears to
influencewhether a case progresses to the penalty phase, this conclusion is tempered
by significant confounders such as county variability and the influence of non-racial

factors.

A. RACE OF DEFENDANT

Wefirst examinewhether thereis evidence that the race of the defendant affects
death outcome. The short answer is no.

Aswenoted in our earlier discussion of regression analysis, the"independence”
of each case within the data sample may impact on the reliability of the conclusion
reached. We thus examine three data samples, each having cases with different
degrees of independence.

Considering a universe of 490 cases,® the death penalty is imposed on White

and African-American defendants at essentially the same rate. That is equally true

®> See chart set forth at page 8 of thisreport.
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when we examine a data sample in which multiple dispositions of the same homicide

are counted as one case, and simultaneous killings are counted as one case.
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Of the 445 casesin that datasample,® thereis no significant difference between therate
that White defendants receive the death penaty and the rate that African-American
defendants receive the death penalty. The same conclusion is reached when we
consider adata sample counted by individual defendants. The 490 casesin the death-

eligible universe involve 434 different defendants.” A breakdown of the 434 death-

Defendant's Race White  African-American Higpanic Other TOTAL
Number of cases 136 255 50 4 445
Fraction of casesthat 58/136 71/255 16/50 1/4 146/445
went to pendlty trid 0.43 0.28 0.32 25 0.33
Fraction of cases that 20/136 24/255 2/50 0/4 46/445
recelved desth sentence 0.15 0.09 0.04 0 0.10
Fraction of pendty trid 20/58 24/71 2/16 0/1 46/146
cases that received death 0.34 0.34 0.13 0 0.32
sentence

7
Defendant's Race White African-American Higoanic  Other TOTAL
Number of defendants 131 249 50 4 434
Fraction of defendantswho have  56/131 70/249 16/50 1/4 143/434
at least one pendlty trid 0.43 0.28 0.32 0.25 0.33
Among defendants with at least 20/56 23/70 2/16 0/1 45/143
one pendlty trid, the fraction that 0.36 0.33 0.12 0 0.31
recelved at least one death
sentence
Fraction of defendants who 20/131 23/249 2/50 0/4 45/434
recelved at least one death 0I5 0.09 0.04 0 0.10
sentence
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digible defendants shows that the death penalty is imposed on White and African-
American defendants at essentially the same rate.

Wenext consider whether thereisevidencethat therace of the defendant affects
whether a case advances to the penalty stage. Aswe noted inour bivariate analyses,
in terms of a universe composed of 490 cases,® White defendants are more likely to
advance to the penalty phase than African-American defendants. That result is
maintained in the context of the data sample composed of 445 cases® White
defendants are substantially more likely to advance to a penalty tria than African-
American defendants. Considering the datasample composed of 434 defendants, this
effectiseven more pronounced.’® White defendants are far morelikely than African-
American defendants to advance to a penalty trid.

Asin our earlier report, we take into account combinations of aggravating and
mitigating factors that are significantly correlated with outcome and that appear in the
data enough times to make reasonable comparisons. We aso examined important
nonstatutory factors in the sorting method. We consider mitigating factor 5D

(defendant's ability to appreciate the wrongfulness of his conduct is significantly

8 See Chart set forth at page 8 of this report.
® Seen.6, ante.

10 Seen.7, ante.



impaired) and aggravating factor 4C (murder involved torture or depravity of the
mind). We examine these factors in the context of a data sample consisting of 410
cases. Thisdata sample consists of: (1) cases involving defendants each with one
case, and (2) multiple dispositions resulting from a single homicide. For each of the
four combinations, the proportion of minority defendants receiving the death penaty
Is either no higher than that for Whites or is not significantly different. The same
conclusion is reached with respect to the progression of cases to the penalty phase.
There is no statistically significant evidence that either African-American or Hispanic

defendants advance to a penalty trid at a greater rate than White defendants.

B. RACE OF VICTIM

We first examine whether there is evidencethat the race of victim affects death
outcome. Inthereport prepared by Professors Weisburd and Naus, two approaches
areused to assign avictim'srace for casesin which multiple decedents are of different
races. For the sake of smplicity, thetables| citein my report are based only on what
the professors denominate the " primary victim" approach. | note at the outset that the
essential conclusions reached here would be the same regardless of which approach
Is used to assign race to the victim.

Both within the context of the death-€ligible and pendlty trid universes, thereis
no evidence that killers of White victims are more likely to be sentenced to death than
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killers of African-American victims. Moreover, African-American defendantswho kill
White victims are not more likely to recelve the death penalty than African-American
defendants who kill African-American victims.

These conclusions remain constant when we examine the data set in terms of
combinations of aggravating and mitigating factors. We again consder mitigating
factor 5D and aggravating factor 4C. Thereis no statistically significant evidence of
adifference in the chance that a White victim case will result in the death penaty and
the chance that an African-American victim case will result in the death penalty.
Regardless of the data sample considered, there are no datistically significant
differences, either within the combinations or overall, between the rates at which cases
with White victims and caseswith African-American victimsresult in adeath sentence,

We next consider whether there is evidence that the race of victimis associated
with progression of a death-dligible case to a pendty trial. Considering a universe of
490 cases, ! White victim cases progressto apenalty trial at ahigher rate than African-
American victim cases. The same result is reached by considering the data sample

consisting of 445 cases.'? It will berecalled that this data sample counts as one case

1 See chart at page 10.
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Raceof Primary Victim
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smultaneous killing and multiple dispositions of the same homicide. Once again,
killers of White victims are more likely to advance to a penalty trial than killers of
African-American victims. The White victim effect remains constant when a data
sample consisting of 434 casesisused.’® Thisdatasampleiscomposed of individua
defendants. Utilizing thethree different data samples, killers of White victims proceed
to apendlty trial at agreater rate than killers of African-American victims. Moreover,
African-American defendants who kill White victims are more likely to advance to a
penalty tria than African-American defendants who kill African-American victims.

African-American defendants who kill White victims proceed to a penalty tria in

White African-American Hisganic  Other TOTAL
Number 196 177 56 16 445
Fraction going to 88/196 39/177 16/56 3/16 146/455
pendty trial 0.45 0.22 0.29 0.19 0.32

13

Raceof Primary Victim

White African-American Hispanic  Other TOTAL
Number 190 172 56 16 434
Fraction going to 86/190 38/172 16/56 3/16 143/434
pendty trid 0.45 0.22 0.29 0.19 0.33
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approximately fifty percent of the death-eligible cases. African-American defendants
who kill African-American victims advanceto apenalty tria in approximately twenty-

three percent of the death-eligible cases.

C. WHITEVICTIM EFFECT —CONFOUNDING FACTORS

Asin our regression studies, when we account for county variability in the rate
that death-eligible cases advance to a penalty tria, the White victim effect essentialy
disappears. Examining the twenty-one counties, we see that a disproportionate
number of African-American and Hispanic victim cases are concentrated in counties
with the lowest rates of cases progressing to a pendlty trial. The three counties with
the largest number of cases have among the lowest rates of cases proceeding to the
penalty phase. Camden County has fifty-one cases, of which twenty-five percent
advanced to a penalty tria. Essex County has ninety-eight cases, of which nineteen
percent advanced to a penalty trial. Union County has forty cases, of which eighteen
percent advanced to a pendlty trial. These three low pendty rate counties have sixty-
seven percent of the African-American victim cases, fifty-three percent of the Hispanic
victim cases, but only nineteen percent of the White victim cases.

Thefollowing tablesillustrate the confounding effect of county variability in the
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rate cases advanceto apenalty trial. Table A (Table 50 inTechnical Appendix) shows

that the three counties with the largest number of desth-eligible cases have a pendty
trial rate of twenty-one percent, as opposed to forty-two percent with respect to the

elghteen other counties.

TABLE A
County Case L oad
Pendlty Trid 18 Lowes 3 Highest TOTAL
Number 149 150 299
58% 79%
Pendlty trids 107 39 146
percentage 42% 21%
Tota 256 189 445

Table B (Table 51 in Technica Appendix) shows that only twenty percent of the
degth-digible cases in the counties with the largest number of death-eligible cases

involveaWhitevictim, as opposed to sixty-two percent in the eighteen other counties.

TABLEB
County Case L oad

Reace of Pimary Vidim 18 L owest 3 Highest TOTAL

White 159 37 196
62% 20%

African-American 59 118 177
23% 62%

Higpenic 27 29 56
11% 15%




Other 11 5 16
4% 3%

Totd 256 189 445

In our discussion of the impact of the race of victim on death outcomes, we
noted that the African-Americanswho kill white victimswere no more likely to receive
the death pendty than African-Americans who kill African-American victims. We
previously observed, and repeat here, however, that African-American defendantswho
kill White victims are more likely to advance to a pendlty trial than African-Americans
who kill African-American victims. Table C (Table 53 in Technical Appendix)
discloses that in the fifty-eight cases in which African-American defendants killed a
White victim, fifty-percent advanced to a pendty trial. Of the 170 casesin which an
African-American defendant killed an African-American victim, only twenty-three

percent advanced to a penalty trial.



TABLEC

Race of Primary Victim of African-American Defendant |
White AfricanrAmericen TOTAL
Number of Cases 58 170 228
Fraction of Cases Going to 29/58 39/170 68/228
Perdlty Trid
Percent 50% 23% 30%

We stress, however, that county variability heavily impacts on this observation.

Table D (Table 56 in Technical Appendix) compares the counties with the largest

number of death-eligible cases and, as we noted earlier, with a low rate of cases
progressing to a pendlty trial, with the remaining counties. Only ten percent of the
victimsin the "high case load" —low penalty tria rate counties are White. In contrast,
forty-five percent of thevictimsinthe"low caseload" —high penalty tria rate counties
areWhite. Table D showsthat thereisacounty effect that must be taken into account

even when we hold the race of the defendant fixed.

TABLED
Pimary Vidim's Race Low Case Load High Case Load Counties TOTAL
Counties (Camden, Ess=x & Union)
White 46 12 58
45% 10%




African-American 56 114 170
55% 90%

Total 102 126 228
Tables E and F (Tables57 and 58 in Technical Appendix) further illustrate why

we must take county variability into account when we consider whether White victim
cases advanceto a pendty tria at a higher rate than African-American victim cases.
Table E discloses how African-American defendant cases are distributed in the

counties, breaking down the race of the victim.

TABLE E
Race of Primary Victim
County White African-American
1. Atlantic 37 (3/8)* 1/11 (1/10)
2. Bergen 2/4 13
3. Burlington 35 12
4. Camden 01 7/23
5. CapeMay 2/2 o1
6. Cumberland 02 01
7. Essex 3/8 (3/9)* 10/66 (10/65)
8. Glouceser 2/3 o1
9. Hudson 0/3 1/8
10. Hunterdon - -
11. Mercer 33 (3/4)* 6/15 (6/14)
12. Middlesx 3/6 1/3
13. Monmouth 4/4 3/3
14. Morris 171 171



15. Ocean 1/3 -

16. Pessac 12 37
17. Sdem - -
18. Somersst - 14

19. Sussx - -
20. Union 0/3 4/25
21. Warren 11 -

In Table F, we examine six of these counties, breaking down the fractions and
percentages of cases proceeding to the penalty phase with the corresponding race of
the victim. Every one of the six counties has the fraction of White victim cases
advancing to penalty trials either lessthan or equal to the fraction of African-American
cases advancing to penalty trials. However, combining the datafor these six counties,
thirty-sx percent of cases involving White victims proceeded to a penalty trial, as
compared to twenty-six percent of cases involving African-American victims
proceeding to apendty trial. Itisremarkable that for each one of the six counties, the
White victim percent advancing to a penalty trid is less than or equal to the African
American percent, but when one combines the data for the six counties, the White
victim percent advancing to apenalty trial isgreater than the African-American percent.
This perplexing, counterintuitive result is known as "Simpson's Paradox." E.H.

Simpson, "The Interpretation of Interaction in Contingency Tables," 13 Journal of
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Royal Statistical Society 238 (1951). The explanation isthat African-American victim

cases are more heavily concentrated in counties with lower rates of cases advancing
to apendty triad. The point to be stressed is that county variability blurs or beclouds

our prior finding of race of victim effect.



TABLE F

RACE OF VICTIM
County White African-American
4 Camden 01 (0%) 7123 (30%)
6 Cumberland 02 (0%) 0/1 (0%)
9 Hudson 0/3 (0%) 1/8 (12%)
13 Monmouth 44 (100%) 3/3 (100%)
14 Morris 1/1 (100%) 1/1 (100%)
20 Union 0/3 (0%) 425 (16%)
All 6 combined 5/14 (36%) 16/61 (26%)

The White victim effect can also be explained in terms of other factors that
influence prosecutors and juriesin determining whether a death-€ligible case advances
to the penalty stage. These influences are described by Professors Weisburd and
Naus in their report. They examine specific counties and describe how factors and
variables other than race provide areasonabl e explanation why some cases proceeded
to a penalty trial and others did not. | need not describe this portion of their study in
detall. It sufficesto say that racial disparitiesin the rate cases proceed to apenalty trial
are sgnificant only if the defendants are smilarly situated. Variables other than race,
such as the killing of a police officer, other homicides, etc., appear to influence the
decisions of prosecutors and juries in deciding which cases proceed to the penalty
phase. These variables are not evenly distributed among the races of the defendants

and/or thevictims. Considering these variables, the race of the victim does not appear
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to play asgnificant role in determining which cases proceed to a pendlty tridl.
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V. SUMMARY OF FINDINGS

Our findings can be summarized as follows:

1)

(2

(3)

(4)

The statistical evidence does not support the thesis that the race

of the defendant affects the likelihood that he or she will receive

the death penalty. The available statistical evidence discloses that
minority defendants who commit death-eligible crimes are not

more likely than White defendants to receive the death penalty.

There is a racia disparity in terms of White and African-American
defendants proceeding to a penalty trial. A greater percentage of White
defendants advance to pendty tria than African-American defendants.
The statistical evidence does not support the thesis that the race of the
victim affects the likelihood that the defendant will receive the desth
pendty. We add that the available statistical evidence discloses that
African-American defendants who kill White victims are no more likely
to receive the death penalty than African-American defendants who kill
African-American victims.

Although some of the datistical evidence strongly suggests that
defendants who kill White victims are more likely to advanceto a pendty

trial than defendants who kill African-American victims, thisinferenceis
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rebutted by confounding factors— primarily county variability in the rate
that cases progress to the penalty stage. The countiesin which alarge
number of African-American victim cases are concentrated have low
rates of cases advancing to a penalty trial. Less urban counties with a
high concentration of White victim cases have higher rates of capital

prosecutions.

The problem of county variability in therate cases progressto apendty tria has
never been fully explored, and is beyond the contours of this report. We caution the
reader that our methodology was not designed to determine the cause of county
vaiability. New Jersey isasmall and densaly populated state. It is, nevertheless, a
heterogenous one. It is thus not remarkable that the counties do not march in lock-
step in the manner in which death-eligible cases are prosecuted.

The Attorney General, as" chief law enforcement officer of the State”" under the
Crimind Justice Act of 1970 (N.JSA. 52:17B-98), is statutorily authorized to
"maintain a general supervision over . . . county prosecutors with aview to obtaining
effective and uniform enforcement of the crimina laws." In avariety of contexts, the
Attorney Genera has exercised this power. For example, the Attorney Generd has

issued guidelines, adopting essentially a matrix approach, in an effort to enhance
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uniformity in sentencing under the Comprehensive Drug Reform Act. See Attorney

Generd's Directive to Enhance Uniformity in Sentencing Under the Comprehensive

Drug Reform Act (January 15, 1998). In a similar vein, the Attorney Genera has

provided guidelines, again adopting essentially amatrix approach, in an effort to assure
uniformity in assigning tiers for sex offenders under Megan's Law. See Attorney

Generd's Registrant Risk Assessment Scale Manual (Oct. 3, 1995).

TheAttorney General and the County Prosecutors A ssoci ation have established
a committee in each County Prosecutor's office to review death-eligible cases. The
committees essentially apply the statutory aggravating and mitigating factorsto specific
death-eligible cases in order to determine whether a capital prosecution is warranted.
The goal isto assure smilar treatment of smilarly situated defendants. Perhaps this
approach can be refined. The articulated objective would be to promote uniformity
in charging decisions across county lines. | do not know whether amatrix approach
would assist in the achievement of thisgoal. | merely stressthat it has been used by
the Attorney General in other settings. In any event, | commend the matter to the

Attorney Generd's attention.
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| . I ntroduction

In our report of Novenmber 24'", 1999 to Special Master
Judge David Bainme, we outlined a nonitoring systemfor
assessing race effects in proportionality review. The
nmonitoring system we proposed was based on the assunption that
there is no single statistical nethod that is reliable enough
to provide consistent evidence of a race effect in death
penalty sentencing. G ven the limtations of the data
avai l abl e for proportionality review, each method of analysis
is likely to have specific weaknesses. Accordingly, we
recommended to the Special Master that he include two broad
statistical approaches in the nonitoring of race effects.

The first method relies upon nmultiple regressi on nethods.
However, it takes a substantially different approach than was
adopt ed by Special Master David Bal dus and applied by the New
Jersey Administrative O fice of the Courts. The approach used
by Professor Bal dus sought to devel op an overall npdel that
woul d explain death penalty sentencing. A nuch nore limted
goal is set in the regression nonitoring system we have
suggested. Here the goal is to control for potenti al
confoundi ng of race with other related measures. 1In this

approach, we identify variables for inclusion in the



regressi on nodels that are theoretically related to death
sentenci ng outcones and that are statistically confounded or
correlated with race. Accordingly, our system does not
require that we fully nodel death penalty sentencing but only
that we identify variables that may be confounded with the
race characteristic exam ned, and thus may bias our view of
race effects in death penalty sentencing.

The second net hod we suggested is very different fromthe
first. 1t relies upon sinple cross tabulations of the data.
Various exploratory tools are used to select the conbinations
that are exam ned. This approach may be seen as a type of
expl oratory data analysis, as contrasted with the nodeling
approach inplied in regression analysis. |In this approach, we
identify factors that have a strong and statistically
significant inpact upon the outcome neasures (e.g. death
out cones or advancenent to penalty trial) and then exam ne how
race of defendant and race of victimare distributed within
these factors. This approach has the advantage of
transparence, in that the nunmbers within conbinations are
cl ear and easy to understand. However, unlike the regression
approach it is difficult using these nethods to take into

account a |l arge nunber of factors sinultaneously.



The use of these two different nethods for assessing race
effects in death penalty sentencing allows the Special Master
and the court to examne the sensitivity of the statistical
results through multiple statistical approaches and choices. A
simlar set of findings using the nultiple methods proposed
here, each valid and subject toits owmn |[imtations, is nore
reliable than one using only one approach. For a race effect
to be consistent, it is our viewthat it nust be docunented
usi ng nore than one nethod of analysis

Bel ow we present the results of the application of the
nmonitoring systemto the data base provided by the
Adm ni strative Ofice of the Courts. However, we first
exam ne the specific decisions taken in response to concerns
raised in our earlier report regarding the coding of race, the
identification of variables to be exam ned, and the definition
of the data bases to be used. In our previous report we noted
that the application of the nonitoring system would be fl awed

until these issues had been addressed.

1. The Coding of Race

I n previous proportionality reviews, two neasures of race
were used in proportionality review by the AOC and by the
parties. |In the case of race of defendant, African Anmerican

4



def endants were conpared to all other defendants (Blackd). In
the case of race of victim cases with a Wiite victimwere
conpared to all other cases (Witvic).! Because Special Master
Bal dus:- codi ng of race includes Hi spanics as a racial category,
this means that in the case of defendants, Hispanic and ot her
(e.g. Asian) defendants are grouped with Wiite defendants. In
the case of victinms, Hispanic and other victinms are grouped
with African American victins.

Whil e seem ngly contradictory, this coding approach can
have substantive nerit if associated with a specific set of
hypot heses. For exanple, if one assumed that discrimnation
in death penalty sentencing was directed agai nst African
Ameri can defendants and those who had killed Wite victins,
then it would nake good sense to conpare African American
defendants to all other defendants and White victimcases to
all other cases. However, this neans that a substantive
deci sion is made regardi ng the placenent of the Hi spanic and

ot her category. In regard to discrimnation, they are seen as

'The coding used here was devel oped by Special Master
Baldus. In this coding white victins are given preference
over other racial categories. Thus, if a case includes an
African Anmerican primary victimand a White victim (who is not
listed as primary in the case) Awhitevicl@ is coded as 1.
African Anerican victimin this scenario is coded as 0. W use
Speci al Master Bal dus: approach in the regression nethod. For
the sorting nethod, we use both this approach and an approach
which sinply exam nes the primary victimin a case.

5



being treated |li ke Wiites when they are defendants, but they
are treated |like African Americans when they are victins.

The conbi ning of race categories in this nmanner can have
the result of confounding race effects if there is a different
causal pattern in practice. For exanple, if Hi spanic victim
cases are treated at penalty trials nore like Wiite victim
cases than African American victinms (with which they were
grouped), the pooling of Hi spanic with African American victim
cases woul d average out a show ng of race bias (see our
anal ysis of race of defendant and advancenent to penalty trial
in the Novenber report for an illustration of this potential
bias). Simlarly, if Hi spanic defendants were treated nore
li ke African American than White defendants then the pooling
of Hispanics with African Anmericans woul d bias our
under st andi ng of race effects.

In response to this concern, the New Jersey Suprene Court

inIn Re Proportionality Review Project, 165 N.J. 206 (2000),

asked the Special Master to take into account the specific
race categories in the statistical nonitoring systens

enpl oyed. Accordingly, in this report we distinguish between
White, Hispanic, and African American defendants and Wite,

Hi spanic and African American victims. W do not specifically

exam ne the Aot her(@ race categories, as the nunmber of cases



involved is relatively small. There are only a handful of
ot her race defendants (N=4), and only 16 other race victins in
the full data base of 490 cases. These cases are excluded
from specific analyses as expl ai ned bel ow.

Even in the case of Hispanic victinms and defendants the
nunmber of cases is still relatively small. There are 52
Hi spani ¢ defendants in the full data base, and 58 Hi spanic
victimcases. These nunbers becone smaller when we exan ne
specific decisions such as death sentencing at penalty trials,
and when we take into account the nultiple counting of
def endants in the data base (see our discussion in Section |V
of the report). Because the nunber of Hi spanic defendant and
victimcases is relatively small we al so exam ne the race
effect conparing only the main race categories (i.e. Wite
def endants with African Defendants, and White Victim cases

with African American victim cases).

I[11. ldentification of the Set of Rel evant Vari abl es

I n our previous reports we criticized the data m ning
t echni ques enpl oyed by the Special Master in State v.
Marshal |, 130 N.J. 109 (1992). OQur nmmjor concern was that
after screening literally hundreds of variables for their
relationship to death sentencing outcones, the Special Master

7



was |ikely to gain nmeasures that showed a statistical
relationship sinply by chance. Such an approach is likely to
|l ead to serious msspecification of statistical nodels. A
reliable nmethod of nonitoring race effects could not be
devel oped without the identification of a limted set of

vari abl es defined as theoretically relevant for explaining
deat h outcomes from which to devel op the regression and
sorting nethods we recomended.

A nunber of different approaches for defining this
limted set of relevant variables were suggested at the tine
of our earlier report. A sinple approach would have been to
rely only upon the statutory aggravating and mtigating
circunmstances as the base set of measures. The advant age of
this approach is that it identifies at the outset a clear set
of factors that have been defined by statute as relevant to
the proportionality review process. W noted in our report
that this approach m ght be seen as too limted, since it nmay
mask race differences that are confounded with non-statutory
causes. Accordingly, another nethod suggested was to use
experts to identify non-statutory factors that are relevant to
deat h penalty sentencing.

The procedure for selecting the base set of variables was

defined by the Special Master after consulting with



representatives of the Attorney General and the Public
Defender. As a first step, the statutory aggravati ng and
mtigating factors were included in the set of rel evant
factors to be considered in the statistical nonitoring
approaches. However, the Special Master sought to identify
rel evant non-statutory factors as well. To do this, the
Speci al Master identified 16 experienced judges who were asked
to rate whether non-statutory variables in the data base
mai nt ai ned by the AOC were inportant factors in predicting
deat h sentenci ng outcones.?

The Special Master first requested that the Public
Def ender:=s office and the Attorney Ceneral:s office provide a
list of relevant variables coded in the ACC data base. 1In
order to provide as concise a |list as possible to the judges,
t he Special Master also requested that we define which of
t hese specific variables could be excluded from consideration
on statistical grounds. We suggested three rules for excluding
measures for consideration. The first criterion was a basic
one. The measures eval uated by the judges shoul d incl ude

enough variability as to allow mniml statistical

The Special Master initially contacted 17 Judges, one of
whom was unable to participate in the study.



mani pul ation. The threshold we suggested and that was used

was that there nmust be 10 or nore cases in the |ess frequent
category (or a total of 10 or nore cases in all of the

cat egori es except one for an ordinal neasure) of the neasure
exam ned.

We al so wanted to prevent unnecessary duplication in the
nmeasures assessed. Accordingly, we recomended that vari abl es
t hat overl ap considerably with the statutory factors (which
woul d be assumed to have precedence) be excluded fromthe |ist
provided to the judges. Qur |ogic was both substantive and
statistical. Substantively it did not nmake sense to include
vari abl es that measure the sane characteristic twice in the
sane list. Statistically, when two variables are too simlar
then it may be inpossible to distinguish the two in anal yses.

The problemis defined as nulticolinearity. In nultivariate
nodel ing, nmulticolinearity can cause instability in
statistical nodels estimated.

We suggested two rules for preventing unnecessary
duplication which were adopted by the Special Master. The
first was sinply that when the relevant statutory factor was
found to be present in 80% or nore of the cases where the non-
statutory factor was present, then the non-statutory factor

shoul d be excl uded. Second, if there were | ess than ten cases



in the Anon-agreenent@ category between the statutory factor
and the non-statutory factor then the non-statutory variable
shoul d be excl uded.

In practice we screened any case where a nmeasure viol ated
only one of the two rules. Here we nade a case by case
deci sion regarding the inclusion of the non-statutory
measures. Overall, we sought in this process to identify
variables that were so alike to the statutory factors that it
did not nake sense to include themin the judge survey.

The sixteen judges identified by the Special Master were
each given a Asurvey@l with the 94 variables that remained after
the exclusion criteria were applied. |In order to prevent
"order bias" in the ratings, the order of the 94 questions was
random zed with each Judge receiving a different
random zation.® Al 16 judges rated all 94 questions. The

j udges ranked each itemon the foll ow ng scal e:

0-Not at all inportant

*Order bias refers to the possibility that the clustering
of itenms, or the appearance of itens at different places in
t he questionnaire, may affect the ratings given. |In practice,
two judges who formed an informal pre-test of the Asurveyd
received the same random order. These judges were included in
t he anal ysis because no changes were made in the
adm ni stration of the Asurvey(l as a result of the pre-test.



1-slightly inportant
2-noderately inportant

3-very inportant.

I n deciding on a process for selecting itens for
constructing the "base set" of variables fromthe judge
survey, we consulted with the Special Master and staff of the
ACC. We do not think that there is a unique statistical
met hod for identifying a proper set of base variables. Based
on our conversation with the Special Master and AOCC staff we
al so do not believe that there is a clear and uni que net hod
for identifying a substantive set of criteria for choosing the
base set of variables.

Qur approach then, was to define a set of criteria that
woul d make statistical and substantive sense and woul d al so
| eave us with a small enough set of base variables for
reliable statistical analysis. W began with a
straightforward rule that nore than half of the judges woul d
need to score an itemas "very inportant” if it was to be
included in the base set of variables. Nineteen itens net this
criterion. Qur logic here was sinply that when a mpjority of
judges rate an itemas very inportant it should be seen as

rel evant for inclusion in our base set of vari abl es.



VWhile we think this criterion a fair one, we exam ned
other items individually to see whether their distribution
suggested they were very close to the criterion we
established. Accordingly, we exam ned cases where half of the
judges rated the itemas very inportant to see how many al so
rated the sane item as noderately inportant. In the case of
two itenms, the half of the judges that did not rate the itens
as very inportant rated the itens as noderately inportant.

These two items were included in the base set.

This approach led to the inclusion of 21 of the 94
vari abl es that were provided to the judges for their

assessnent.* In practice, 22 non-statutory variables were

‘One potential problemin the procedure used devel ops from
the fact that judges may have been using different scaling in
their evaluation. That is, sonme judges may have generally
gi ven hi gher scores and others | ower ones, irrespective of the
questions asked. Because of this, we also | ooked into the
different scalings of the 16 judges. Three of the judges
rated nore than half the questions as very inportant (52%

54% 59% respectively). Two of the judges rated about 10
percent of the questions as very inportant (9% and 10 %
respectively). The other 11 judges rated between 23 % and 41
% of the questions as very inportant.

To consider the sensitivity of the variable selection
process to the very high and very low rating judges, we
reanal yzed the data only for the 11 "m ddl e judges." O the 21
previously selected variables, 20 had a majority of the 11
judges rating themas very inportant. This result suggests
that the selection of the specific indicators was not highly
sensitive to strong scaling differences by the judges.



added to the 16 statutory aggravating and mtigating
circunstances which led to a base set of 38 variables for

anal ysis not including race of defendant and race of victim
(see Appendix A).° One neasure, the amount of planning
involved in the hom cide, was excluded fromthe regression
anal yses based on the | arge nunber of m ssing values in the
ACC data base.® Prior crimnal record was examined in three
ways, taking into account the nunber of prior convictions, the
nunmber of prior felony convictions, and the nunber of prior

hom ci des.

V. Defining the Appropriate Sanple
I n proportionality reviews, the AOC has used two separate
sanples in its analyses. The first sanple is defined as the

Apenalty trial universef and is intended to assess death

SVWhile in practice there are 19 statutory aggravating and
mtigating circunstances, factors 4i, 4] and 4k were excl uded
from consideration. Their exclusion is based on two
considerations. First, each of these factors is coded as
present in fewer than 10 cases. Second, about forty percent
of the cases are m ssing since coding was only begun after the
factor was statutorily defined.

¢ V\hen a variable is coded as m ssing for a specific case
in a regression analysis, good statistical practice demands
that the entire case be omtted fromthe analysis. M ssing
val ues for Apl anni ngé devel oped both because such information
was not avail able and because it was sonetines difficult to
tell how nmuch planning was involved. Eighteen percent of the
val ues for Aplanning@ were mssing in the overall data base.
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penalty sentencing only anong those individuals who have
advanced to a penalty trial. The second sanple is terned Athe
| arger universe,( and includes all cases that are deened Adeath
eligiblefl by a series of rules initially devel oped by Speci al
Mast er Bal dus and over time adapted by the Adm nistrative

O fice of the Courts. We define this latter sanple as the
Adeat h eligi ble sanplel in our discussion.

In our Novenber report we noted that specific decisions
regardi ng the selection of cases for inclusion in analyses
conduct ed upon each of these sanples should be reconsidered in
light of the statistical and substantive issues that they
present. In particular we questioned the inclusion in both
sanpl es of the same individual nultiple times. This occurs
for two reasons. In the first case, sone individuals were
involved in nore than one nurder. There are 11 such multiple
mur der case defendants in the data base. That is there are 11
def endants who account for 23 separate cases. More inportant
in terms of the nunber of cases in the analysis are those
i ndi vidual s who were retried for the same nmurder. There are
24 defendants who were retried for the sanme nurder in the data
base, and these 24 defendants account for 49 cases.

In the case of nultiple defendants in different cases we

think it reasonable to allow all the cases to be counted in a



single statistical analysis. Wile such cases involve the
same defendant, the victinms and circunstances of the cases are
different in each case. W are still concerned with the |ack
of independence of the cases due to the involvement of the
sane of fender, but the nunber of cases here is not very |arge
and the substantive differences in other characteristics of
the cases are substantial enough to convince us that the
statistical analyses we conduct will not be strongly affected.
Mor eover, we conduct separate anal yses on this group of cases
in our application of the sorting nethod.

We are much nore concerned with the inclusion of the sane
murder case nultiple times in a single sanple or analysis. It
does not make statistical or substantive sense to count the
exact sane case nultiple times. This problemis exacerbated
by the fact that in this situation one of the cases will by
definition always be a death outconme (i.e. the first case).
Many of the statistical tests enployed in anal yses we propose,
as was the case with earlier statistical analyses conducted by
t he AOC, assune that the cases exam ned are independent one
from another. This assunption is seriously violated when we
i nclude the same nurder case tried nultiple tines in a single

anal ysi s.



VWhile it is clear that we cannot use the same nurder case
nore than once in a single analysis, in discussions with the
Speci al Master and ACC staff, we could not find a convincing
| ogic for choosing one case for inclusion in our analyses over
another. The problemis that any nethod that selects a
specific nurder trial for the sanme case is by definition
maki ng substantive deci sions regarding the sanple of cases to
be used in determ ning whether race differences exist. It
m ght be argued in this regard that a particul ar sanple
presents a biased portrait of death penalty sentencing
deci si ons.

In our previous report we noted that if a reasoned
argument could not be found for the primacy of one sanple over
anot her, we would recommend that the anal yses be conducted
under several different assunptions. Based on our discussions
with the Special Master we asked the AOC to create two
separate sanples for each of the two data bases presently used
(the penalty trial sanple data base, and the death eligible
sanpl e data base). The first sanple, which is ternmed in our
report the Afirst case sanple, includes only the first case
for each defendant who was tried nmultiple times for the sane
murder. The Al ast case sanpl el i ncludes the |ast nmurder trial

for each case for each of these defendants.



The first case sanple has 146 cases in total in the
penalty trial sanple, and 445 cases in the death eligible
sanple. The |ast case sanple has 134 cases in total in the
penalty trial sanple and 445 cases in total in the death
eligible sanple. In the first case sanple there are fully 46
deat h outcones. There are many fewer death outcones, only 26,
in the | ast case sanple. This decline in the nunmber of
death outcones in the |ast case sanple is particularly
inportant in the analyses that follow. The decline devel ops
fromthe fact that first case outcones in retrials of the sane
case are always death outcomes, while the |ast case often
results in a non-death outcone. The practical result for the
nmonitoring systemis that we are nmuch nore restricted in the
nunber of variables that can be included in regression nodels
estimated for the | ast case sanple than for the first case

sanple.’

V. Application of the Race Monitoring System The Regression
Met hod

"This follows fromour rule (see later) that there nust
be five cases in the |less frequent outcone for the dependant
vari abl e for each independent variable included in the
regression.



I n our Novenber report we suggested a systematic approach
for defining the regression nodels used to isolate race
effects in death sentencing outcomes. This approach is
applied below to each of the three decision points that have
been defined as rel evant by the New Jersey Suprenme Court and
t he Special Master: 1) death outcones at penalty trials; 2)
deat h outcomes anong all death eligible cases; and 3)
advancenent to penalty trial. For each of these decision
poi nts, we exam ne the inpact of race of victimand race of
def endant separately. This is required by our approach, which
seeks to isolate specific confounding variables for each of
these race factors at each of the decision points defined. W
al so conduct four separate regression analyses within each of
t hese categories. As noted above we conduct a separate
anal ysis for race including the three racial categories
separately, and one conparing only African Anmericans and
Whi t es excl udi ng Hi spanics and ot her racial groups. Finally,
we conduct these analysis both on the first case and | ast case
sanples. \While there is thus a large set of studies conducted
here, we think it significant that there is much consistency
even when these different assunptions are applied to these

dat a.



The first step in the regression approach was to identify
a theoretically relevant set of variables that are defined as
potential factors that influence death penalty sentencing.
This process was described earlier, leading to the |ist of
statutory and non-statutory variables provided in Appendi x A
The next step requires that we exam ne the bivariate
rel ati onshi ps between the race variable and each of the
variables in the relevant set of variables in order to
identify which should be included in controlling for

conf oundi ng of race effects.?®

¢ This relationship was generally exam ned through cross
t abul ati ons of neasures in the rel evant set of variables and
t he race nmeasures. In the one case of an interval variable
(prior convictions) such analysis was inappropriate. Here a
| ogistic regression was used.



Followi ng this system we excluded fromthe regression
anal yses any statutory or non-statutory measure that did not
reach a set threshold of statistical significance defined as
reasonabl e for the particular analysis exam ned.® A number of
different criteria m ght have been used for defining a
rel ationship between race and a variable that is sufficiently
strong and reliable to be relevant to include as a factor in
t he proposed regression nonitoring approach. We rely upon
statistical significance because it is commonly used as a
criterion for deciding whether a relationship is sufficiently
consi stent and strong in a sanple that we can reasonably
conclude that sonme type of relationship also exists in the
popul ati on from which the sanple is drawn. However, we think
that a different threshold of statistical significance shoul d
be used depending on the outcome neasure exanm ned. This is
the case because sanple size is an inportant conponent of

statistical significance. All else being equal, |arger

°® For npdel s exam ning race as a three category variable
we used Chi Square to gain these estimtes. However, there
were sonetinmes too few cases to allow for valid statistica

tests. In such situations we relied upon the rel ationships
evi denced i n conparisons between only African Anericans and
Whites. In these cases, as well as anal yses conparing only

African Americans and Whites that relied upon two by two cross
t abul ati ons we used exact tests for assessing statistical
significance. W note as well that we foll owed our earlier
criterion for exclusion of variables which evidence little
variability. Where a neasure had fewer than ten cases in the



sanples will produce nore significant findings. Ordinarily, a
significance threshold of .05 is considered reasonable for
statistical analysis in the social sciences. |In the case of
penalty trials, where the nunber of cases is relatively small
we use a less stringent criterion of .10.

Havi ng sel ected vari abl es appropriate for controlling for
confoundi ng of the race variable, we then included these
measures and the relevant race variables in logistic nultiple
regressi on analyses. We |imt the number of potenti al
i ndependent variables in the nodels estimted based on the
criterion suggested by Professor John Tukey that there be a
m ni mum of 5 cases per |ess frequent category of the dependant
variable (e.g. death outcone). In specific cases where there
was one or two outcones |less than this we included an
addi ti onal variable, though we tested the results with a
reduced nodel as well to assess whether the race effect was

different in one nodel as contrasted with another.

| ess frequent category it was excluded from our anal yses.



Where too nmany variables are identified under this
criterion we originally suggested that the significance |evel
of the race/rel evant neasure rel ationship be raised. However,
as our anal yses proceeded it becanme clear that this approach
may not be appropriate for the data base exan ned. This is
t he case because a nunber of the neasures defined as
theoretically relevant to death penalty sentencing in the
judge survey did not seemto strongly inpact death outcones,
especially at penalty trials. Gven this fact, we thought a
fairer approach when faced with too many potential variables
to be included in the nodel would be to exam ne the
relationship between the sel ected variables and the outcone
measure exanm ned. Preference in this situation was given to
measures that were both significantly related to the exam ned

racial criterion and to the outcone assessed.

©|n this situation, even where the race control
characteristic was not significantly related to outcone it was
still included in the regression nodels if the rule of
parsi nrony all owed. Qur decision was based on the centrality
of race in our nonitoring procedure and the very strong



1) Race of Defendant and Death Qutcones at Penalty Tri al

The bivariate relationship between race of defendant and
death sentences in penalty trials does not indicate a
statistically significant relationship. This is the case
whet her we exam ne the three main racial groups, only African
Ameri can def endants and White defendants, and in regard to the
first case and | ast case sanples. As Table 1.1 illustrates,
there is little difference between Wiite and African Anmerican
Def endants in terns of outcones in the first case sanple
About 34% of both racial groups gain death sentences. A nuch
smal | er proportion of Hispanics are sentenced to death, about
13 percent, but there are only 16 Hispanic defendants in this
sanpl e overall. The overall relationship between race and
death outcome is not statistically significant at conventi onal
l evels. While the nunmber of death sentences is nuch smaller

in the | ast case sanple (see Table 1.2) the relationships are

confoundi ng between race of victimand race of defendant
measures in these anal yses. However, variables that were
significantly related to race and outconme were given
preference in the scenario in which the rule of parsinony did
not allow for the inclusion of additional neasures.



simlar. Again the results do not achieve statistical
significance. Looking only at African American and Wite

def endants (see Table 2.1 and Table 2.2) it is clear that the
outcones in the bivariate case are virtually identical for
bot h groups.

Using the selection process descri bed above whi ch was
devel oped to identify measures that may confound our
identification of race effects, only two variables fromthe
rel evant set of variables are included in the regression
approach for the first case sanple: WH TVI C and HI SPAVI C.
| nportantly, there are other measures in the rel evant set of
vari abl es which are statistically inportant in predicting
death outcomes. But only these two vari ables were found to be
significantly confounded with race of defendant neasured as a
three category variables for penalty trial cases in the first
case sanple. Estimating the nodel with these vari abl es
i ncluded we can see that African Anericans and Hi spanic
def endants do not differ significantly from Wite defendants

in terns of death outcomes (see Table 3.1).' Nor is race of

UWe excl ude ot her race defendant cases fromthis
anal ysis. W do not exclude however, other race victimcases.
This is because race of victimis only a control nmeasure in
our analysis. Nonetheless, in this analysis and each of the
foll owi ng anal yses we estimted the equations with these cases
excluded as well. In none the analyses we ran did this
deci si on have a neani ngful effect on the outcones exam ned.

5



def endant overall a significant factor in this equation.? For
the | ast case sanple, one additional variable met our
significance threshold for inclusion: V5PTY. Nonetheless the
results are very simlar (see Table 3.2). There are no
significant conparisons for the race of defendant measures,
and the overall race effect is not statistically significant.®
Turning to an analysis involving only African Anerican
defendants, we find similar results (see Table 4.1)." In this
case only WHITVIC net our criterion for inclusion in the first
case sanple. The effect of BLACKD in this analysis is very

smal | and not statistically significant. |In the |ast case

sanple, two additional variables nmet our threshold, AMBUSH and

We note as well that sensitivity analyses and nulticolinearity
tests were performed for each of the regressions reported in
this report. These anal yses did not suggest significant
problens in the nodels estimated.

“Because we include three race neasures: Bl ack defendant,
Hi spani ¢ Defendant and White defendant (which is the excluded
conparison category for the regression) we can estinmate not
only the effect of each conparison but the overall effect of
the race variable. W calculated this coefficient using Proc
Gennod in SAS specifying race as a class variable and using
the logistic function. The observed significance |evel for
the overall race variable is greater than .3555.

¥ The observed significance | evel for the overall race
effect is greater than .4280. See note 12 for a description
of the nethod used to gain this estimate.

“We rem nd the reader that Hi spanic and other defendants
are excluded fromthis anal ysis.

5



V5FPTY. Again, the race effect was close to zero and is not

statistically significant (see Table 4.2).

SUMMARY: CQur anal yses do not provide evidence of a
statistically significant effect of race of defendant on death

outcones at the penalty trial stage.

2) Race of Victimand Death Qutcomes at Penalty Tri al

Table 5.1 presents the bivariate distribution of race of
victimby death outcones in penalty trials for the first case
sanple. Table 5.2 presents this distribution for the |ast
case sanple. The results here are simlar to those for race
of defendant. Race overall, as reflected by the Chi Square
statistics, is not significantly related to death outcones.
Whites and African Americans have once again simlar rates,
t hough the nunber of death outconmes is smaller in the | ast
case sanple. Hispanic victimcases have somewhat | ower rates
of death sentencing, though again the nunbers here are small
(15 cases overall). Overall, as reinforced in tables 6.1
(first sanple cases) and 6.2 (last sanple cases) there are not
statistically significant difference when we exam ne Wite and

African Anmerican victimcases separately.



Table 7.1 presents regression analyses for the first case
sanple including the three main race categories (with African
American victins as the excluded conparison category). Four
addi tional variables (not including race of victimor race of
def endant nmeasures) net the criterion for inclusion: VBEAT,
RAGE, VA4FPTY, V5CPTY. In this equation neither Wiite victim
cases nor Hispanic victimcases are significantly different
fromthe excluded African Anmerican victimcategory. Race of
victimoverall is also not statistically significant in this
analysis.™In the | ast case sanple, four additional neasures
met our criterion: BLACKD, VBEAT V4FPRC, V5CPRC. However,
follow ng our rule that there nust be five cases in the |ess
frequent category of the dependant variable for each
i ndependent neasure included, V5CPRC was dropped fromthe

equation. Again there is no evidence of a statistically

* The observed significance |l evel for the overall race
effect is greater than .4997. See note 12 for a description
of the nmethod used to gain this estimte.

“Fol | owi ng our nethod, we | ooked at the relationship
between the factors related to race and death outcones. Only
one neasure, VAFPRC was statistically significant at the .10
| evel (p=.037). A second variable, VBEAT was close to this
threshold (p=.163), while V5CPRC had little statistical
relationship to death outconme. BLACKD also did not have a
strong nor statistically significant relationship to death
outconme. Overall, because of the centrality of race nmeasures
in our analyses and the very strong confoundi ng between race
of defendant and race of victimin these data bases in such
cases we give precedence to race neasures (see note 10).

3



significant race effect in this analysis (see Table 7.2). The
overall effect of race of victimis also not statistically
significant.?'

Turning to our analysis of only Wite and African
American victimcases in Table 8.1 (first victimcases), five
addi ti onal neasures net our criterion: BLACKD, VICPLEAD
DATKDI EV, RAGE V4FPTY. Again the race effect is very snall
and not statistically significant. |In the |ast case sanple,
only one variable net our inclusion criterion: BLACKD. Again,
the results are simlar and do not suggest a statistically
significant race of victiminpact on death outcomes at penalty

trials (see Table 8.2).

Accordi ngly, BLACKD is included in this regression and V5CPRC
is excluded. Nonetheless, we did run this analysis with
V5CPRC i ncl uded and BLACKD excl uded. Again, there is not a
statistically significant race of victimeffect.

7 The observed significance |l evel for the overall race
effect is greater than .7131. See note 12 for a description
of the nethod used to gain this estinmte.



SUMVARY: These anal yses overall do not provide evidence of a
statistically significant race of victimeffect on death

out comes at penalty trials.

3) Race of Defendant and Death Qutcome for Death Eligible
Cases

The bivariate distributions for race of defendant and
death outconme for death eligible cases does not indicate a
significant race of defendant effect. While White defendants
appear to be sentenced to death nore often than others in both
the first case (see Table 9.1) and | ast case (see Table 9.2)
sanpl es, these results are not statistically significant
either for the race categories overall (as represented in
Tables 9.1 and 9.2) or when White defendants are conpared only
to African American defendants (see Tables 10.1 and 10.2, for
the first and | ast case sanple conparisons respectively).

In Table 11.1 we present results froma regression
analysis including the three category victimneasure for the
first case sanple. While in our initial screening seven

measures net the criterion set for inclusion,?®

only six
addi ti onal vari abl es besides the race of defendant neasures

could be included in the equations based on a split of 44/351

1 HI SPAVI C, WHI TVI C, VI CPLEAD, | NTENT, LONGATAK, VA4FPRC,

D



of the death outcone neasure. Five of these neasures net our
secondary screening criterion of a significant relationship
with the dependant variable: WH TVIC, | NTENT, VI CPLEAD,
VAFPRC, V5DPRC. HI SPAVIC was al so added to the regression
model estimated.' Neither of the two race of defendant

vari ables are significantly different fromthe excluded Wite
def endant category. The overall effect of race is al so not

statistically significant.®

and V5DPRC.

¥ As noted earlier (see note 10) race control measures
were included in the regressions when the rule of parsinony
al | owed.

20 The observed significance level for the overall race
effect is greater than .4697. See note 12 for a description
of the nethod used to gain this estimte.



We were also required to reduce the nunber of measures in
the | ast case sanple, where only three additional variables
(besi des BLACKD and HI SPD) could be included in the analysis
(the split here is 26/415).2" Four of these measures net our
secondary criterion of a statistically significant
relationship with the outcome neasure: WH TVIC, VAFPRC, | NTENT
AND V5DPRC. We estimated two nodel s, one including WH TVI C,
VAFPRC and V5DPRC and one including WH TVIC, | NTENT and V5DPRC
(see Tables 11.2.1 and 11.2.2).% Again there is no evidence
of a statistically significant race effect either |ooking at
t he specific conparisons between BLACKD and HI SPD and t he
excl uded White defendant category, or assessing the race
vari abl e overall.?

Exam ning only African American and Wite defendants the
results are simlar. For the first case sanple, seven
measures nmet our criteria for inclusion: WH TVIC, | NTENT,

VI CPLEAD, DOTHKI LS, LONGATAK, V4FPRC, V5DPRC. The effect of

22 Seven neasures net out threshol d: H SPAVIC, WHI TVI C,
| NTENT, VI CPLEAD, LONGATAK, VA4FPRC, V5DPRC.

22 | NTENT and VAFPRC were related to the outconme neasure
at about the same significance |level. V5DPRC was included in
bot h regressions because it was much nore strongly related to
the outcome. WHI TVIC was included because of our rule that
gi ves precedence to race neasures (see note 10).

2 The observed significance |level for the overall race
effect is greater than .5283 for Table 11.2.1 and greater than
.571 for table 11.2.2. See note 12 for a description of the
met hod used to gain these esti mates.

2



race of defendant on death outcomes is once again small and
statistically not significant (see Table 12.1). In the case of
the | ast case sanmple there were once again too nmany vari abl es
that net our initial threshold of a statistical relationship
to BLACKD.?* Using the second threshold of a statistically
significant relationship to the outcome measure, four

vari abl es were added to the anal ysis:? WH TVIC, | NTENT,

VI CPLEAD, V5DPRC. The effect of BLACKD is once again very

smal | and statistically not significant.

SUMVARY: We do not find evidence suggesting a statistically
significant race of defendant effect on death outcones in the

death eligible sanple.

24 The measures were: |NTENT, VICPLEAD, DOTHKILLS,
LONGATAK, WHI TVI C, VA4FPRC, V5DPRC.

»This violates our rule of the nunmber of variables to
i nclude by one case. W do not think this difference to be
meani ngf ul and sensitivity anal yses addi ng and droppi ng single
vari abl es do not suggest a different result for the race
vari abl e.



4) Race of Victimand Death Qutcomes for the Death Eligible
Sanpl e

In the bivariate distribution for the first case sanple
for death eligible cases, cases involving Wite victins are
nore likely to gain death outcomes than cases invol ving
victins of other races (see Table 13.1). The effect here is
not statistically significant at the .05 level but is
statistically significant at the .10 |level. About 14 percent
of the White victimcases gain a death outconme, while only 8
percent of Black victimcases and 6 percent of Hispanic victim
cases lead to this result. The relationship is simlar for
the | ast case sanple, but the results are not statistically
significant (see Table 13.2). \Wen conparing only Bl ack
victimcases and White victimcases, we find results
statistically significant at the .10 threshold in both the
first case and | ast case sanples (see Tables 14.1 and 14. 2).
We note that in sanples this large scholars generally require
a .05 significance threshold.

For analysis of the three category race neasure in the
first case sanple, 11 variables net our initial criterion for
i nclusion.? Five of these-- V5DPRC, V4FPRC, VA4BPRC, VI CPLEAD,

| NTENT--were also significantly related to the outcone

%6 These were: BLACKD, HI SPD, | NTENT, VBEAT, VI CPLEAD,

H#



measure. Adding the race of defendant neasures, nine vari ables
in total were included in the nmodel estimated.? In this
analysis we find no statistically significant effect of race
whet her individual conparisons are made with the excl uded
category of black victins (see Table 15.1) or whether we

exam ne the overall inpact of the race variable.?

In the | ast case sanple we could only include five
measures overall. Twelve measures nmet our first threshold for
inclusion.® Only three of these were significantly related to
t he outconme neasure. Qur final set of variables included the
race of victimnmeasures as well as V5DPRC, VA4FPRC, and | NTENT

Again neither White victimnor Hi spanic victimcases are

significantly different from African American victim cases.

RAGE, LONGATAK, V4BPRC, V4FPRC, V5DPRC, V5EPRC.

7See note 10 for a discussion of inclusion of the
addi tional race of defendant variables. W also note that we
violate the five cases per less frequent rule by two cases
here. Sensitivity analyses involving subtracting single
vari abl es did not suggest there would be any significant
change in the race of victimeffect were we to exclude one of
the race of defendant neasures.

2 The observed significance |level for the overall race
effect is greater than .5075. See note 12 for a description
of the nethod used to gain this estimte.

2 H SPD, BLACKD, V5DPRC, VAFPRC, V4CPRC, VA4BPRC,
LONGATAK, RAGE, VICPLEAD, VBEAT, | NTENT, and PRI ORCON.

D



Overall, the race variable is not statistically significant in

this anal ysis.?*

% The observed significance level for the overall race
effect is greater than .3479. See note 12 for a description
of the nethod used to gain this estimte.



Conparing only African Anmerican and White victim cases
our findings are confirmed. |In the first case sanple we once
agai n have a | arger nunmber of neasures neeting our first

threshold of a statistical relationship with race.*

Usi ng the
second threshold of a statistical relationship with the
dependant vari able, six neasures are added to the analysis as
wel | as race of defendant: V5DPRC, V4FPRC, VACPRC, V4BPRC,

VI CPLEAD, | NTENT. We do not find a statistically significant
effect of race on death outcones in this analysis (see Table
16.1). In the case of the |ast case sanple, only three
measures nmeet our two step selection process: V5DPRC, V4FPRC,

| NTENT. %> Once again the analysis including race of victim and

race of defendant, does not show a statistically significant

race of victimeffect (see Table 16.2).

SUMMARY: We find no evidence of a statistically significant
race of victimeffect on death outcomes for death eligible

cases.

31 These were: BLACKD, HI SPD, | NTENT, VBEAT, VI CPLEAD,
RAGE, LONGATAK, V4BPRC, VACPRC, V4FPRC, V5DPRC.

2 For the first criterion, the neasures that net the
threshold were: HI SPD, BLACKD, V5DPRC, V4FPRC, VACPRC, V4BPRC,
LONGATAK, RAGE, VI CPLEAD, VBEAT, | NTENT, PRI ORCON.



5) Race of Defendant and Advancenent to Penalty Tri al

In the case of advancenent to penalty trial we do find
consistent and significant bivariate relationships. These
rel ati onshi ps however, are not in the direction that would be
predi cted by a discrimnation nodel of sentencing. While 43
percent of White defendants advance to penalty trial in the
first case sanple, this was true for only twenty ei ght percent
of African Anmerican defendants and thirty two percent of
Hi spani ¢ defendants (see Table 17.1). The result is
statistically significant at the .05 level. The results are
even nore significant in the second case sanple (see Table
17.2). Strongly significant results are also found when we
conpare only African American and Wi te defendants both for
the first case (see Table 18.1) and the | ast case sanples (see
Tabl e 18.2). However, as docunented bel ow, when taking into
account confounding variables in the regression nodels these
effects are not found to be sustained.

Seven vari ables nmeet our selection criterion of a
significant relationship with race of defendant (measured as a
three category variable) for the first case sanple: WH TVIC,
HI SPAVI C, | NTENT, VI CPLEAD, LONGATAK, VA4FPRC, V5DPRC. Taki ng

into account these control variables, the effect of race of



def endant is not statistically significant. The conpari sons
both between African Anerican defendants and Wite defendants,
and Hi spani c defendants and White defendants, evidence little
difference (see Table 19.1). The observed significance |evel
for overall race of defendant effect is greater than .9913.3%
In the case of the | ast case sanple, seven variables net our
criterion: WH TVIC, HI SPAVIC, | NTENT, VICPLEAD, LONGATAK,
VAFPRC, V5DPRC. Again the effect of race of defendant is not
statistically significant whether we conpare the African
American or Hispanic defendants to White defendants (see Table
19.2) or we exam ne the overall significance of the three

4 We caution the reader

category race of defendant measure.?®
not to draw conclusions fromthe strength of the race of
victimnmeasures in this analysis. In these regressions we use
race of victimonly as a control variable. We exam ne this
characteristic systematically using the regression approach in
t he next section.

Looking at only African American and White defendants, we

gain simlar findings. For the first case sanple seven

3 See note 12 for a description of the method used to
gain this estimte.

* The observed significance level for the overall race

effect is greater than .8454. See note 12 for a description
of the nethod used to gain this estimate.
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measures met our criterion for inclusion in the nodels:

VWHI TVI C, | NTENT, VICPLEAD, DOTHKILS, LONGATAK, VA4FPRC, V5DPRC.
In this case BLACKD has a small and not statistically

significant effect on advancenent to penalty trials once these

nmeasures are taken into account (see Table 20.1). For the

second case sanple, the sanme neasures nmet our criterion.

Again the results do not suggest a significant race of

def endant effect on advancenent to penalty trial (see Table

20. 2).

SUMVARY: We find no evidence of a statistically significant

effect of race of defendant on advancenent to penalty trial.

6) Race of Victim and Advancenent to Penalty Tri al

The bivariate distribution between race of victim and
advancenent to penalty trial suggests a strong and
statistically significant relationship. In the case of the
first case sanple, about 44 percent of VWhite victimcases
advanced to penalty trial (see Table 21.1). This was true for
only 22 percent of African American victimcases, and only 28
percent of Hispanic victimcases. The result is statistically
significant at the .001 threshold. Simlar results are

reported in Table 21.2 for the |ast case sanple. And these

D



results are also confirnmed when we conpare only White victim
and African American victim cases (see Tables 22.1 and 22.2).
But are these rel ationshi ps sustai ned when we exan ne the
effects of race of victimon advancenent to penalty trial
usi ng the regression nonitoring approach?

Tabl e 23.1 presents the results for the first case
sanple. Eleven variables nmeet our criterion for inclusion:
BLACKD, HI SPD, V5EPRC, V5DPRC, V4fPRC, V4BPRC, LONGATAK, RAGE,
VI CPLEAD, VBEAT, | NTENT. Even taking into account this |arge
nunmber of control variables, White victimcases are found to
differ significantly and strongly from African American victim
cases (p<.01). Hispanic victimcases are not found to differ
significantly from African American victimcases. The overal

race effect is also statistically significant (p<.05).%

% See note 12 for a description of the nmethod used to
gain this estimte.



Exam ning the | ast case sanple we gain simlar findings
(see Table 23.2). 1In this case 12 neasures are added to the
anal ysi s: BLACKD, HI SPD, V5DPRC, VA4FPRC, V4BPRC, VACPRC,
LONGATAK, RAGE, VI CPLEAD, VBEAT, | NTENT, PRI ORCON. The
results once again suggest a strong and statistically
significant race effect on advancenent to penalty trial.
White victins cases are again significantly different from
African Anmerican victimcases (p<.01), though Hi spanic victim
cases are not significantly different from African Anerican
victimcases. The overall race of victimeffect in this nodel
is significant at less than the .05 threshold.*

Conparing only African American and White victim cases
our findings are even stronger. For the first case sanple,
el even variables nmet our inclusion criterion: BLACKD, HI SPD,
V5DPRC, VAFPRC, VACPRC, V4BPRC, LONGATAK, RAGE, VI CPLEAD,
VBEAT, INTENT. In this case we find that White victim cases
are about three tines as likely to go penalty trial as are
African American victimcases (see odds ratio in Table 24.1)
and this result is statistically significant at greater than

the .005 threshold (see Table 24.1). For the |ast case sanple

% See note 12 for a description of the method used to
gain this estimte.



twel ve measures neet our inclusion criterion.® The effect of
WHI TVI C continues to be significant at the .005 significance
threshold (see Table 24.2).

These results suggest a strong and consi stent race of
victimeffect on advancenent to penalty trial. However, the
Speci al Master recommended that we al so exam ne the effects of
race of victimon advancenent to penalty trial taking into
account county variation in bringing cases forward to penalty
trial. A sinple review of the cross tabul ati on of advancenent
to penalty trial suggested that there is wide variability in
rates at which cases advance to penalty trial in the
i ndi vi dual counties (see Tables 25.1 and Table 25.2).

Relating the rate at which counties advance cases to penalty
trial with race of victim suggests that these factors are
highly intercorrelated. Based on these findings we
constructed additional regression analyses that sought to
control for county variability in advancenent to penalty
trial.

The fact that there are a | arge nunmber of counties
represented in the AOC data base (N=21) and they vary w dely

in the nunmber of cases that they include (from2 to 98) nmde

% They are: PRI ORCON, BLACKD, HI SPD, V5DPRC, VA4FPRC,
VACPRC, V4BPRC, LONGATAK, RAGE, VI CPLEAD, VBEAT, and | NTENT.

s



t he devel opment of a county control variable conplex. VWhile
the sinplest solution would be to assign a dumry vari able for
each county that would be included in the analysis - simlar
to the three category race neasure enployed in our anal yses,
the smal |l nunber of cases in a nunber of the counties
suggested that this mght add significant instability to the
regressi on nodel s esti mat ed.

We devel op two county neasures to overcone this
difficulty. The first, which we call ARATE, § assigns the
overal | proportion of cases in a defendant:s county advancing
to penalty trial to each case. Thus, if a defendant was tried
in county 1, he or she would receive a score of .29 for the
first case sanple for the rate variable corresponding with the
overall rate of 29 percent of the cases that advanced to
penalty trial in that county (see Table 25.1). While this
measure has the advantage of taking into account county
variation in a single variable, it confounds county
variability with the rate of advancenent to penalty trial.

A second neasure follows the sinple dumy vari abl e
approach. However, we collapse all counties with fewer than
fifteen cases overall into an Aother county(@ neasure.
| nportantly, as is apparent below, both nmethods for

controlling county variation produce very simlar results.
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Tabl e 26.1 presents the regression results including the
rate neasure and 26.1.1 the dunmy vari abl es approach, for the
three category race variable for the first case sanple.?®
I ncl udi ng the county rate variable in the regression, neither
White victimcases nor Hispanic victimcases are statistically
significant from African American victimcases (see Table
26.1). The overall race neasure is also not statistically
significant.% Using the nulti-category dummy vari abl es
approach, we find simlar results (see Table 26.1.1). Neither
White victimnor Hispanic victimcases are significantly
different from African Anerican victimcases, and overall the
three category race neasure is not significantly related to

advancenent to penalty trial.*

% Addi ti onal analysis exam ning the inpact of inclusion
of country variability on race of victimeffects is carried
out in the sorting approach that foll ows.

* The observed significance |level for the overall race
effect is greater than .2547. See note 12 for a description
of the nmethod used to gain this estimte.

% The observed significance |level for the overall race
effect is greater than .2874. See note 12 for a description



of the nethod used to gain this estimate.
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Simlar findings are gai ned when we exani ne the three
category race neasure for the |ast case sanple. Neither Wite
victimcases nor Hispanic victimcases are significantly
different fromAfrican Anerican victim cases, irrespective of
whet her we use the rate approach or the dummy vari abl es
approach (see Tables 26.2 and 26.2.1). Follow ng both
approaches we also find that the overall relationship between
race of victimand advancement to penalty trial is not
statistically significant.*

Looking at only African American and Wite victimcases
our findings are m xed. For the first case sanple, the race
of victimeffect continues to maintain statistical
significance whether the rate approach (see Table 27.1) or the
dummy vari abl e approach is used (see Table 27.1.1). The
effect itself suggests that White victimcases are about tw ce
as likely to go to penalty trial as are African Anerican
victimcases taking into account the confounding of measures
included in the nmodel. For the |ast case sanple, the effect
of BLACKD does not achieve statistical significance at the .05

threshold either using the rate approach or the dumy

“ The observed significance |level for the overall race
effect is greater than .4010 for the rate approach and greater
than .4154 for the dummy vari abl es approach. See note 12 for
a description of the method used to gain this estimte.
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vari abl es approach (see Tables 27.2 and 27.2.1). However, the
relationship here straddles statistical significance at the

.05 level for both anal yses.

SUMMVARY: Using only the rel evant base set of variabl es defined
by the judges and the statutory factors, we do find a

consi stent and strong effect of race of victimon advancenent
to penalty trial. However, taking into account county
variability in advancenent to penalty trial we find that nuch
of this effect is not sustained. In one set of analyses
(comparing only African American and White Victinms in the
first case sanple) statistical significance is maintained.
However, in three others race of victimfails to achieve

statistical significance at conventional |evels.

VI. Application of the Race Monitoring System The Sorting

Appr oach

In our previous report, we recommended and descri bed a
second approach to analyze the death eligible cases for
evidence of racial bias in death sentencing in a way that is

clear and that works within and recognizes the limts of
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sparse and exceptionally conpl ex dat a. We call this approach
the Asorting nethod@ because it sorts the cases according to
specific characteristics of the cases relying on sinple cross
t abul ati ons of the data. As we noted earlier, the advantage
of this approach is that it is transparent, in that the
nunbers within the sorting of the data are clear and easy to
understand. The di sadvantage of this approach is that only a
limted nunber of factors can be taken into account at one
time. Nonetheless, as illustrated bel ow, one can exam ne

rel ati onshi ps here, especially those involving interaction, in
a way that is difficult to exam ne using the regression
approach given the size and nature of the data base.

The nmethod we use relies on four steps. First, we divide
the data into different groups of cases recognizing the
conpl ex nature of the sanples that are exam ned. Second, we
exam ne the overall relationship between race factors and the
out cones exam ned. Third, we identify statutory and non-
statutory factors that are significantly related to the
out cones exam ned and that have enough data to allow for
adequate sorting of the cases. Fourth, we exam ne how race
factors are related to the different factors we have

identified. In this approach, we | ook at different potenti al



conbi nations in order to exam ne nore carefully potenti al
interactions in these data.

The overall data set provided by the AOC consists of 490
death eligible cases, involving 434 different defendants. 42
of the defendants had nultiple cases in the data set either
because of retrials of a case involving a single victim or
cases corresponding to several victinms either of the sanme
i ncident or separate incidents. The remai ning 392 defendants
had just one case involving a single victimin the database.
The outcones of multiple cases on the same defendant are
related in conplex ways. Sonme of the conplexities are due to
vari abl es associated with a particular defendant or to aspects
of the process. These include the effects of a death sentence
or an order for retrial in one of a defendant's cases on plea
bargai ni ng i n subsequent retrials or cases. For cases
involving nultiple victins fromone incident (sonetinmes |isted
as separate death eligible cases in the database) nmany
vari abl es of defendant and case are rel ated.

We apply the sorting approach to the data of 490 death
eligible cases, as well as to penalty trial cases. In this
approach we | ook at the full set of 490 death eligible cases,
but al so analyze the data in terns of the 434 death eligible

i ndi vi dual defendants. We will also be |ooking at a set of 445
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cases selected for the regression nodels to avoid sone types
of overlap of nultiple cases (i.e. the first case sanple).*
In the course of the analyses we will be focusing on various
subsets of cases.

Some data sets are nore appropriate for certain anal yses
t han other sets, and our report focuses on these. For exanple,
in studying the outcome of penalty trials, we will be | ooking
at the 179 penalty trials anong the 490 death eligible cases,
and al so the 146 penalty trials amobng the 445 death eligible
cases (noted as the first case sanple in our anal yses above).
One of the main results of our anal yses, that we enphasize
t hroughout the report is that we get consistent results using
di fferent ways of viewing the full data base and various parts
of it.

The data are particularly conplex because there are
mul tiple victinms and or nultiple cases corresponding to sone
of the defendants. For convenience in handling the nultiple
cases corresponding to a defendant, and to study their inpact
on the anal yses, we divide the 490 cases into three groups,

corresponding to three groups of defendants.

2 W do not exanm ne the second case sanple because the
reduction in the nunmber of death outconmes makes it difficult
to apply the sorting approach.



Group 1: Cases involving defendants each with one case
(among the 490 death eligible cases) per defendant. There are

392 defendants each with one death eligible case in data set.

Group 2: Cases involving defendants with nmultiple cases and
mul tiple victinms anong the 490 death eligible cases. There
are 24 defendants in this group involving 62 death eligible
cases. OF the 24 defendants, 15 have nultiple victins in one
incident, and 9 do not have nmultiple victinms in one case, but
do have victinms in separate incidents. (One of the 15
def endants, Harris, has five cases in the database, four cases
involving 4 victins of one incident, and one case involving a

separate nurder incident).

Group 3: Defendants with nmore than one case in the data
base, but only involving 1 victimin the database. The
mul tiple cases are due to retrials. There are 18 defendants in

this group.

Some of the defendants in Groups 1 and 3 have prior

murders that are not in the death eligible data base because
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they were before the statute, or coonmtted as a juvenile or
for another reason. Goup 1 also has sonme defendants wth
cases with multiple victins fromone incident, but with only
one death eligible case listed in the data base.

We will be pooling information fromthe three groups of
cases, but also carrying out analyses within the groups. This
will allowus to see if simlar patterns occur in terns of
race effects, depending on how we handle nmultiple cases. We
| ook at rates by race at various stages in the process: Going
fromdeath eligible to penalty trial, going frompenalty trial
to death sentence, and conbined (going fromdeath eligible to
deat h sentence).

One-third of the 434 defendants had at | east one penalty
trial, and about one-in-ten received at |east one death
sentence. We first see how these fractions conpare for
different races of defendants. For an overall initial view,

t he approach begins by | ooking at the breakdown of death
eligible cases at two key stages in the process, broken down
by race. Tables 28 and 29 conbine all three groups of cases
and defendants. Table 28 gives, broken down by race, the
fraction of the 434 defendants that had at | east one case go
to penalty trial, the fraction of the 434 defendants that had

at |l east one case result in a death sentence, and the fraction



of defendants with at | east one death sentence anong the
def endants who had at | east one penalty trial. Table 29 gives
the fraction of the 490 cases that go to Penalty trials, and
the fraction of the Penalty trials that go to death sentence,
and the fraction of the 490 cases that receive death sentence,
br oken down by race.
Sorting Analysis of Race of Defendant

The overall analysis of defendants is given in Table 28.
In terms of net inpact, a smaller fraction of mnority
def endants receive death sentences than do White defendants.
Looki ng at each of the two stages of the process, the sanme
pattern occurs. A smaller fraction of mnority death eligible
def endants get to penalty trial than do death eligible Wite
def endants. A smaller fraction of mnority defendants who get
to penalty trial receive death sentences than do Wite
def endants who get to penalty trial. In terns of defendants
there is no evidence, fromthis overall analysis of
di scri m nati on agai nst either African American or Hi spanic or
other mnority defendants.

Tabl e 29 gives an overall analysis of the 490 cases. W
see a simlar pattern to the analysis of Table 28. In terns of
cases there is no evidence fromthis overall analysis, of

di scrim nati on agai nst either African American or Hi spanic or
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other mnorities in ternms of the chance of cases going either
to Penalty Trial or to Death sentence.

In the discussion of the three groups we noted that sone
def endants had multiple cases in the set of 490 cases, and
that there were different types of nmultiple cases. The
anal yses of Tables 28 and 29 take into account all 490 cases,
respectively froma defendant and from a case perspective. The
anal ysis by defendant is one approach to handle the conplexity
of multiple cases. Another approach to handle the nultiple
cases, an approach used in the regression analysis (for the
first case sanple), was to select all the cases for the 392
Group 1 defendants, the first case for the 18 Goup 3
def endants, together with certain cases for the 24 G oup 2
def endants. For the G oup 2 defendants with victins in
separate incidents, both cases would be included. For the
Group 2 defendants with cases involving multiple victins from
one incident, the first case involving a death sentence was
i ncluded, or if no death sentence, then the first case. This
| eads to a set of 445 cases. W refer to this set of cases as
Set445f. In Table 30 we | ook at the overall data by race of
def endant for these 445 cases. A conparison of Tables 29 and
30 leads to identical conclusions of no overall evidence of

di scrim nati on agai nst either African American or Hi spanic or
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other mnority defendants at the different stages of the
process.

From Tabl e 28 we see that 33% of the 434 defendants had
at | east one penalty trial, and 10% recei ved at | east one
death sentence. If we |ook at the 24 Group 2 defendants, 79%
had at | east one penalty trial, and 46% recei ved death
sentences. We now explore within Goup 2, and within Goups 1
and 3, the outcone patterns for different race defendants.
Tabl es 32 and 31 show the rel ati onshi ps between outcone and
race within these groupings. The tables show that within each
of these groupings there is the sanme pattern of no evidence of
di scrim nation of outconmes (going to penalty trial, or
recei ving death sentence) against a African Anerican,

Hi spanic, or other mnority defendant.

Tabl es 28 through 32 | ooked at the data overall, together
with different subsets of the data. All of these viewpoints
led to a consistent result of no evidence of discrimnation of
outcones (going to penalty trial, or receiving death sentence)
agai nst African American, Hispanic, or other mnority
def endants. We now proceed to ook within even small er subsets
of the data to see if this sane pattern hol ds.

We had shown in the previous report how the anal ysis can

be applied to take into account sone ot her conbinations of
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specific statutory aggravating and mtigating factors. For
this report, we exam ned both statutory and non-statutory
factors, though as in the prior report the enmphasis of our
analysis is on the statutory variables and their interaction
with other factors.*® W |ook for combinations that are
strongly and significantly associated to the death sentence in
the data and that have a reasonabl e nunber of observations on
whi ch to make conparisons. |In selecting conbinations, there
are many possi bl e approaches. W continue the approach of our
previous report that focuses on statutory factors that are
associ ated with death sentence and that al so appear in
adequat e nunber of cases for further sorting and conparative
anal yses at various stages. Based on our previous and present
anal yses, we consider the mtigating statutory variables 5C
and 5D and the aggravating statutory variables 4A, 4C, 4D and
4F. O the non-statutory factors two are identified as
particularly strong in predicting the outcomes we exam ne:
execution style hom cide (Executon), and prior hom cides
(Priorhom. These will also be included in our sorting

anal ysis. As our prior analyses suggest the inportance of

% As noted above, in the sorting approach can only | ook at
a limted nunber of variables at a time. W gave preference in
this regard to the statutory aggravating and mtigating
factors and their interaction with other vari abl es.
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county in advancenent of cases to penalty trial, we will also
be considering the effects of County variability.
In Tabl e 33 we break down the 445 cases in the First Case
data set by death sentence outcone and race of defendant for
di fferent conbi nati ons of statutory factors 4C and 5D. W see
t hat when factor 4C is absent and 5D is present, that only 2
cases receive death sentences, and both involve Wite
def endants. When both 4C and 5D are absent, 26 % of Wite
def endants receive death sentence as conpared to 9% of African
Ameri can defendants, and 4% of Hi spanic defendants. For al
the conmbinations in the table there is no statistically
significant evidence that mnority defendant cases are nore
likely to gain a death sentence than White defendant cases.
Tabl e 33 shows the effects of conbinations of statutory
factors 4C and 5D on the 445 First Case set of death eligible
cases. We now carry out a simlar analysis on a defendant
(rather than case basis) for the 410 defendants in G oups 1
and 3. We carry out the defendant based analysis on this group
for the follow ng reasons. Conparing Tables 31 and 32 we see
how the G oup 2 defendants have a nuch higher rate of going to
penalty trial and receiving a death sentence than the other
def endants. The Group 2 defendants all had multiple victins

which itself is an inportant explanatory factor which nay
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interact with other variables in conplex ways. The 24 G oup 2
def endants had 62 cases, and in sone of a defendant:s cases a
statutory variable woul d be determ ned by jury to be present
and in others not present (even for a variable |ike 5D
associated with the defendant for two victinms in the sanme
incident). For these reasons, we will be focusing our next set
of anal yses using the statutory variables on the 410 non- G oup
2 def endants.

We begin by focusing on the mtigating statutory variable
5D. Mtigating factor 5D ("defendant's capacity to appreciate
t he wrongful ness of his conduct to the requirenments of the | aw
was significantly inpaired as the result of nental disease, or
def ect or intoxication, but not to a degree sufficient to
constitute a defense to prosecution") had a strong associ ation
with sentencing. For the non-nulti-victimdefendants (groups 1
and 3), 5D was present for 186 defendants, and 7 of these (4%
recei ved death sentences; for the 224 cases where 5D was not
present, 27 cases (12 % received death sentences. Table 34
shows how this breaks down by race of defendant. Table 34
shows that anong defendants where 5D is present there is no
evi dence of discrim nation against mnorities in receiving
deat h sentences, and the sane is true anobng defendants where

5D is absent. Table 35 carries out a simlar analysis in



terns of defendants having a case go to penalty trials. Again,
there is no evidence of discrimnation against African

Ameri can, Hispanic, or other mnority defendants. Tables 34
and 35 show that whether mtigating factor 5D is present or
absent anong these defendants, there is no evidence of

di scri m nati on agai nst either African American, Hispanic or
other mnority defendants as conpared to White defendants.

In our previous report we found that the conbination of
aggravating factor 4C ("the murder involved torture, depravity
of m nd, or an aggravated assault”) and mtigating factor 5D
had a strong associ ation with sentencing. We found in Table
33, that where 4C was absent and 5D present there were few
death sentences. When either 4C was present, or 5D absent
much of the death sentences concentrated anmong the nmultiple-
cases. Table 34 shows that of the 34 defendants (out of the
410) who receive death sentences, for 27 of them mtigating
factor 5D is absent. There were seven defendants who received
death sentences where 5D was present. For the seven
def endants who recei ved death sentences where 5D was present,
in five of the seven cases the statutory aggravating factor 4C
was present. In only 2 cases (out of the 410) was 5D present
and 4C absent and the defendant received a death sentence, and

both case i nvol ved White def endants.



Tabl e 36 gives the detail ed breakdown by conbi nati on of
factors 4C and 5D outcone and race of defendant. For each of
t he four combinations the proportion of mnority defendants
recei ving death sentences was no higher than that for whites
or was not significantly different. |In the |last conbination
(4C and 5D both present) where the mnority percent for
nonwhites is higher (but not significantly so) the difference
can be further studi ed by breaking down that data by whet her
or not there was a prior homcide (statutory factor 4A). This
is illustrated in Table 37. Two of the three defendants with
prior nmurder received death sentences, as conpared to 3 out of
36 defendants w thout prior nmurders. Of the 3 defendants with
a prior nurder, none were Wiite, 1 was African Anerican, and 2
were Hi spanic. Thus, the 20% = 1/5 for Hi spanic defendants for
the | ast conmbination in Table 36, becones 0 % =0/3 in Table
37, for those without prior nmurders. This illustrates why one
cannot give nmuch wei ght to observed differences in fractions
t hat can change sharply with a shift of 1 or 2 cases. In al
of these analyses there is no statistically significant
evi dence that either African American, or Hispanic, or other
m nority defendants go to penalty trials or receive death
sentences nmore than White defendants. This is consistent with

the results of the regressi on anal yses.



The concl usions of no evidence of discrimnation against
either African Anmerican, or Hispanic, or other mnority
def endants are simlar to those of our earlier report. This
is taking into account 57 new cases added to the data report
as well as non-statutory variables identified in the judge:s
survey. In ternms of a nonitoring system it is useful to
observe the pattern of the new data as well. The 57 new cases
added since the last report involve 55 defendants. O these
new defendants, 2 out of 14 White defendants, 1 out of 36
African Anmerican defendants, and none out of 5 Hispanic
def endants received death sentences. Three out of 14 Wite
def endants, 3 out of 36 African American defendants, and none
out of 5 Hispanic defendants went to penalty trial. Anong the
57 new cases since the 1999 report, there are only two new
mul ti pl e case defendants each with two cases (Troutnman with
two victins in separate incidents; and Josephs with two
victins in one incident. Both defendants Troutman and Josephs
were African American and their victins were African
American). Anmong the new cases, Josephs was the only African
American or Hispanic defendant anong the new cases to receive
a death sentence. Thus anong the new cases there is no
evi dence of discrimnation against mnority defendants either

in terns of cases going to penalty trial, or receiving death

&



sentence. This is the sane concl usion reached | ooking at the

past data, and all the data currently avail able.

Sorting Analysis of Race of Victim

In this section we anal yze whether there is a relation
bet ween race of victimand outcone of death eligible case.
Among the death eligible cases there are sone cases where
there are nultiple victims of different races. In applying
the sorting approach we will analyze the data using two
approaches to assign victims race for these nultiple race
cases. One follows that recommended by Special Master Bal dus
and is represented in the regression approach by the variable
AVhitvic.@* Here, a Wiite victimcase is any case in which a
VWite victimis present (whether the victimwas primry or
not). The second will be to analyze the data by victims race
for the primary victim (first victimin tinm) associated with
t he case.

Tabl e 39 conpares the rates at which death eligible cases
proceed to penalty trial, by victinis race. From Table 39
there is no evidence that penalty trial cases involving
African Anerican victins are less likely to receive death

sentences than cases involving Wite victins. O the 179

4“4 We discussed this issue earlier as well, see note 1.
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penalty trials, 30% of White victimcases, and 37% of African
American victimcases received death sentences. Table 40
shows that the same percents (30% and 37% result under the
second nethod of handling the nultiple race victimcases
(treating the victims race as White if there is at |east one
VWite victim.

We can continue the sorting approach as before. Table 41
breaks down the 445 First Case death eligible cases by
conbi nati ons of statutory factors 4C and 5D. Table 42 details
t he approach for the 146 penalty trial cases fromthe First
Case data set. For the 146 penalty trials cases virtually
i dentical percents (31.5% of Wiite victimand non-Wite
victimpenalty trial cases result in a death sentence. Table
42 shows that when we break down the cases by conbinations of
statutory factors 4C and 5D, within conbinations, the pattern
of sentencing is very simlar wth highest sentencing rates
for the conbination where 4C is present and 5D absent. (Table
43 shows a simlar pattern for the 179 penalty trial cases.)
Al'l these anal yses cone to consistent results, and all cone to
t he same conclusion as the previous sorting and regression
anal yses. There is no statistically significant evidence
either within the conmbinations, or overall, that White victim

penalty trial cases are nore likely to result in a death
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sentence than do African American victimpenalty trial cases.

In the previous analysis, and as explained below, it is
also informative to carry out the analysis holding defendant's
race fixed. There are not enough White defendant-African
American victimcases for such an analysis by White defendant
cases. There are enough cases for an analysis by black
def endant cases. Table 44 | ooks at the African Anmerican
def endant penalty trial cases, by victims race. (The table is
identical for the two approaches for defining race.) From
Tabl e 44 there is no evidence that such cases involving
African American victinms are less likely to receive death
sentences than cases involving Wite victinms, and is
consistent with the other anal yses.

We now | ook at whether race of victimis associated with
a case going to penalty trial. From Table 39 we see that 48%
of the White primary victimcases go to penalty trial, as
conpared to 26% of the African Anmerican and 34% of the
Hi spanic primary victimcases. Tables 45 and 46 illustrate a
simlar pattern for the 445 death eligible cases (set 445f).
From Tabl e 45 for the First Case set of 445 death eligible
cases, we see that 45% of the cases where the primary victim

is Wiite went to penalty trial, as conpared to 22% of the



African Anerican-victimcases. Table 46 shows a simlar
pattern for the second nethod of assigning nultiple race-
victimcases. Table 47 shows a simlar result for an analysis
based on the 434 defendants.

In further analyzing this relationship using the sorting
approach, we show bel ow t hat when one controls for variabl es
also related to outcone then the race of victimis not
statistically related to the case going to penalty trial
Some of these controlling variables include whether the
defendant in the case comnm tted another hom ci de, or whether
the case was in a county which sent relatively few cases to
penalty trial no matter what the race of victim or the
presence of aggravating factors such as 4C ("The nurder was
outrageously or wantonly vile, horrible or inhuman.."), or 4F
("The murder was commtted for the purpose of escaping
det ecti on, apprehension, trial, punishnment, or confinenment for
anot her offense commtted by the defendant or another."), or
4H (nurdering a public official).

As illustrated above using the regressi on approach, an
i nportant variable that is confounded with penalty trial and
with race of victimand defendant is the county where the
trial took place. The decision to go to penalty trial or to

offer or to accept a plea bargain is made at the county |evel.
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Di fferent counties have different proportions of Wite,
African Anerican and Hi spanic victinms. The counties also have
quite different proportions of cases that go to penalty
trials. Table 48 shows the proportion of cases (anobng set
445f) that go to penalty trials for each of the 21 counti es.
For County 7 (Essex), 19% of its 98 cases went to penalty
trial. For County 20 (Union), 18 % of its 40 cases went to
penalty trial. For Counties 11 (Mercer), 12 (M ddl esex), 13
(Monmout h), and 14 (Morris), the percents were, respectively,
48% 61% 74% and 57%

Tabl e 49 shows the distribution of cases by race of
primary victim broken down by counties. The first entry
corresponding to a particular row and colum (a cell) of the
table is the count, or absol ute nunber of cases; below the
count is the row percent, and below that is the col um
percent. Thus, for the row County 1 (Atlantic County), and the
colum race of primary victimWite there are 16 cases, which
make up 57% (16/28) of the cases in Atlantic county, and 8%
(16/196) of the White victimcases. From Tables 48 and 49 we
see that a disproportionate nunber of African Anmerican and
Hi spanic victimcases are in counties with the | owest rates of
cases going to penalty trials. The three counties with the

| argest nunmber of cases have anong the | owest rates of cases
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going to penalty trial. In the subset of 445 cases, Canden
County(4) has 51 cases of which 25% went to Penalty trial.
Essex County(7) has 98 cases of which 19% went to penalty
trial. Union County(20) has 40 cases of which 18% went to
penalty trial. Adding colum percents for these three counties
in Table 43 we see that these three |ow penalty rate counties
contain 67% of the African American Victimcases, 53% of the
Hi spanic victimcases, but only 19% of the Wiite victimcases.
Three of the highest penalty rate counties, G oucester
County(8), M ddlesex County(12),and Monnouth County(13), wth
respectively 54% 61% and 74% of cases going to penalty
trials, contain 4% of the African American Victimcases, 9%
of the Hispanic victimcases, but 21%of the White victim
cases. (Looking at the row percents in Table 40 show that the
| ow penalty rate counties have higher percentages of African
American and Hi spani c defendants than do the high rate
counties.)

Tabl es 50 and 51 conpare the three high caseload counties
(Essex, Canden, and Union) with the other 18 counties. The
t hree counties account for 189 out of the 445 cases. Table 50
shows that 21% of the FIRSTCASE data set cases in these 3
counties go to penalty trial as conpared to 42% of the cases

in the other 18 counties. Table 51 shows that only 20% of the
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cases in these 3 counties involve a Wiite victim as conpared
to 62% of the cases in the other 18 counties.

The fact that mnority victimcases are concentrat ed
within counties with | ow penalty trial rates could lead to
varying overall penalty trial rates for the different victim
race cases. This would happen, even if for all counties,
within a given county the sanme proportion of White, African
Ameri can, Hispanic and other race victimcases went to penalty
trials. This is why it is inportant to analyze the penalty
trial data by counties and to investigate whether and how the
rates of going to penalty trial vary by race within the
counti es.

In nost cases the race of defendant and race of victim
were the same (see Table 52). This inplies that the |ower rate
of going to penalty trial for African American victimcases is
confounded with the Iower rate going to penalty trial for
African Anerican defendant cases (see Table 28). Table 52
shows this relation between race of defendant and primary
victimfor the First Case data set of 445 death eligible
cases. Anong the White defendant cases, 124 involved a Wite
victim only 2 involved an African American victim From
anot her view, there are 177 cases where the race of the victim

is Black; in 170 of those cases the race of the defendant is



African Anerican. This type of strong confounding led us to
focus on the followi ng question. Are African Anerican

def endants who kill a White victimnore likely to go to
penalty trial, than simlar African Anmerican defendants who
kill African American victins? For this conparison we will
assign White to the victims race in a case if at |east one of
the victins in the case is Wite (i.e. the Awhitvic@ codi ng
used by the AOC). There are 228 African Anmerican defendant
cases with a White or African Anerican victim in 61 of the
cases there is at |east one Wite victim and in the other 167
cases the victimis African Anmerican and there is no Wite
victim (Table 52 gives the breakdown based on race of primary
victim and give 58 and 170 instead of 61 and 167). Tabl es 53
and 54 carry out the analysis for the two nethods of assigning
race of victimin nultiple-race-victimcases.

Tabl e 53 shows the 228 cases fromthe First Case data
set, that involve an African Anmerican defendant and an African
American or Wiite victim O 58 cases involving a Wite
primary victim 50% went to penalty trial. OF 170 cases
i nvol ving an African American primary victim 23 % went to
penalty trial. Table 54 shows a simlar pattern for the second
met hod of assigning victims race for nmulti-race victim cases.

It m ght be thought that holding the race of defendant fixed

0



woul d control for the different racial conposition of death
eligible cases anong counties. Table 55 shows that this is not
the case and that even for conparisons within African Anmerican
def endant cases one nmust still take the county effect into
consi deration. Table 55 analyzes the 228 cases involving an
African American defendant, with an African American or Wite
victim We see that even though all these cases involve an
African American defendant, the fraction of cases involving an
African Anmerican victim (anong cases with an African Anerican
or White victim vary fromcounty to county. Table 56 shows
the inmpact by conparing the three high case load (| ow penalty
trial rate) counties (Canden, Essex, and Union) into one
group, and the remmi ning counties into another group. W see
that in the | ow case | oad counties 45% of the cases involve
a White victim as conpared to 10% in the high case | oad (Il ow
penalty trial rate) counties. This shows that there is a
county effect that nust be taken into account into the

anal ysi s, even when we hold race of defendant fi xed.

We now proceed to take into account other inportant
variables in our sorting approach analysis to focus on the
nature and possi ble reasons for this observed difference.

Tabl e 57 gives for the 228 African Anerican defendant cases



(fromthe First Case set) involving an African American or
White victim the fraction of cases going to penalty trial for
a given county and race of victim To illustrate why we nust

i nclude county in the analysis, we |look in Table 58 at a group
of six of the counties in Table 57. From Table 58 we see that
for the African Anmerican defendant cases, every one of the six
counties has the fraction of White victimcases going to
penalty trials either less than or equal to the fraction of
African Anmerican victimcases going to penalty trials. Yet
when you add up the data for these six counties, 36% of cases
involving White victinms go to penalty trials as conpared to
26% of cases involving African American victins that go to
penalty trial. It is remarkable, that for every one of these
si x individual counties, the White victim percent going to
penalty trial is less than or equal to the African Anerican
victim percent; yet when you conbine the data for the six
counties, the White victimpercent going to penalty trial is
greater than the African American victim percent. This
counterintuitive type of result is called Sinpson's Paradox.
(Si mpson, E.H., 1951. AThe interpretation of interaction in

contingency tables.(@ Journal of the Royal Statistical Society,

Series B, Volune 13, pp 238-241.) The explanation for the

paradox for this exanple is what we have said earlier. The
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African Anerican victimcases are nore heavily concentrated in
counties with lower rates of cases (for victins of all races)
going to penalty trials. To understand the data properly, we
must take this county effect into account.

Looki ng at Table 57, sonme of the counties have Wite
victimcases with smaller or equal fractions than African
American victimcases. Sonme counties have no observations for
African American defendant/African American or VWhite victim
cases, and sone have observations for just one race of victim
In a few others, a shift of just 1 observation will change
inequality to equality. (For exanple, the 3/5 versus 1/2 for
Burlington; explaining one of the 3 cases, would lead to
2/ 4=1/2). Several differences based on a small nunber of
observati ons, together with the somewhat | arger differences
for Atlantic, Essex, and Mercer Counties, m ght conbine to be
significant. One approach to test this is to block on counties
usi ng the Cochran- Mantel - Haenszel Test. We apply this test to
the African American defendant, White or African American
victimsubset of the First Case data set, where we assign
VWite victimto a case if there is at | east one Wiite victim
To apply the test we elimnate counties with only 1 race
victim This left a subset of 223 cases. Applying the Cochran-

Mant el - Haenszel Test to control for county, we find that the



race of victimeffect is not statistically significant (p >
0.08). Thus, county is an inportant confoundi ng vari abl e that
explains the difference in rates for African Anerican and
VWhite victinms observed in Table 53.

Even though the differences are not statistically
significant, either by thenselves, or when pool ed together,
given the inportance of these issues we decided to explore
further the differences observed in Table 57 for Atlantic,
Essex and Mercer counties. To illustrate our exploratory
anal ysis we first focus on Essex, which provides the |argest
data base. Table 59 shows the breakdown for Essex County. The
difference between 33 % and 15 % appears | arge, but is not
statistically significant, even not taking into account other
vari abl es. However for exploratory analysis to aid our
under st andi ng of the process and the data, we will continue
our analysis further.

We now break down the data in Table 59 by variabl es that
are strongly related to a case going to penalty trial, the
def endant' s ot her hom cides and prior crim nal convictions.
Both of these variables were rated in the Judge's survey as
i nportant, are related to outcome over all data sets, and are
vari abl es that county decision makers would | ook at in

deci di ng whether to send the case to penalty trial. In
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defining the variable for other hom cides, we wanted to count
hom ci des that would be known to the prosecutor and the
def ense attorney at the tinme the decision about penalty
trial/plea bargain m ght be nmade. We defined a variable
“Murderall™ that was 1 if the defendant had nore than one
hom ci de, and zero otherw se. A dichotomous vari abl e was
simlarly defined for prior convictions (0 if none, 1 if one
or nore).

From Table 60, we see that for the Essex cases of nore
t han one hom cide, or 1 homcide and no prior convictions, the
fraction going to penalty trial is greater for African
American than for White victins. To understand why the
fraction is greater for White victimcases in Table 59, we can
focus our attention on the group of cases involving Al
hom ci de and one or nore prior crimnal convictions.@ Table
61 gives a possible explanation for these cases based on the
aggravating factor 4F, and whether the case was tried before
or after 1988. The reason we | ook at this last variable, is
t hat Essex County had different rates of cases going to
penalty trials before and after 1988. Before 1988 Essex county
had 42% (8/19) of cases going to penalty trial. After, 1988
only 9% (5/55) of their cases went to penalty trial. Not

only in Essex County, but in general there appears to be a
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trend to smaller proportions of cases going to penalty trial.
Before 1988, 57 % of (130) cases went to penalty trial, as
conpared to 23% of (315) cases after 1988. Anpbng the new cases
added since the 1999 report, about 10% of the (57) cases went
to penalty trial.

In Table 61 we see that for Essex County African American
def endant cases, the raw difference observed in Table 59 in
rates for White and African Anerican victim cases going to
penalty trial has a reasonabl e explanation that is due to non-
racial factors, and that is consistent wiwth the data. In al
the rows in Table 61, the African Anerican victimpenalty rate
is no less than the corresponding White victimrate, with the
exception of the |last row where one out of two White victim
cases went to penalty trials as conpared to zero out of three
African Anerican victimcases. As noted, differences based on
one cases are not reliable. Here, even the one case can be
expl ai ned based on variables unrelated to race of victim The
one White victimcase that went to penalty trial involved a
def endant who killed a policenman under unusual circunstances.

The defendant, Kamau, had a gun snuggled into court to kill a
pol i ceman who was testifying there against a relative. Killing
a public servant (Statutory factor 4H) is very strongly

associated with the case going to penalty trial. There are 9
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cases anong the 490 death eligible cases, where 4H occurs, and
in 8 of the 9 the case went to penalty trial

We carry out a simlar analysis for Atlantic County in
Tabl es 62 and 63. From Table 62 we see that the only row
where any case went to penalty trial was the row correspondi ng
to A1 hom cide and prior conviction.@ For this row, 3 out of 4
White victimcases as conpared to 1 out of 7 African Anerican
victimcases went to penalty trial. From Table 63 we see that
2 out of the 3 White victimcases that went to penalty trial
are explained by the fact that they are the only cases anobng
the 11 cases that involved the statutory factor 4C. The
remai ning difference in Table 57 invol ves one case.

We carry out a simlar analysis for Mercer County in
Table 64. In |ooking at the 10 cases involving 1 hom cide and
prior convictions, the 1 case involving a Wiite victimwas the
only case anong the 10 involving an execution style hom cide.
We see in Table 64 as in the other tables, how other
controlling variables such as county, and statutory and non-
statutory factors can provi de reasonabl e expl anati ons of why
cases go to penalty trials.

A simlar analysis can be carried out for all the 490
cases or for the 445 cases in the First Case database. First

split the cases into those that involve the statutory factor



4H (killing a police officer or other public official), and
t hose that don:t. We noted before that anmpbng the 490 death
eligible cases there are 9 cases where 4H is present, and 8
of these cases went to penalty trial. The one case that did
not go to penalty trial was unusual (The wong people were
originally arrested and one died in jail) and posed
prosecutorial problenms that led to a plea bargain in this
case. In |ooking at whether there is a race of victimeffect
(as distinct fromthe 4H effect), it is appropriate to
separate out the 4H cases. This |eaves 481 (non 4H) cases in
the death eligible data base. Table 65 summarizes the data by
race of victimfor these cases, where a case is denoted a
VWhite victimcase if at |east one of the victins in the case
is White. Looking at the raw nunbers in the table we see that
58% of the White victimcases went to penalty trial, as
conpared to 39% of the other cases. \When we appropriately take
into account County, by using the Cochran-Mantel - Haenszel
test, the race of victimeffect is not significant. (The p
value is 0.1256).

In Table 66 we carry out a simlar analysis for the 445
First Case data set. We first separate out the 7 cases where
4H i s present anong the 445 First Cases, and analyze the

remai ni ng 438 cases by race of victim W apply the Cochran-
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Mant el - Haenszel Test, bl ocking on counties, and find the race
of victimeffect is not significant at the .05 level (p val ue
= .09).

The above anal yses show that the higher observed
proportions of White victimcases that go to penalty trial,
can be explained in large part by the fact that these cases
are nore heavily concentrated in counties that send a | arger
proportion of all cases to penalty trial, while the non-Wite
victimcases are nore heavily concentrated in counties that

send a small|l proportion of all cases to penalty trial.

VI 1. Concl usions
In this report we have applied two distinct approaches

for assessing race disparity in death penalty sentencing. In
one, we use nultiple regression nethods that seek to isolate
the effects of race variables at specific decision points. In
t he second we use a sorting nmethod that exam nes cross
tabul ations illustrating the relationship between race and
death outcones within different conbinations of the data. For
bot h met hods, we began with a limted set of variables that
were theoretically defined through statute and a judge survey.

In the regression method we focused on which of these factors

were significantly related to race and then used themto
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isolate the inpacts of race on selected outcones. |In the
sorting nethod we began by identifying variables fromthe
limted set that have strong relationships with the outcones
and then | ooked at the interaction between race
characteristics, these variables and the outcones we expl ored.

Using these very different approaches we conme to very
simlar findings regarding the inmpacts of race on death
penalty sentencing. 1In neither method do we find evidence
that race of defendant or race of victiminpacts significantly
upon deat h outcomes, whether we exam ne penalty trial cases
only or all death eligible cases. Qur findings here are not
anmbi guous and provide for a single and strong conclusion. The
present data do not support the position that race of
def endant or race of victiminpacts directly upon death
out comes in New Jersey.

In regard to race of defendant and advancenent to penalty
trial our analyses also provide a straightforward findi ng.
There is no evidence in these data, whether applying the
regressi on approach or the sorting approach of a significant
i npact of race of defendant on advancenent to penalty trial.
However, our findings regarding race of victimand advancenent

to penalty trial are nore conpl ex.



Usi ng the regressi on approach and including only the
statutory aggravating and mtigating circunstances, and the
rel evant non-statutory factors as defined by the judges, we
did find that race of victimhad a strong and statistically
significant effect on advancenent to penalty trial. However,
when county variability was taken into account the effect of
race of victimdid not achieve statistical significance at
conventional levels in three of the four anal yses conduct ed.
Using the sorting approach, the significant relationship of
race of victimand advance to penalty trial was not sustained
in any of the analyses that controlled for county variability.

We noted in our Novenmber report that an effect could not
be consi dered consistent in our analyses unless it was found
to be stable across nultiple assunptions of analysis.

Accordi ngly, we cannot conclude here that the effect of race
of victimon advance to penalty trial is consistent in our
anal yses.

In concluding, we think it inportant to note the observed
i nportance of county variability in understandi ng advancenent
to penalty trial in this data base. There is very strong
variability across counties in New Jersey in the rate at which
cases advance to this stage of death penalty sentencing. At

the same time, we want to caution the reader regarding draw ng



concl usi ons about county effects on advancenent to penalty
trials. The methods we have used were devel oped to assess
race disparities in death penalty sentencing. They were not
devel oped to nore generally nodel death penalty sentencing or

to critically assess the inpacts of other factors.



Table 1.1: Race of Defendant By Death Qutcone for
Penalty Trials (First Case Sanpl e)

TABLE OF RACEDEF BY PTDEATH

RACEDEF
PTDEATH DEATH LI FE SENT. AT A PEN TR AL)
Fr equency,
Per cent
Row Pct
Col Pct 0, 1,
FEEFFEFEE FEFFEFFf FEFFFFfF
Wite , 38 , 20 , 58
26.21, 13.79, 40.00
65.52 , 34.48 ,
, 38.38, 43.48,
FEEFFFFrf FEFFFFff FFFFfff
African 47 24 71
Arerican, 32.41, 16.55, 48.97
66.20 , 33.80,
, 47.47 , 52.17 ,
FEEFFFFrf FEFFFFFF" FFFFfff
H spanic , 14 2, 16
s 9.66 , 1.38, 11.03
87.50 , 12.50,
14.14 , 4.35 ,

fffffffffofffffffAffffffffA
Tot al 99 46
68. 28 31.72  100.00

Tot al

Frequency Mssing = 1

STATI STI CS FOR TABLE OF RACEDEF BY PTDEATH

Statistic DF Val ue Prob
FrEfErffrffrffrrfrfffrffrffffffrffrefrefrffreffrerrere
Chi - Square 2 3.075 0. 215
Li kel i hood Rati o Chi-Square 2 3.562 0.168
Mant el - Haenszel Chi- Square 1 1.621 0. 203
Phi Coef fi ci ent 0. 146
Cont i ngency Coef fi ci ent 0.144
Caner's V 0. 146

Effective Sanple Size = 145
Frequency Mssing = 1



Tabl e 1.2: Race of Defendant By Death Qutcone for
Penalty Trials (Last Case Sanpl e)

TABLE CF RACEDEF BY PTDEATH

RACEDEF
PTDEATH DEATH LI FE SENT. AT A PEN TR AL)
Fr equency,
Per cent
Row Pct
Col Pct 1, Total
FIFFFFfFFf” ffffffff ffffffff
Wite , , 54
31. 58 9. 02 40. 60
77.78 , 22.22 ,
, 39.25, 46.15,
fffffffff ffffffff ffffffff
African , 63
Anerican , 37. 59 9. 77 47. 37
79.37 , 20.63,
, 46.73, 50.00,
fIFFFFfff” ffffffff ffffffff
H spanic ,
11. 28 0. 75 12.03
93.75 , 6. 25 ,
, 14.02 , 3.85 ,
fEFFFFfFFE” ffffffff FEFFFFE
Tot al 26 133
80 45 19.55 100.00

Frequency Mssing = 1

STATI STI CS FOR TABLE OF RACEDEF BY PTDEATH

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Chi - Squar e

Li kel i hood Rati o Chi-Square 2 2 593 O 274
Mant el - Haenszel Chi- Square 1 1.361 0. 243
Phi  Coef fi ci ent 0.125

Cont i ngency Coefficient 0.124

Caner's V 0.125

Effective Sanple Size = 133
Frequency Mssing =1



Table 2.1: African Amrerican/ Wite Defendant By Death
Qutcone for Penalty Trials (First Case Sanple)

TABLE OF BLACKD BY PTDEATH

BLACKD( BLACK DEFENDANT)
PTDEATH( DEATH LI FE SENT. AT A PEN. TRIAL)
Frequency
Per cent
Row Pct s
Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff" -

29. 46 15. 50 44. 96
65.52 , 34.48 ,

, 44.71 , 45.45 ,
FIEFFFFrFrreffrree” ffffffff ffffffff‘
African Anerican , 71

36. 43 18. 60 55. 04
66.20 , 33.80,

, 55.29, 54,55,
fIEFFFFrfrrerffre” ffffffff ffffffff‘

Tot al 129
65. 89 34. 11 100. 00

Frequency Mssing = 17

STATI STI CS FCOR TABLE COF BLACKD BY PTDEATH

Statistic DF Val ue Pr ob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Square 1 0. 935
L| keI i hood Ratio Chi-Square 1 0 007 0.935
Continuity Adj. Chi-Square 1 0. 000 1. 000
Mant el - Haenszel Chi - Squar e 1 0. 007 0. 936
Fisher's Exact Test (Left) 0.541
(R ght) 0. 606
(2-Tail) 1. 000
Phi Coeffi ci ent -0. 007
Conti ngency Coefficient 0. 007
Qaner's V -0. 007

Effective Sanple Size = 129
Frequency Mssing = 17
WARNI NG 12% of the data are missing.



Table 2.2: African Amrerican/ Wite Defendant By Death
Qutcone for Penalty Trials (Last Case Sanpl e)

TABLE CF BLACKD BY PTDEATH

BLACKD( BLACK DEFENDANT)
PTDEATH( DEATH LI FE SENT. AT A PEN. TR AL)

Frequency

Per cent

Row Pct s

Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff" o

35. 90 10. 26 46. 15
77.78 , 22.22
, 45.65, 48.00 ,
fIEFFFFFffreffrre” ffffffff ffffffff‘
African Anerican , 63
42. 74 11. 11 , 53.85
79.37 , 20.63,
, 54.35, 52.00,
fIEFfFFrfrrerfrre” ffffffff ffffffff‘
Tot al 117
78. 63 21. 37 100. 00

Frequency Mssing = 17

STATI STI CS FCR TABLE CGF BLACKD BY PTDEATH

Statistic DF Val ue Pr ob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Square 1 0. 835
L| keI i hood Ratio Chi-Square 1 0 044 0. 835
Continuity Adj. Chi-Square 1 0. 000 1. 000
Mant el - Haenszel Chi- Square 1 0. 043 0. 835
Fisher's Exact Test (Left) 0. 506
(R ght) 0. 669
(2-Tail) 1. 000
Phi Coefficient -0.019
Conti ngency Coefficient 0.019
Qaner's V -0.019

Effective Sanple Size = 117
Frequency M ssing = 17
WARNI NG 13% of the data are missing.



Table 3.1: Logistic Regression Penalty Trial (Race
Def endant, First Case Sanpl e)

The LOQ STIC Procedure

Data Set: WORK NEW

Response Variabl e: PTDEATH DEATH LI FE SENT. AT A PEN TRIAL
Response Levels: 2

Nunber of Cbservations: 145

Li nk Function: Logit

Response Profile

O dered
Val ue PTDEATH Count
1 1 46
2 0 99

WARNING 1 observation(s) were del eted due to mssing values for the response or expl anatory
vari abl es.

Mdel Fitting Information and Testing dobal Null Hypothesis BETA=0

I nt er cept
I nt ercept and
Citerion ly Covari at es Chi- Square for Covari ates
AC 183. 184 187. 301
SC 186. 161 202. 185 .
-2 LGG L 181. 184 177. 301 3.883 with 4 DF (p=0.4221)
Score . . 3.404 with 4 DF (p=0.4926)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par armet er St andard wal d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -0. 3698 0. 5593 0.4373 0. 5084 . .
BLACKD 1 -0.1848 0. 4676 0. 1562 0. 6927 -0. 051109 0.831
H SPD 1 -1.3436 0.9388 2.0483 0.1524 -0. 232895 0.261
VWH TVI C 1 -0. 2810 0. 4983 0. 3181 0.5727 -0. 075704 0. 755
HSPAVIC 1 -0.2042 0.9175 0. 0495 0.8239 -0. 034403 0.815



Table 3.2: Logistic Regression Penalty Trial (Race
Def endant, Last Case Sanpl e)

The LOAJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTDEATH DEATH LI FE SENT. AT A PEN TR AL
Response Levels: 2

Nunber of Cbservations: 133

Li nk Function: Logit

Response Profile

O dered
Val ue PTDEATH Count
1 1 26
2 0 107

WARNI NG 1 observation(s) were del eted due to mssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing G obal Null Hypot hesis BETA=0

I nt er cept
I nter cept and
Citerion ly Covari at es Chi-Square for Covari ates
AC 133. 426 139. 717
SC 136. 317 157. 059 .
-2 LGG L 131. 426 127. 717 3.710 with 5 DF (p=0.5919)
Score . . 3.095 with 5 DF (p=0.6854)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d Val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1. 1666 0. 7160 2.6544 0. 1033 . .
BLACKD 1 -0.1255 0. 5597 0.0503 0.8225 -0. 034686 0.882
H SPD 1 -1. 6667 1.2758 1.7068 0.1914 -0. 300068 0.189
VWH TVI C 1 0. 0984 0. 6112 0. 0259 0.8721 0. 026473 1.103
HSPAVIC 1 0.3989 1. 0886 0.1343 0.7140 0. 069829 1.490
VBFPTY 1 -0. 4854 0. 5009 0.9389 0. 3326 -0. 128403 0.615



Table 4.1: Logistic Regression Penalty Tri al

(African
Aneri can/ Whi t e Def endant ,

First Case Sanple)

The LOJ STI C Procedure

Data Set: WORK NEW
Response Vari abl e: PTDEATH
Response Levels: 2
Nunber of Cbservations:
Link Function: Logit

DEATH LI FE SENT. AT A PEN TRIAL
129

Response Profile

O dered
Val ue PTDEATH Count
1 1 44
2 0 85

WARNI NG 17 observation(s) were del eted due to mssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0
I nt er cept
I nter cept and
Oiterion nly Covari at es Chi- Square for Covari ates
AC 167.572 171.527
SC 170. 432 180. 107 .
-2 LG L 165. 572 165. 527 0.045 with 2 DF (p=0.9778)
Score 0.045 with 2 DF (p=0.9779)
Anal ysi s of Maxi mum Li kel i hood Esti nat es
Par anet er St andard wal d Pr > St andar di zed Qdds
Variable DF Estimate Error Chi -Square  Chi -Square Estinmate Ratio
INTERCPT 1 -0. 5577 0.5109 1.1914 0. 2750 . .
BLACKD 1 -0.0778 0. 4460 0. 0304 0. 8615 -0. 021417 0.925
VWH TVI C 1 -0. 0905 0. 4624 0. 0383 0. 8448 -0. 023998 0.913



Table 4.2: Logistic Regression Penalty Trial (African
Aneri can/ Wi te Defendant, Last Case Sanpl e)

The LOAJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTDEATH DEATH LI FE SENT. AT A PEN TRIAL
Response Levels: 2

Nunber of Cbservations: 117

Li nk Function: Logit

Response Profile

O dered
Val ue PTDEATH Count
1 1 25
2 0 92

WARNI NG 17 observation(s) were del eted due to m ssing values for the response or expl anatory
vari abl es.

Mdel Fitting Information and Testing G obal Null Hypothesis BETA=0

I nt er cept
I nt ercept and
Citerion ly Covari at es Chi- Square for Covari ates
AC 123. 396 129. 242
SC 126. 158 143. 053 .
-2 LGG L 121. 396 119. 242 2.154 with 4 DF (p=0.7074)
Score . . 2.221 with 4 DF (p=0.6952)
Anal ysi s of Maxi num Li kel i hood Esti nates
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1.5463 0. 7512 4.2376 0. 0395 . .
BLACKD 1 0. 0492 0.5701 0. 0074 0.9312 0. 013580 1. 050
VWH TVI C 1 0.1922 0.5813 0. 1093 0. 7409 0. 050768 1.212
AVBUSH 1 0.6118 0. 5056 1. 4644 0. 2262 0.147924 1. 844
V5FPTY 1 -0.2762 0. 5201 0.2820 0.5954 -0. 072531 0. 759



Table 5.1: Race of VictimBy Death Qutcone for Penalty
Trials (First Case Sanpl e)

TABLE CF RACEVI C BY PTDEATH

RACEVI C
PTDEATH( DEATH LI FE SENT. AT A PEN. TR AL)
Frequency
Per cent
Row Pct )
Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff 8

42. 66 19. 58 62. 24
68.54 , 31.46 ,
62. 24 62.22 ,

fffffffffffffffff’ffffffff ffffffff
African Anerican , 39

17. 48 9. 79 27.27
64.10 . 35.90 ,
, 25,51, 3111,
fffffffffffffffff ffffffff ffffffff

H spani ¢ 15
8. 39 2. 10 10. 49
80.00 , 20.00 ,
, 12.24 6.67 ,
FEFFFFFFfFfffffff ffffffff ffffffff‘
Tot al 143
68. 53 31. 47 100. 00

Frequency Mssing = 3

STATI STI CS FOR TABLE OF RACEVI C BY PTDEATH

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Chi - Square

Li kel i hood Ratio Chi-Square 2 l 341 0 512
Mant el - Haenszel Chi - Squar e 1 0. 206 0. 650
Phi Coefficient 0. 094

Conti ngency Coefficient 0. 094

Qamer's V 0. 094

Ef fective Sanple Size = 143
Frequency Mssing = 3



Table 5.2: Race of VictimBy Death Qutcone for Penalty
Trials (Last Case Sanpl e)

TABLE CF RACEVI C BY PTDEATH

RACEM C

PTDEATH( DEATH LI FE SENT. AT A PEN. TR AL)
Frequency
Per cent
Row Pct )

Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff”

Wite 82
49. 62 12. 98 62. 60
79.27 , 20.73 ,

, 61.90, 65.38,
FEFFEFFFFFfffffff ffffffff ffffffff”
African Anmerican , 34

20. 61 5. 34 25. 95
79.41, 20.59 ,
25.71 26.92 ,

fffffffffffffffff’ffffffff ffffffff“

H spani c 15
9. 92 1. 53 11. 45
86.67 , 13.33,
, 12.38, 7.69 ,
4f{f(ffffffffffff ffffffff ffffffff”
ot a

80. 15 19. 85 100. 00

Frequency Mssing = 3

STATI STI CS FOR TABLE OF RACEVI C BY PTDEATH

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
i - Squar e

Li kel i hood Rati o Chi-Square 2 0 492 0 782
Mant el - Haenszel Chi- Square 1 0. 288 0. 591
Phi Coefficient 0. 059

Cont i ngency Coeffi cient 0. 059

Qamer's V 0. 059

Ef fective Sanple Size = 131
Frequency Mssing = 3



Table 6.1: African Arerican/ Wiite VictimBy Death
Qutcone for Penalty Trials (First Case Sanple)

TABLE CF WH TVI C BY PTDEATH

VWH TV C ONE CR MORE WH TE M CTI MB)
PTDEATH DEATH LI FE SENT. AT A PEN TR AL)

Frequency

Per cent

Row Pct ,

Col Pct 1, Total

fffffffffffffffff ffffffff ffffffff

African Anmerican , 39
19. 53 10. 94 30. 47
64.10 , 35.90,
29.07 , 33.33,

fffffffffffffffffAffffffff”ffffffffA
Wi te , 61 , 28 , 89

47.66 , 21.88 , 69.53
68.54 , 31.46 ,
70. 93 66. 67 ,

fffffffffffffffffyffffffff ffffffff
Tot al 128
67. 19 32. 81 100. 00

Frequency Mssing = 18

STATI STI CS FOR TABLE OF WH TV C BY PTDEATH

Statistic DF Val ue Prob
FEFEffEffffffrffffffffffrffefrfrffefrffffrfrfrerefreere
Chi - Square 1 0.242 0. 623
Li kel i hood Rati o Chi-Square 1 0. 240 0.624
Continuity Adj. Chi-Square 1 0.083 0.774
Mant el - Haenszel Chi- Square 1 0. 240 0. 624
Fi sher's Exact Test (Left) 0. 384
(Right) 0. 758
(2-Tail) 0. 684
Phi Coefficient -0.043
Cont i ngency Coef fi ci ent 0.043
Qaner's V -0.043

Effective Sanple Size = 128
Frequency Mssing = 18
WARNI NG 12% of the data are m ssing.



Table 6.2: African Arerican/Wite VictimBy Death
Qutcone for Penalty Trials (Last Case Sanpl e)

TABLE CF VH TVI C BY PTDEATH

VWH T™VI O ONE CR MORE WH TE M CTI MB)
PTDEATH( DEATH LI FE SENT. AT A PEN TR AL)
Frequency ,
Per cent
Row Pct ,
Col Pct Tot al
Riiiiliiiiiiiiiia ffffffff ffffffff”
African American , 34
23. 28 6. 03 29.31
79.41, 20.59 ,
29.35, 29.17 ,

fffffffffffffffffiffffffff"ffffffffA
Wi te , 65 | 17 , 82

56.03, 14.66 , 70.69
79.27 , 20.73,
70.65 , 70.83,

fffffffffffffffffLffffffff"ffffffffA
Tot al 92 24 116
79.31 20.69 100.00

Frequency Mssing = 18

STATI STI CS FOR TABLE GF WH TV C BY PTDEATH

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
hi - Squar e 1 0. 986
Li kel i hood Rati o Chi-Square 1 0 000 0. 986
Continuity Adj. Chi-Square 1 0. 000 1. 000
Mant el - Haenszel Chi- Square 1 0. 000 0. 986
Fisher's Exact Test (Left) 0. 598
(R ght) 0. 600
(2-Tail) 1. 000
Phi Coefficient 0. 002
Cont i ngency Coeffi cient 0. 002
Carer's V 0. 002

Ef fective Sanple Size = 116
Frequency Mssing = 18
WARNI NG 13% of the data are missing.



Table 7.1: Logistic Regression Penalty Trial (Race

WARNING 3
vari abl es.

Vari abl e

| NTERCPT
VWH TVI C
H SPAVI C
BLACKD
H SPD
VBEAT
RAGE
VAFPTY
V5CPTY

Victim First Case Sanpl e)

The LOd STI C Procedure

Data Set: WORK NEW

Response Vari abl e: PTDEATH DEATH LI FE SENT. AT A PEN TR AL
Response Levels: 2

Nunber of Cbservations: 143

Li nk Function: Logit

Response Profile

O dered
Val ue PTDEATH Count
1 1 45
2 0 98

observation(s) were del eted due to nissing values for the response or explanatory

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and
Oiterion ly Covari at es Chi- Square for Covari ates
AC 180. 120 174.523
SC 183. 083 201. 189 .
-2 LG L 178.120 156. 523 21.597 with 8 DF (p=0.0057)
Scor e . . 19.942 with 8 DF (p=0.0106)
Anal ysi s of Maxi mum Li kel i hood Esti nates
Par anet er St andar d val d Pr > St andar di zed Qdds
DF Estinmate Error Chi -Square  Chi -Square Estinmate Ratio
1 0. 00875 0. 7066 0. 0002 0. 9901 . .
1 -0. 6886 0. 5951 1. 3389 0. 2472 -0. 184708 0. 502
1 -0. 7989 1. 0464 0. 5829 0. 4452 -0. 135443 0. 450
1 -0. 3134 0. 5280 0. 3523 0.5528 -0. 086680 0.731
1 -1.2245 1. 0226 1.4337 0. 2312 -0. 213555 0.294
1 -0. 4522 0. 4458 1.0290 0. 3104 -0. 116179 0. 636
1 0.4861 0. 5220 0. 8674 0. 3517 0. 103732 1.626
1 1. 1959 0. 4522 6. 9927 0. 0082 0. 305368 3. 306
1 -1. 4866 0. 4889 9. 2452 0. 0024 -0. 379604 0. 226

of



Table 7.2: Logistic Regression Penalty Trial (Race of

WARNING 3
vari abl es.

Vari abl e

| NTERCPT
WH TVI C
H SPAVI C
BLACKD
VBEAT
VAFPRC

Victim last case Sanple)

The LOAJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTDEATH DEATH LI FE SENT. AT A PEN. TRI AL
Response Levels: 2

Nunber of Cbservations: 131

Li nk Function: Logit

Response Profile

O dered
Val ue PTDEATH Count
1 1 26
2 0 105

observation(s) were del eted due to mssing values for the response or expl anatory

Mdel Fitting Information and Testing dobal Null Hypothesis BETA=0

I nt er cept
I nt ercept and
Citerion ly Covari at es Chi- Square for Covari ates
AC 132. 549 134. 242
SC 135. 424 151. 493
-2 LGG L 130. 549 122. 242 8.307 with 5 DF (p=0.1401)
Score . . 8.22 th 5 DF (p=0.1445)

Anal ysi s of Maxi mum Li kel i hood Esti mat es

Par anet er St andard wal d Pr > St andar di zed Qdds
DF Estinate Error Chi -Square  Chi -Square Estinate Ratio
1 -1.1631 0. 7455 2. 4340 0.1187 . .
1 -0.3824 0. 6814 0.3149 0.5747 -0.102410 0. 682
1 -0. 8535 1. 0449 0. 6672 0. 4140 -0. 150412 0. 426
1 -0.1803 0. 6005 0. 0901 0. 7640 -0. 049821 0.835
1 -0.9212 0. 5630 2.6771 0.1018 -0. 234803 0.398
1 1.1088 0. 4852 5.2223 0. 0223 0. 284559 3.031



Table 8.1: Logistic Regression Penalty Trial
(White/ African Arerican Victim First Case Sanple)

The LOGJ STI C Procedure

Data Set: WRK NEW

Response Variabl e: PTDEATH DEATH LI FE SENT. AT A PEN TR AL
Response Levels: 2

Nunber of Cbservations: 115

Li nk Function: Logit

Response Profile

Q dered
Val ue PTDEATH Count
1 1 40
2 0 75

WARNI NG 31 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing G obal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and
Citerion ly Covari at es Chi-Square for Covari ates
AC 150. 601 152. 667
SC 153. 346 171. 882 .
-2 LGG L 148. 601 138. 667 9.933 with 6 DF (p=0.1275)
Score . . 9.703 with 6 DF (p=0.1377)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > Standar di zed Qdds
Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -1. 4337 0.7422 3.7312 0. 0534 . .
VWH TVI C 1 -0. 1556 0. 6003 0. 0672 0.7954 -0. 039968 0. 856
BLACKD 1 0. 2422 0.5371 0.2033 0. 6521 0. 066842 1.274
VICPLEAD 1 0. 5186 0. 4968 1. 0897 0. 2965 0. 116705 1. 680
DATKDEV 1 0.5721 0. 4422 1.6735 0.1958 0. 146899 1.772
RAGE 1 0. 2868 0.5515 0.2705 0. 6030 0. 063532 1.332
VAFPTY 1 1.1127 0. 4664 5. 6908 0.0171 0.291691 3.043



Table 8.2: Logistic Regression Penalty Trial
Wiite/ African Anerican Victim Second Case Sanpl e)

The LOGJ STI C Procedure

Data Set: WORK NEW
Response Vari abl e: PTDEATH
Response Levels: 2
Nunber of Cbservations:
Li nk Function: Logit

DEATH LI FE SENT. AT A PEN TRIAL

116

Response Profile

O dered
Val ue PTDEATH Count
1 1 24
2 0 92

WARNI NG 18 observation(s) were del eted due to m ssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing @ obal Null Hypothesis BETA=0
I nt er cept
I nt er cept and
Citerion ly Covari at es Chi-Square for Covari ates
AC 120. 277 124. 151
SC 123.031 132. 412 .
-2 LOG L 118. 277 118. 151 0.126 with 2 DF (p=0.9390)
Score 0.128 with 2 DF (p=0.9380)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimat e Rati o
INTERCPT 1 -1. 5547 0.7139 4.7424 0. 0294 . .
VWH TVI C 1 0. 1460 0. 6297 0. 0537 0. 8167 0. 036787 1. 157
BLACKD 1 0. 2048 0.5743 0.1272 0.7214 0. 056666 1.227



Table 9. 1. Race of Defendant By Death Qutcone for
Death Eligible Cases (First Case Sanpl e)

TABLE OF RACEDEF BY DEATH

RACEDEF
DEATH( DEATH SENTENCE | MPOSED AMONG ALL CASES)
Frequency
Per cent
Row Pct ,
Col Pct Tot al

fffffffffffffffff ffffffff ffffffff" 136

26. 30 4. 54 30. 84
85.29 , 14.71,
, 29.37, 43.48,
fIEFFFFfffrefrrre” ffffffff ffffffff
African Anerican , 255
52. 38 5. 44 57. 82
90.59 , 9.41 ,
, 58.48, 52.17 ,
fIEFFFFFffqqrffree” ffffffff ffffffff
H spani ¢ , , 50
10. 88 0. 45 11. 34
96. 00 , 4.00 ,
12.15 , 4,35 ,

ffffffffffffffffflffffffffAffffffffA
Tot al 395 46
89.57  10.43  100.00

Frequency Mssing = 4

STATI STI CS FCR TABLE OF RACEDEF BY DEATH

Statistic DF Val ue Prob
FIfFfffreffrfrefrrfrfffrffrffefrrffrfrrfrrfrrefrerreer
Chi - Squar e 2 5.157 0.076
Li kel i hood Rati o Chi-Square 2 5.508 0. 064
Mant el - Haenszel Chi- Square 1 5. 145 0. 023
Phi Coef fi ci ent 0. 108
Conti ngency efficient 0.108
Qamer's V 0. 108

Ef fective Sanple Size = 441
Frequency Mssing = 4



Tabl e 9. 2: Race of Defendant By Death Qutcone for
Death Eligible Cases (Last Case Sanpl e)

TABLE CF RACEDEF BY DEATH

RACEDEF
DEATH DEATH SENTENCE | MPCSED AMONG ALL CASES)
Frequency ,
Per cent
Row Pct )
Col Pct 1, Total
fffffffffffffffff ffffffff ffffffff
Wite , 136
28. 12 2. 72 30. 84
91.18 , 8.82 ,
, 29.88, 46.15,
fffffffffffffffff ffffffff iiiiiiia
African Anerican , 13, 255
54. 88 2.95, 57.82

94.90 , 5.10 ,
58.31 50. 00 ,

fffffffffffffffff'ffffffff ffffffff

H spani ¢
11. 11 0. 23 11.34
98.00 , 2.00 ,
, l1l1.81, 3.85,
FEFFFFFFfFfffrffe ffffffff ffffffff‘
Tot al 441

94 10 5. 90 100. 00

Frequency Mssing = 4

STATI STI CS FOR TABLE OF RACEDEF BY DEATH

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff
- Squar e 3.761 0. 152

L| keI i hood Ratio Chi-Square 2 3. 957 0.138

Mant el - Haenszel Chi- Square 1 3.736 0. 053

Phi  Coef fi ci ent 0. 092

Conti ngency Coefficient 0. 092

Qamer's V 0. 092

Effective Sanple Size = 441
Frequency Mssing = 4



Tabl e 10.1: African Anerican/ Wiite Defendant By Death
Qutcone for Death Eligible Cases (First Case Sanple)

TABLE COF BLACKD BY DEATH

BLACKD( BLACK DEFENDANT)
DEATH( DEATH SENTENCE | MPCSED AMONG ALL CASES)
Frequency
Per cent
Row Pct ,
Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff 136

29. 67 5. 12 34.78
85.29 , 14.71,
33.43 45.45 ,

fffffffffffffffff’ffffffff ffffffff
African Anerican , 255

59. 08 6. 14 65. 22
90.59 , 9.41 ,
66.57 , 54.55

FEFEFFFEFFFFFFFFFE ffffffff ffffffff
Tot al 391

88. 75 11. 25 100. 00

Frequency Mssing = 54

STATI STI CS FCR TABLE CGF BLACKD BY DEATH

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff

Chi - Squar e

Li kel i hood Rati o Chi-Square 1 2 408 0 121

Continuity Adj. Chi-Square 1 1.987 0. 159

Mant el - Haenszel Chi- Square 1 2.483 0. 115

Fi sher's Exact Test (Left) 0. 081
(Right) 0. 958
(2-Tail) 0.131

Phi  Coeffi ci ent -0.080

Cont i ngency Coef fi ci ent 0. 080

Qaner's V -0.080

Effective Sanple Size = 391
Frequency M ssing = 54
WARNING 12% of the data are m ssing.



Tabl e 10.2: African Anerican/ Wiite Defendant By Death
Qutcone for Death Eligible Cases (Last Case Sanpl e)

TABLE OF BLACKD BY DEATH

BLACKD( BLACK DEFENDANT)
DEATH( DEATH SENTENCE | MPCSED AMONG ALL CASES)

Fr equency,

Per cent

Row Pct

Col Pct 0, 1, Total

FEEFEFFFe FEFFIFAF FFFFFFf

Wite 177 , 13, 190
39.78 , 2.92, 42.70
93.16 , 6.84 ,

., 42,24, 50.00,
FEEEFFEFEFEfrrerf frfrfere”
Afri , 242, 13,

ri can 255
Arerican , 54.38 , 2.92 , 57.30
94,90 , 5.10 ,
, 57.76 , 50.00 ,
FEEFFEfre FEFFEFEF FFFFFfFf
Tot al 419 26 445

94. 16 5.84 100.00

STATI STI CS FCR TABLE CF BLACKD BY DEATH

Statistic DF Val ue Prob
FrEfrffffffrffrffffffrffrififfffffrffrffrffrrffrfrrefr
hi - Squar e 1 0. 602 0.438
Li kel i hood Ratio Chi-Square 1 0. 596 0. 440
Continuity Adj. Chi-Square 1 0. 327 0. 568
Mant el - Haenszel Chi- Square 1 0. 601 0.438
Fi sher's Exact Test (Left) 0.282
(R ght) 0. 837
(2-Tail) 0. 541
Phi Coefficient -0.037
Cont i ngency Coeffi cient 0. 037
Qaner's V -0.037

Sanpl e Size = 445



Table 11.1: Logistic Regression Death Eligible Cases
Race of Defendant, First Case Sanpl e)

The LOAJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 395

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 44
2 0 351

WARNI NG 50 observation(s) were del eted due to m ssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing G obal Null Hypot hesis BETA=0

I nt er cept
I nt ercept and
Oiterion ly Covari at es Chi-Square for Covari ates
AC 278. 039 251. 019
SC 282.018 286. 829 .
-2 LG L 276. 039 233.019 43.020 with 8 DF (p=0.0001)
Score . . 44,312 with 8 DF (p=0.0001)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1. 9627 0. 7390 7.0543 0. 0079 . .
BLACKD 1 -0.1668 0. 4592 0.1320 0.7163 -0. 045074 0. 846
H SPD 1 -1. 0852 0. 8826 1.5115 0.2189 -0.188467 0.338
VWH TVI C 1 0. 5788 0. 4770 1.4725 0. 2250 0. 158198 1.784
HSPAVIC 1 0.4168 0.7637 0.2979 0. 5852 0. 075845 1.517
| NTENT 1 -0.1543 0. 3260 0.2241 0. 6359 -0. 046074 0.857
VICPLEAD 1 0. 9965 0. 4204 5.6178 0.0178 0. 184453 2.709
VAFPRC 1 1. 0364 0. 3712 7.7957 0. 0052 0.235124 2.819
V5DPRC 1 -1. 6641 0. 4471 13. 8556 0. 0002 -0. 455466 0. 189



Table 11.2.1: Logistic Regression Death Eligible Cases
Race of Defendant, |ast Case Sanple); with VAfprc

The LOAJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 441

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 26
2 0 415

WARNI NG 4 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing A obal Null Hypothesis BETA=0

I nt er cept
I nt ercept and
Citerion ly Covari at es Chi-Square for Covari ates
AC 199. 645 178. 056
SC 203.734 202. 590 .
-2 LGG L 197. 645 166. 056 31.589 with 5 DF (p=0.0001)
Score . . 31.676 with 5 DF (p=0.0001)
Anal ysi s of Maxi num Li kel i hood Esti mates
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -2.7217 0. 5998 20. 5926 0. 0001 . .
BLACKD 1 -0.2368 0.5239 0.2044 0. 6512 -0. 064559 0.789
H SPD 1 -1.2328 1. 0980 1. 2606 0. 2615 -0. 215738 0.291
VWH TVI C 1 0. 7042 0. 5478 1. 6527 0. 1986 0. 193658 2.022
VAFPRC 1 1.1358 0. 4465 6. 4722 0.0110 0. 258709 3.114
V5DPRC 1 -2.1483 0. 6322 11. 5490 0. 0007 -0. 591020 0.117



Table 11.2.2: Logistic Regression Death Eligible Cases
Race of Defendant, |ast Case Sanple); with Intent

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 441

Li nk Function: Logit

Response Profile

O dered
Value  DEATH Count
1 1 26
2 0 415

WARNI NG 4 observation(s) were del eted due to mssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing G obal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and
Citerion ly Covari at es Chi- Square for Covari ates
AC 199. 645 181. 326
SC 203.734 205. 860 .
-2 LG L 197. 645 169. 326 28.320 with 5 DF (p=0.0001)
Scor e . . 26.076 with 5 DF (p=0.0001)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -1.4104 0. 8654 2.6561 0. 1032 . .
BLACKD 1 -0.1291 0. 5361 0. 0579 0. 8098 -0. 035177 0. 879
H SPD 1 -1. 2545 1.0979 1. 3055 0. 2532 -0. 219531 0. 285
VWH TVI C 1 0.9145 0. 5458 2.8074 0. 0938 0.251489 2.496
| NTENT 1 -0.7110 0. 4165 2.9141 0. 0878 -0.211146 0. 491
V5DPRC 1 -2.1232 0. 6334 11. 2380 0. 0008 -0.584116 0.120



Table 12.1: Logistic Regression Death Eligible Cases
African Anerican/ Wite Defendant, First Case Sanple)

The LOJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCSED AMONG ALL CASES
Response Levels: 2

Nurber of Cbservations: 349

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 41
2 0 308

WARNING 96 observation(s) were deleted due to mssing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and
Oiterion nly Covari at es Chi- Square for Covari ates
AC 254. 586 227. 366
SC 258. 441 262. 062 .
-2 LOG L 252. 586 209. 366 43.220 with 8 DF (p=0.0001)
Score . . 42.755 with 8 DF (p=0.0001)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par arret er St andar d val d Pr > St andar di zed Qdds
Variable DF Estimate Error Chi -Square  Chi -Square Estinmate Ratio
INTERCPT 1 -2.3458 0. 8008 8.5813 0. 0034 . .
BLACKD 1 0.0791 0. 4767 0. 0275 0. 8683 0. 020381 1.082
VWH ™ C 1 0.7179 0.4792 2.2445 0.1341 0.197070 2.050
| NTENT 1 -0. 1574 0. 3409 0.2132 0. 6442 -0. 047399 0. 854
VICPLEAD 1 0. 6526 0. 4451 2. 1495 0. 1426 0. 124095 1.921
DOTHKILS 1 0.1249 0. 5900 0. 0448 0.8323 0. 018735 1.133
LONGATAK 1 0. 7666 0. 3967 3.7336 0. 0533 0. 185150 2.152
VAFPRC 1 1. 0850 0. 3928 7.6308 0. 0057 0. 248400 2.959
V5DPRC 1 -1.8717 0. 4859 14. 8345 0. 0001 -0. 512377 0. 154



Tabl e 12.2: Logistic Regression Death Eligible Cases
African Anerican/ Wiite Defendant, Last Case Sanpl e)

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 391

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 25
2 0 366

WARNI NG 54 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.

Model Fitting Information and Testing dobal Null Hypothesis BETA=0

I nt er cept
I nt er cept and
Citerion ly Covari at es Chi-Square for Covari ates
Al C 187. 858 165. 786
SC 191. 827 189. 598 .
-2 LG L 185. 858 153. 786 32.072 with 5 DF (p=0.0001)
Score . . 32.522 with 5 DF (p=0.0001)
Anal ysi s of Maxi mum Li kel i hood Esti mates
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -1.8414 0.9147 4.0524 0. 0441 . .
BLACKD 1 -0. 0876 0.5315 0.0271 0. 8692 -0. 023021 0.916
VWH TVIC 1 0.7514 0.5729 1.7202 0.1897 0.207110 2.120
| NTENT 1 -0. 6479 0. 4407 2.1611 0. 1415 -0. 194424 0. 523
VAFPRC 1 1. 0622 0.4614 5. 3007 0. 0213 0. 245873 2.893
V5DPRC 1 -2.0449 0. 6363 10. 3290 0. 0013 -0. 563074 0.129



Table 13.1: Race of VictimBy Death Qutcone for Death
Eligible Cases (First Case Sanpl e)

TABLE CF RACEVI C BY DEATH

RACEVI C
DEATH( DEATH SENTENCE | MPCSED AMONG ALL CASES)
Frequency
Per cent
Row Pct ,
Col Pct 1, Total
fffffffffffffffff ffffffff ffffffff
Wiite , 203
40. 70 6. 51 47.21
86.21 , 13.79 ,
, 45.45, 62.22,
fffffffffffffffff ffffffff FEFFFFFF
African Anerican , 14 , 174
37 21 3.26 , 40.47
91.95 , 8.05 ,
, 41.56 , 31.11 ,
fffffffffffffffff ffffffff ffffffff
H spani c
11. 63 0. 70 12. 33

94. 34 , 5.66 ,
, 12,99, 6.67 ,
FEFEFEFEfrfIfffff ffffffff ffffffff“

Tot al 430
89. 53 10. 47 100. 00

Frequency Mssing = 15

STATI STI CS FOR TABLE CF RACEVI C BY DEATH

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff
- Squar e 4.792 0. 091

L| keI i hood Ratio Chi-Square 2 4.916 0. 086

Mant el - Haenszel Chi- Square 1 4.524 0. 033

Phi  Coef fi ci ent 0. 106

Cont i ngency Coefficient 0. 105

Qamer's V 0. 106

Ef fective Sanple Size = 430
Frequency Mssing = 15



Tabl e 13.2: Race of VictimBy Death Qutcone for Death
El i gi bl e Cases (Last Case Sanpl e)

TABLE CF RACEVI C BY DEATH

RACEVI C
DEATH( DEATH SENTENCE | MPOSED AMONG ALL CASES)
Fr equency,
Per cent
Row Pct
Col Pct , 1, Total
fffffffff ffffffff ffffffff
, 203
43 26 3. 95 47.21
91.63 , 8.37 ,
, 46.04 , 65.38,
FEEFFFFre FEFFAFAF FFFFfFFFf
2, 167 , 7, 174
38.84 , 1.63 , 40.47
95.98 , 4,02 ,
, 41.34, 26.92,
FEEFEFFEf FFFFFFfE FAFFFfFf
3, 51 , 2,
11. 86 , 0.47 , 12.33
96. 23 , 3.77 ,
, 12.62 , 7.69 ,
fIEEFFFfe” ffffffff ffffffff”
Tot al 430
93. 95 6. 05 100. 00

Frequency Mssing = 15

STATI STI CS FOR TABLE OF RACEMI C BY DEATH

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff
- Squar e 3.673 0. 159

L| keI i hood Ratio Chi-Square 2 3. 706 0. 157

Mant el - Haenszel Chi- Square 1 3.032 0. 082

Phi  Coeffi ci ent 0. 092

Conti ngency Coefficient 0. 092

Qamer's V 0. 092

Ef fective Sanple Size = 430
Frequency M ssing = 15



Table 14.1: African Anerican/Wite VictimBy
Death Qutcone for Death Eligible Cases (First Case
Sanpl e)

TABLE CF WH TV C BY DEATH

VWH TV O ONE R MORE WA TE M CTI MB)
DEATH( DEATH SENTENCE | MPCSED AMONG ALL CASES)
Fr equency
Per cent
Row Pct s
Col Pct 0, 1, Total
fffffffffffffffff ffffffff ffffffff
African Anerican , 174
42. 44 3. 71 46. 15
91.95 , 8.05 ,
, 47.76 , 33.33,
fffffffffffffffff ffffffff ffffffff
Wite 203
46. 42 7. 43 53. 85
86.21 , 13.79,
, b52.24 , 66.67,
fffffffffffffffff ffffffff FEFFFFEF
42 377
88. 86 11.14 100.00

Frequency Mssing = 68

STATI STI CS FOR TABLE CF WH TV C BY DEATH

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff

Chi - Squar e

Li kel i hood Ratio Chi-Square l 3 196 O 074

Continuity Adj. Chi-Square 1 2.572 0. 109

Mant el - Haenszel Chi- Square 1 3.118 0. 077

Fi sher's Exact Test (Left) 0.974
(R ght) 0. 053
(2-Tail) 0. 100

Phi Coef fi ci ent 0.091

Cont i ngency Coeffi ci ent 0.091

Qaner's V 0. 091

Ef fective Sanple Size = 377
Frequency M ssing = 68
WARNI NG 15% of the data are m ssing.



Table 14.2: African Amrerican/Wite VictimBy Death
Qutcone for Death Eligible Cases (last Case Sanpl e)

TABLE CF WH TV C BY DEATH

VH TVI Q( ONE OR MORE WA TE VI CTI MB)
DEATH( DEATH SENTENCE | MPOSED AMONG ALL CASES)

Fr equency,
Per cent
Row Pct
Col Pct 0, 1, Total
fffffffff ffffffff ffffffff"
174
44 30 1. 86 46. 15
95.98 , 4.02 ,
, 47.31, 29.17 ,
FEFFFFFFf ffffffff ffffffff‘
Wite , 203
49 34 4. 51 53.85
91.63 , 8.37 ,
, 52.69, 70.83,
FEFFFFFFf ffffffff ffffffff‘
Tot al 377
93. 63 6. 37 100. 00

Frequency M ssing = 68

STATI STI CS FCR TABLE OF WH T™VI C BY DEATH

Statistic DF Val ue Pr ob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Square 1 0. 084
L| keI i hood Ratio Chi-Square 1 3 087 0.079
Continuity Adj. Chi-Square 1 2.291 0.130
Mant el - Haenszel Chi- Square 1 2.968 0. 085
Fisher's Exact Test (Left) 0. 975
(R ght) 0. 063
(2-Tail) 0. 094
Phi Coefficient 0. 089
Conti ngency Coefficient 0. 089
Caner's V 0. 089

Effective Sanple Size = 377
Frequency M ssing = 68
WARNI NG 15% of the data are missing.



Tabl e 15.1: Logistic Regression Death Eligible Cases
Race of Victim First Case Sanple)

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 388

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 43
2 0 345

WARNI NG 57 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing A obal Null Hypothesis BETA=0

I nt er cept
I nt er cept and

Citerion ly Covari at es Chi-Square for Covari ates

AC 272.231 245. 061

SC 276. 192 284. 671 .

-2 LG L 270. 231 225. 061 45.170 with 9 DF (p=0.0001)

Score . . 46.406 with 9 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti nates
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -2.1067 0.7691 7.5027 0. 0062 . .
VWH ™ C 1 0.5744 0. 4933 1. 3561 0. 2442 0. 157437 1.776
HSPAVIC 1 0. 3442 0. 7696 0. 2000 0. 6547 0. 063666 1.411
BLACKD 1 -0. 0489 0.4699 0. 0108 0.9171 -0. 013232 0. 952
H SPD 1 -0.8339 0. 8885 0.8810 0.3479 -0. 143027 0.434
V5DPRC 1 -1.6158 0. 4472 13. 0568 0. 0003 -0. 441666 0.199
VAFPRC 1 1.0172 0. 3759 7.3237 0. 0068 0. 230278 2. 766
VABPRC 1 -1.0701 0.7622 1.9708 0. 1604 -0. 224584 0.343
VICPLEAD 1 1. 0200 0. 4268 5.7122 0. 0168 0. 188653 2.773
| NTENT 1 -0. 0643 0.3293 0. 0381 0.8452 -0. 019210 0.938



Tabl e 15.2: Logistic Regression Death Eligible Cases
Race of Victim Last Case Sanple)

The LOd STI C Procedure

Data Set: WIRK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPOSED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 430

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 26
2 0 404

WARNI NG 15 observation(s) were del eted due to nmissing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 198. 291 176. 950

SC 202. 355 201. 333 .

-2 LOG L 196. 291 164. 950 31.341 with 5 DF (p=0.0001)

Scor e . . 32.091 with 5 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti nmat es
Par anet er St andar d val d Pr > St andar di zed Gdds

Variable DF Estinmate Error Chi -Square  Chi -Square Estinmate Ratio
| NTERCPT 1 -2.0484 0. 8013 6. 5340 0. 0106 . .
VWH TVI C 1 0. 7147 0. 5026 2.0221 0. 1550 0. 196929 2.043
HSPAVIC 1 0.1819 0. 8341 0. 0476 0. 8273 0. 033014 1. 200
V5DPRC 1 -2.0272 0. 6338 10. 2285 0.0014 -0. 557280 0. 132
VAFPRC 1 1. 0983 0. 4569 5. 7768 0. 0162 0. 248605 2.999
| NTENT 1 -0.5839 0. 4261 1.8777 0. 1706 -0.173822 0. 558



Tabl e 16.1: Logistic Regression Death Elig. Cases
White/ African Anrerican Victim First Case Sanpl e)

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCBED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 338

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 40
2 0 298

WARNI NG 107 observation(s) were del eted due to nmissing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing A obal Null Hypothesis BETA=0

I nt er cept
I nt er cept and

Citerion ly Covari at es Chi-Square for Covari ates

AC 247. 801 212.979

SC 251. 624 247. 386 .

-2 LG L 245. 801 194. 979 50.822 with 8 DF (p=0.0001)

Score . . 51.811 with 8 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti nates
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -2.8634 0.8216 12. 1462 0. 0005 . .
VWH ™ C 1 0.7423 0.5035 2.1733 0. 1404 0. 204915 2.101
BLACKD 1 0. 3255 0. 4809 0. 4583 0. 4984 0. 086628 1.385
V5DPRC 1 -1.6942 0. 4931 11. 8027 0. 0006 -0. 462973 0.184
VAFPRC 1 1. 2003 0. 4146 8. 3830 0. 0038 0. 279238 3.321
VACPRC 1 1.3945 0. 4169 11. 1884 0. 0008 0. 306950 4.033
V4BPRC 1 -0. 5481 0. 7858 0. 4865 0. 4855 -0. 113310 0.578
VICPLEAD 1 0.5414 0. 4529 1. 4293 0.2319 0. 104355 1.718
| NTENT 1 -0. 0750 0. 3552 0. 0446 0. 8328 -0. 022882 0.928



Tabl e 16.2: Logistic Regression Death Eligible Cases
Wiite/ African Anerican Victim Second Case Sanpl e)

The LOd STI C Procedure

Data Set: WORK NEW

Response Vari abl e: DEATH DEATH SENTENCE | MPCSED AMONG ALL CASES
Response Levels: 2

Nunber of Cbservations: 377

Li nk Function: Logit

Response Profile

O dered
Val ue DEATH Count
1 1 24
2 0 353

WARNI NG 68 observation(s) were del eted due to nissing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion Only Covari at es Chi - Square for Covari ates

AC 180. 640 162. 394

SC 184. 572 185. 987 .

-2 LG L 178. 640 150. 394 28.246 with 5 DF (p=0.0001)

Scor e . . 28.242 with 5 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti nmat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Esti mate Error Chi -Square  Chi -Square Estinmate Ratio
| NTERCPT 1 -1.9827 0.9370 4.4778 0. 0343 . .
VWH TVI C 1 0. 8897 0. 6075 2.1448 0. 1431 0. 244860 2.434
BLACKD 1 0. 2642 0. 5481 0.2323 0. 6298 0. 071302 1. 302
V5DPRC 1 -1.9278 0. 6390 9. 1002 0. 0026 -0. 530328 0. 145
VAFPRC 1 0. 9222 0.4716 3.8238 0. 0505 0. 214511 2.515
| NTENT 1 -0. 7654 0. 4508 2.8835 0. 0895 -0. 232537 0. 465



Table 17.1: Race of Defendant By Advance to Penalty
Trial (First Case Sanpl e)

TABLE CF RACEDEF BY PTRI AL
RACEDEF PTR AL( CASE ADVANCED TO PENALTY TRIAL)

Frequency

Per cent

Row Pct )

Col Pct 0, 1, Total

Gaf{fffffffffffff ffffffff ffffffff“

ite

17. 69 13. 15 , 30.84
57.35, 42,65,

, 26.35, 40.00,
FEFFEFFFFFfffffff ffffffff ffffffff“
African Anerican , 255

41. 72 16. 10 57.82
72.16 , 27.84 ,

, 62.16 , 48.97 ,

fffffffffffffffff ffffffff ffffffff“

H spani c
7. 71 3. 63 11. 34
68.00 , 32.00,

, 11.49 , 11.03,
FEFFFFFFfFFffrffe” ffffffff ffffffff”

Tot al 441
67. 12 32. 88 100. 00

Frequency Mssing = 4

STATI STI CS FOR TABLE OF RACEDEF BY PTRI AL

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
i - Squar e

Li kel i hood Rati o Chi-Square 2 8 673 0 013
Mant el - Haenszel Chi- Square 1 5.031 0. 025
Phi Coefficient 0.141

Cont i ngency Coeffi ci ent 0. 140

Qamer's V 0. 141

Ef fective Sanple Size = 441
Frequency Mssing = 4



Table 17.2: Race of Defendant by Advance to Penalty
Trial (Last Case Sanpl e)

TABLE OF RACEDEF BY PTRI AL

RACEDEF PTRI AL( CASE ADVANCED TO PENALTY TR AL)
Frequency

Per cent

Row Pct s

Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff" 136

18. 59 12. 24 30. 84
60.29 , 39.71,

, 26.62 , 40.60 ,
fIEEFFFrFrreffrree” ffffffff ffffffff‘
African Anerican , 255

43. 54 14. 29 57.82
75.29 , 24.71,

, 62.34, 47.37 ,
fffffffffffffffff ffffffff ffffffff‘

H spani ¢ 50
7. 71 3. 63 11. 34
68.00 , 32.00 ,
11.04 , 12.03,

fffffffffffffffffiffffffff‘ffffffff‘
Tot al 308 133 441
69. 84 30.16  100.00

Frequency Mssing = 4

STATI STI CS FCR TABLE OF RACEDEF BY PTRI AL

Statistic DF Val ue Prob
FEFEffEfrrfefrfrffefrffefrfrefrfrfrefifrffrfrefrfrfrres
hi - Squar e 2 9. 565 0. 008
Li kel i hood Rati o Chi-Square 2 9. 415 0. 009
Mant el - Haenszel hi- Square 1 4.073 0. 044
Phi Coef fi ci ent 0. 147
Cont i ngency Coef fi ci ent 0.146
Qaner's V 0. 147

Effective Sanple Size = 441
Frequency Mssing = 4



Tabl e 18.1: African Anerican/ Wite Defendant By
Advance to Penalty Trial (First Case Sanple)

TABLE CF BLACKD BY PTR AL

BLACKD( BLACK DEFENDANT)
PTRI AL( CASE ADVANCED TO PENALTY TR AL)
Frequency
Per cent
Row Pct ,
Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff 136

19. 95 14. 83 34. 78
57.35, 42.65,
, 29.77 , 44.96 ,
fIEFFFFFFfFrffrffse” ffffffff ffffffff
African Anerican , 255
47 06 18. 16 65. 22
72.16 , 27.84
, 70.23, 55.04,
fEEFFFFrfrrerrere” ffffffff ffffffff
Tot al 391
67. 01 32. 99 100. 00

Frequency Mssing = 54

STATI STI CS FCR TABLE CF BLACKD BY PTRI AL

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff

Chi - Square

Li kel i hood Rati o Chi-Square 1 8 654 0 003

Continuity Adj. Chi-Square 1 8. 136 0. 004

Mant el - Haenszel Chi- Square 1 8.770 0. 003

Fi sher's Exact Test (Left) 2.31E 03
(R ght) 0.999
(2-Tail) 3. 40E 03

Phi Coefficient -0.150

Cont i ngency Coeffi cient 0.148

Qaner's V -0. 150

Effective Sanple Size = 391
Frequency M ssing = 54
WARNI NG 12% of the data are m ssing.



Tabl e 18.2: African Anerican/ Wi te Defendant By
Advance to Penalty Trial (Last Case Sanple)

TABLE CF BLACKD BY PTR AL

BLACKD( BLACK DEFENDANT)
PTR AL( CASE ADVANCED TO PENALTY TRI AL)

Frequency

Per cent

Row Pct s

Col Pct 0, 1, Total

fffffffffffffffff ffffffff ffffffff" 136

20. 97 , 13. 81 , 34.78
60.29 , 39.71,

, 29.93, 46.15,
fIEFFFFFfrFrefrrre” ffffffff ffffffff‘
African Anerican , 255

49, lO 16. ll , 65.22
75.29 , 24.71,

, 70.07, 53.85,
fIEFFFFrfrrerffre” ffffffff ffffffff‘

Tot al 391
70. 08 29. 92 100. 00

Frequency Mssing = 54

STATI STI CS FCR TABLE CF BLACKD BY PTRI AL

Statistic DF Val ue Prob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Square 1 0. 002
L| keI i hood Ratio Chi-Square 1 9 325 0. 002
Continuity Adj. Chi-Square 1 8.815 0. 003
Mant el - Haenszel Chi- Square 1 9.493 0. 002
Fisher's Exact Test (Left) 1. 63E- 03
(Right) 0.999
(2-Tail) 2.54E 03
Phi Coefficient -0. 156
Cont i ngency Coeffi ci ent 0. 154
Oaner's V -0. 156

Effective Sanple Size = 391
Frequency M ssing = 54
WARNI NG 12% of the data are missing.



Table 19.1: Logistic Regression Advance to Penalty
Trial (Race of Defendant, First Case Sanple)

The LOJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nurber of Cbservations: 393

Li nk Function: Logit

Response Profile

O dered
Value PTR AL Count
1 1 131
2 0 262

WARNI NG 52 observation(s) were del eted due to missing values for the response or explanatory
vari abl es.

Model Fitting Information and Testing A obal Null Hypothesis BETA=0

I nt er cept
I nter cept and

Oiterion nly Covari at es Chi- Square for Covari ates

AC 502. 300 472. 180

SC 506. 274 511.919 .

-2 LG L 500. 300 452. 180 48.120 with 9 DF (p=0.0001)

Score . . 46.889 with 9 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Esti mate Ratio
INTERCPT 1 -0. 5813 0.5102 1.2981 0. 2546 . .
BLACKD 1 -0. 0423 0. 3181 0.0177 0. 8942 -0. 011426 0. 959
H SPD 1 -0. 0230 0. 4422 0. 0027 0. 9585 -0. 004010 0.977
VWH TVI C 1 1. 0602 0. 3205 10. 9437 0. 0009 0. 289762 2. 887
HSPAVIC 1 0. 6569 0. 4287 2. 3477 0. 1255 0.119801 1.929
| NTENT 1 -0. 4988 0. 2166 5. 3028 0. 0213 -0. 148894 0. 607
VICPLEAD 1 0. 6807 0. 3288 4. 2867 0. 0384 0.126271 1.975
LONGATAK 1 0. 3071 0. 2637 1. 3563 0. 2442 0. 074089 1. 360
VAFPRC 1 0.5270 0. 2715 3.7678 0. 0522 0.119272 1.694
V5DPRC 1 -0. 3152 0. 2416 1.7023 0. 1920 -0. 086269 0. 730



Tabl e 19.2: Logistic Regression Advance to Penalty
Trial (Race of Defendant, Last Case Sanpl e)

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Variable: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 393

Link Function: Logit

Response Profile

O dered
Val ue PTRI AL Count
1 1 119
2 0 274

WARNI NG 52 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing G obal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Citerion ly Covari at es Chi-Square for Covari ates

AC 483. 989 459. 900

SC 487. 963 499. 638 .

-2 LG L 481. 989 439. 900 42.089 with 9 DF (p=0.0001)

Score . . 40.964 with 9 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti nates
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -0.5764 0.5204 1. 2265 0. 2681 . .
BLACKD 1 -0. 1559 0. 3195 0. 2381 0. 6256 -0. 042105 0. 856
H SPD 1 0. 0330 0.4414 0. 0056 0. 9404 0. 005742 1.034
VWH TVI C 1 0. 9556 0. 3240 8. 6998 0. 0032 0.261172 2. 600
HSPAVIC 1 0.7110 0. 4332 2.6942 0. 1007 0. 129672 2.036
| NTENT 1 -0.5601 0.2223 6. 3489 0.0117 -0. 166642 0.571
VICPLEAD 1 0.4103 0.3313 1.5338 0. 2155 0.076122 1. 507
LONGATAK 1 0.1163 0.2701 0. 1855 0. 6667 0. 028145 1.123
VAFPRC 1 0. 6117 0. 2700 5.1326 0. 0235 0. 139027 1.844
V5DPRC 1 -0.0716 0.2441 0. 0861 0.7692 -0. 019673 0.931



Tabl e 20.1: Logistic Regression Advance to Penalty
Trial (African Arerican/ Wite Def., First Case Sanpl e)

The LOJ STI C Procedure

Data Set: WIRK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nurber of Cbservations: 349

Li nk Function: Logit

Response Profile

O dered
Val ue PTR AL Count
1 1 116
2 0 233

WARNI NG 96 observation(s) were del eted due to missing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and
Oiterion nly Covari at es Chi- Square for Covari ates
AC 445. 823 418. 331
SC 449. 678 453. 026 .
-2 LOG L 443.823 400. 331 43.493 with 8 DF (p=0.0001)
Score . . 42.732 with 8 DF (p=0.0001)
Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Gdds
Variable DF Estimate Error Chi -Square  Chi -Square Estinmate Ratio
INTERCPT 1 -0.7942 0.5335 2.2158 0. 1366 . .
BLACKD 1 -0. 0812 0.3221 0. 0635 0.8011 -0. 020918 0.922
VWH ™ C 1 1. 0010 0. 3170 9. 9708 0. 0016 0. 274777 2.721
| NTENT 1 -0. 3271 0. 2269 2.0777 0. 1495 -0. 098465 0.721
VICPLEAD 1 0. 6535 0. 3374 3.7523 0. 0527 0. 124269 1.922
DOTHKILS 1 0. 4027 0. 4276 0. 8866 0. 3464 0. 060392 1. 496
LONGATAK 1 0. 1827 0. 2796 0. 4270 0.5135 0. 044128 1. 200
V4FPRC 1 0. 5940 0. 2867 4. 2936 0. 0383 0. 136003 1.811
V5DPRC 1 -0. 2859 0. 2547 1. 2600 0. 2617 -0. 078264 0.751



Tabl e 20.2: Logistic Regression Advance to Penalty
Trial (African Amrerican/ Wiite Defendant, Last Case
Sanpl e)

The LOQ STI C Procedure

Data Set: WORK NEW

Response Vari abl e: PTRI AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 349

Li nk Function: Logit

Response Profile

O dered
Val ue PTRI AL Count
1 1 104
2 0 245

WARNI NG 96 observation(s) were del eted due to missing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypothesis BETA=0

I nt er cept
I nt ercept and
Citerion ly Covari at es Chi- Square for Covari ates
AC 427. 190 405. 540
SC 431. 045 440. 236 .
-2 LOG L 425,190 387. 540 37.650 with 8 DF (p=0.0001)
Score . . 37.314 with 8 DF (p=0.0001)
Anal ysi s of Maxi num Li kel i hood Esti mates
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estinmate Ratio
I NTERCPT 1 -0.7688 0. 5455 1. 9859 0. 1588 . .
BLACKD 1 -0.2163 0.3243 0. 4452 0. 5046 -0. 055761 0. 805
VWH TVI C 1 0.8718 0. 3202 7.4112 0. 0065 0. 239308 2.391
| NTENT 1 -0. 3801 0.2331 2.6589 0. 1030 -0.114011 0. 684
VICPLEAD 1 0.3619 0. 3409 1.1272 0.2884 0. 068820 1.436
DOTHKILS 1 0. 3898 0. 4317 0.8154 0. 3665 0. 058462 1. 477
LONGATAK 1 -0. 0482 0.2883 0. 0280 0.8672 -0.011685 0.953
VAFPRC 1 0. 6926 0. 2861 5.8617 0. 0155 0. 159305 1. 999
V5DPRC 1 -0. 0185 0. 2581 0. 0051 0. 9429 -0. 005078 0.982



Table 21.1: Race of VictimBy Advance to Penalty Tri al
First Case Sanpl e)

TABLE CF RACEVI C BY PTRI AL
RACEVI C PTR AL( CASE ADVANCED TO PENALTY TRI AL)

Frequency
Per cent
Row Pct ,
Col Pct 0, 1, Total
fffffffffffffffff fEEFFFFf ffffffff"
Wite , 114 203
26.51, 20. 70 47.21
56.16 , 43.84 ,
, 39.72, 62.24,
fIEFFFFfffreffrre” ffffffff ffffffff
African Anerican , 174
31. 40 9. 07 40. 47
77.59 , 22.41 ,
, 47.04 , 27.27 ,
fffffffffffffffff ffffffff ffffffff
H spani ¢ 53
8. 84 3. 49 12. 33
71.70 , 28.30,
, 13.24 , 10.49 ,
FEFFEfrerefrfrff FEFFeref FEfrFrfre
Tot al 287 143
66. 74 33.26 100.00

Frequency Mssing = 15

STATI STI CS FCR TABLE OF RACEVI C BY PTRI AL

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Square 0. 001

L| keI i hood Ratio Chi-Square 2 20 286 0. 001

Mant el - Haenszel Chi- Square 1 12. 835 0. 001

Phi Coef fi ci ent 0.216

Cont i ngency Coef fi ci ent 0.211

Qaner's V 0. 216

Ef fective Sanple Size = 430
Frequency Mssing = 15



Tabl e 21.2: Race of VictimBy Advance to Penalty Tri al
Last Case Sanpl e)

TABLE CF RACEVIC BY PTRI AL
RACEVI C PTR AL( CASE ADVANCED TO PENALTY TRI AL)

Frequency

Per cent

Row Pct )

Col Pct Tot al

fffffffffffffffff ffffffff ffffffff

Wite 203
28 14 19. 07 47.21
59.61 , 40.39,

, 40.47 , 62.60 ,
FEEFEFFFFFfffffff ffffffff ffffffff“
African Anerican , 174

32. 56 7. 91 40. 47
80.46 , 19.54 ,

, 46.82, 25.95,
fffffffffffffffff ffffffff ffffffff“

H spani c 53
8. 84 3. 49 12.33
71.70 , 28.30,

, 12.71, 11.45,
FEEFEFFrfrofrefre FEFFIFFE-FIFAFFFf
Tot al 299 131 430

69. 53 30.47 100. 00

Frequency M ssing = 15

STATI STICS FCR TABLE CF RACEVI C BY PTR AL

Statistic DF Val ue Pr ob
ffffffffffffffffffffffffffffffffffffffffffffffffffffff
Chi - Square

Li kel i hood Rati o Chi-Square 2 19 758 0 001
Mant el - Haenszel Chi- Square 1 10. 493 0. 001
Phi Coefficient 0.212

Cont i ngency Coeffi cient 0. 208

Craner's V 0. 212

Ef fecti ve Sanple Size = 430
Frequency Mssing = 15



Tabl e 22.1: African American/Wite Victi mBy Advance
to Penalty Trials (First Case Sanpl e)

TABLE CF WH TVIC BY PTRI AL

VWH TV Q ONE R MORE WH TE M CTI MB)
PTRI AL( CASE ADVANCED TO PENALTY TRI AL)
Frequency
Per cent
Row Pct )
Col Pct 1, Total
Riiliiiiiiiliiiiia ffffffff ffffffff
African Anerican , 135 , 174
35.81, 10. 34 46. 15
77.59 , 22.41,
, 54.22 , 30.47 ,
fffffffffffffffff ffffffff ffffffff
Wite , 203
30 24 23. 61 53. 85
56.16 , 43.84 ,
45.78 , 69.53 ,

sl
Tot al 249 128 377
66.05  33.95 100.00

Frequency M ssing = 68

STATI STICS FCR TABLE OF VH TVI C BY PTRI AL

Statistic DF Val ue Prob

ffffffffffffffffffffffffffffffffffffffffffffffffffffff

Chi - Square

Li kel i hood Ratio Chi-Square l 19 601 0 001

Continuity Adj. Chi-Square 1 18. 241 0. 001

Mant el - Haenszel Chi- Square 1 19. 134 0. 001

Fi sher's Exact Test (Left) 1. 000
(Rght) 8. 06E- 06
(2-Tail) 1. 20E 05

Phi  Coef fi ci ent 0.226

Cont i ngency Coeffi cient 0.220

Qamer's V 0. 226

Effective Sanple Size = 377
Frequency M ssing = 68
WARNI NG 15% of the data are m ssing.



Tabl e 22.2: African Amrerican/Wite VictimBy Advance
to Penalty Trial (Last Case Sanpl e)

TABLE CF WH TVIC BY PTRI AL

WA TVI O ONE CR MORE WA TE VI CTI MB)
PTR AL( CASE ADVANCED TO PENALTY TR AL)
Frequency
Per cent
Row Pct ,
Col Pct , 0, 1, Total
FEEFFFFErfrefreef Frrrfrre FEFFFffFf
African Anerican , 140 , 34, 174
37.14 9.02, 46.15
80.46 , 19.54 ,
53.64 , 29.31,

FEFFEEERFEERTEE FRFFEFEE FEAFFEFE
Wi te , 121 , 82 , 203
32.10, 21.75, 53.85
59.61 , 40.39
, 46.36, 70.69,
TEEFFFEfrereerer FrerrereFefreree”
| 261 116

Tot al 377

69. 23 30.77  100.00

Frequency Mssing = 68

STATI STICS FCR TABLE GF VH TVI C BY PTRI AL

Statistic DF Val ue Prob
FEEFEfrfffrfrffrrfrfffrffrffefrrffrffrffrffrefrefrefr
Chi - Squar e 1 19. 128 0.001
Li kel i hood Rati o Chi-Square 1 19. 623 0. 001
Continuity Adj. Chi-Square 1 18. 161 0. 001
Mant el - Haenszel Chi- Square 1 19. 077 0. 001
Fisher's Exact Test (Left) 1. 000
(R ght) 8. 12E- 06
(2-Tail) 1. 19E 05
Phi Coefficient 0. 225
Conti ngency Coefficient 0.220
Qamer's V 0.225

Ef fective Sanple Size = 377
Frequency M ssing = 68
WARNI NG 15% of the data are missing.



Tabl e 23.1: Logistic Regression Advance to Pen. Tri al
Race of Victim First Case Sanple)
The LOd STI C Procedure
Data Set: WORK NEW
Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2
Nurmber of Chservations: 385
Li nk Function: Logit
Response Profile
O dered
Val ue PTR AL Count
1 1 130
2 0 255
WARNI NG 60 observation(s) were del eted due to mssing values for the response or explanatory
vari abl es.
Mbdel Fitting Information and Testing dobal Null Hypothesis BETA=O
I ntercept
I nt er cept and
Oiterion ly Covari at es Chi- Square for Covari ates
AC 494. 394 465. 820
SC 498. 347 521. 166 .
-2 LOG L 492. 394 437. 820 54.574 with 13 DF (p=0.0001)
Score . 52.580 with 13 DF (p=0.0001)
Anal ysi s of Maximum Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds
Variable DF Estinate Error Chi -Square  Chi -Square Estinmate Ratio
| NTERCPT 1 -0.5918 0. 5317 1.2387 0. 2657 . .
VWH TVI C 1 0.9414 0. 3379 7. 7599 0. 0053 0. 257900 2.564
HSPAVIC 1 0. 4208 0. 4482 0.8812 0. 3479 0. 078089 1.523
BLACKD 1 -0. 0375 0. 3291 0. 0130 0.9093 -0. 010125 0. 963
H SPD 1 0. 1599 0. 4567 0.1226 0. 7262 0. 027524 1.173
V5EPRC 1 1. 0949 0. 6427 2.9021 0. 0885 0.109181 2.989
V5DPRC 1 -0. 2316 0. 2463 0. 8842 0. 3471 -0. 063307 0.793
VAFPRC 1 0. 5597 0. 2815 3.9540 0. 0468 0.126510 1. 750
VABPRC 1 -0.7725 0. 3858 4. 0081 0. 0453 -0.161678 0. 462
LONGATAK 1 0. 0892 0. 2875 0. 0963 0. 7564 0. 021449 1. 093
RACE 1 0. 3002 0. 3073 0.9543 0. 3286 0. 065973 1. 350
VICPLEAD 1 0. 7568 0. 3368 5. 0492 0. 0246 0. 140449 2.131
VBEAT 1 -0. 0888 0. 2725 0.1063 0. 7444 -0. 022275 0.915
| NTENT 1 -0. 4236 0.2198 3.7145 0. 0539 -0. 126674 0. 655



Tabl e 23.2: Logistic Regression Advance to Penalty
Trial (Race of Victim Last Case Sanple)

The LOGJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 379

Li nk Function: Logit

Response Profile

O dered
Val ue PTR AL Count
1 1 114
2 0 265
WARNI NG 66 observation(s) were del eted due to mssing values for the response or explanatory

vari abl es.

Model Fitting Information and Testing G obal Null Hypothesis BETA=0

I nt er cept
I nt ercept and

Citerion ly Covari at es Chi-Square for Covari ates

AC 465. 542 446. 439

SC 469. 480 505. 502 .

-2 LGG L 463. 542 416. 439 47.103 with 14 DF (p=0.0001)

Score . . 45.620 with 14 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti nates
Par anet er St andard wal d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Estinmate Ratio
INTERCPT 1 -0.5583 0. 5515 1.0251 0.3113 . .
VWH TVI C 1 0. 8927 0. 3440 6.7342 0. 0095 0. 244962 2.442
HSPAVIC 1 0. 4269 0. 4633 0. 8490 0. 3568 0. 076956 1.532
BLACKD 1 -0. 1902 0.3314 0. 3295 0. 5659 -0. 051299 0.827
H SPD 1 0. 0280 0. 4702 0. 0035 0. 9526 0. 004637 1.028
V5DPRC 1 -0. 0560 0. 2531 0. 0490 0.8248 -0. 015354 0. 946
VAFPRC 1 0. 6424 0.2939 4.7769 0. 0288 0. 144719 1.901
V4BPRC 1 -0. 5666 0. 4004 2.0025 0. 1570 -0.117898 0.567
VACPRC 1 0.8123 0. 3569 5.1816 0. 0228 0. 168000 2.253
LONGATAK 1 -0.1376 0. 3045 0.2042 0. 6514 -0.033148 0.871
RAGE 1 0. 0384 0.3287 0.0136 0.9071 0. 008309 1. 039
VICPLEAD 1 0.1262 0.3616 0.1218 0.7271 0. 023163 1.134
VBEAT 1 -0.2399 0.2944 0. 6641 0.4151 -0. 060428 0.787
| NTENT 1 -0. 4861 0. 2306 4. 4436 0. 0350 -0. 145426 0. 615
PRICROON 1 0. 00386 0. 0246 0. 0247 0. 8752 0. 010262 1. 004



Table 24.1: Logistic Regression Advance to Penalty
Trial (Wite/African Arerican Victim First Case
Sanpl e)

The LOAQ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 335

Li nk Function: Logit

Response Profile

O dered
Val ue PTRI AL Count
1 1 115
2 0 220

WARNING 110 observation(s) were del eted due to missing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 432.937 399. 011

SC 436. 751 448. 595 .

-2 LG L 430. 937 373.011 57.926 with 12 DF (p=0.0001)

Score . . 55.704 with 12 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andard wal d Pr > St andar di zed Qdds

Variable DF Estinmate Error Chi -Square  Chi -Square Estinmate Ratio
| NTERCPT 1 -1.1115 0. 5836 3.6272 0. 0568 . .
VH TVI C 1 1.1037 0. 3547 9. 6801 0. 0019 0. 304680 3.015
BLACKD 1 0. 0445 0. 3558 0. 0157 0. 9004 0. 011832 1. 046
H SPD 1 -0. 4860 0. 6070 0. 6410 0. 4233 -0. 060507 0. 615
V5DPRC 1 -0. 2292 0.2716 0.7123 0. 3987 -0. 062663 0.795
VAFPRC 1 0. 6931 0. 3032 5.2244 0. 0223 0.161014 2.000
VACPRC 1 1. 3097 0. 3600 13. 2340 0. 0003 0. 287637 3.705
VABPRC 1 -0. 4887 0. 4140 1.3938 0. 2378 -0. 100685 0.613
LONGATAK 1 -0. 1297 0. 3240 0. 1602 0. 6889 -0. 031514 0. 878
RAGE 1 0. 2490 0. 3309 0.5663 0. 4517 0. 055001 1.283
VICPLEAD 1 0. 3661 0. 3623 1.0213 0. 3122 0. 070833 1. 442
VBEAT 1 -0.2778 0. 3072 0. 8181 0. 3657 -0. 070790 0. 757
| NTENT 1 -0. 2549 0. 2350 1.1760 0. 2782 -0. 077860 0. 775



Tabl e 24.2: Logistic Regression Advance to Penalty
Trial (White/African Anerican Victim Last Case
Sanpl e)

The LOQ STI C Procedure

Data Set: WRK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 333

Li nk Function: Logit

Response Profile

Q dered
Value PTR AL Count
1 1 102
2 0 231

WARNI NG 112 observation(s) were deleted due to mssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing Qobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Citerion ly Covari at es Chi-Square for Covari ates

AC 412.331 399. 698

SC 416. 140 453. 012 .

-2 LG L 410. 331 371. 698 38.634 with 13 DF (p=0.0002)

Score . . 37.512 with 13 DF (p=0.0003)

Anal ysi s of Maxi num Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi-Square Estimate Rati o
INTERCPT 1 -1.0189 0. 5806 3.0799 0.0793 . .
VWA TVI C 1 1. 0426 0. 3543 8. 6579 0. 0033 0. 287812 2.837
BLACKD 1 -0.0144 0. 3491 0. 0017 0.9671 -0. 003826 0. 986
H SPD 1 -0. 3790 0.5973 0. 4025 0. 5258 -0. 047315 0. 685
V5DPRC 1 -0.0748 0.2703 0. 0766 0.7819 -0. 020529 0.928
VAFPRC 1 0. 6460 0. 3034 4.5342 0. 0332 0. 149700 1.908
VACPRC 1 0. 7220 0. 3776 3. 6560 0. 0559 0. 151202 2. 059
VABPRC 1 -0.3204 0.4111 0. 6072 0.4358 -0. 066162 0.726
LONGATAK 1 -0.1122 0. 3264 0.1183 0. 7309 -0. 027329 0.894
RAGE 1 0. 0745 0.3416 0. 0476 0. 8273 0. 016306 1. 077
VICPLEAD 1 0.0772 0. 3668 0. 0443 0. 8332 0. 014847 1. 080
VBEAT 1 -0. 0854 0. 3049 0. 0785 0.7794 -0. 021799 0.918
| NTENT 1 -0. 3320 0.2385 1.9371 0.1640 -0.101212 0.718
PRICROON 1 -0.00118 0. 0260 0. 0021 0. 9636 -0. 003195 0. 999



Table 25.1: County by Advance to Penalty Trial (First
Case Sanpl e)

TABLE CF COUNTY BY PTR AL

GOUNTY( COUNTY CF CONVI CTI QN
PTR AL( CASE ADVANCED TO PENALTY TRIAL)

Fr equency
Per cent
Row Pct
Col Pct Tot al
fffffffff ffffffff ffffffff 28
4. 49 1. 80 6.29
71.43 , 28.57 ,
, 6.69 , 5.48 ,
fffffffff ffffffff ffffffff 20
2. 47 2. 02 4.49
55.00 , 45.00 ,
, 3.68 , 6.16 ,
FEEFEFFEE FEFFIFEF FFFFFFff
3, 7, 6, 13
1.57 , 1.35, 2.92
53.85, 46.15,
2.34 , 4.11 ,
fffffffff ffffffff ffffffffA o
8. 54 2. 92 11. 46
74.51 , 25.49 ,
, 12.71 , 8.90 ,
FEEFEFFEE FEFFIFEF FFFFFFff
5, 9, 3, 12
2.02 , 0.67 , 2.70
75.00, 25.00,
, 3.01, 2.05 ,
FEEFFFFEf FEFFFFFF FAFFFFff
6, 8, 1, 9
1.80 , 0.22 , 2.02
88 89 11.11 ,
0.68 ,
fffffffff ffffffff ffffffff‘ o8

17. 75 4. 27 22.02
80.61 , 19.39 ,
, 26.42, 13.01,
FEFFFEfre FEFefrfrf FIFFFfFff
Tot al 299 146 445
67.19 32.81 100.00
(Cont i nued)



TABLE OF COUNTY BY PTRIAL (Conti nued)

COUNTY( COUNTY CF COW CTI ON)
PTRI AL( CASE ADVANCED TO PENALTY TRI AL)

Fr equency,
Per cent
Row Pct
Col Pct 1, Total
fffffffff ffffffff ffffffffA
1. 35 1. 57 2.92
46.15 , 53.85,
2.01 , 4.79 ,
fffffffff ffffffff ffffffffA a1
5. 17 , 1. 80 6.97
74.19 , 25.81 ,
, 7.69 , 5.48 ,
FEEFFFFFE FEFFFFfFf ffffffff‘
10 , 1, 2

0.22, O 22 0.45
50.00 , 50.00 ,
., 0.33, 0.68
FREEFErre FEfrefrf fFEfrffre
1, 12, 11,
270, 2.47, 5.17
52.17 , 47.83
, 401, 7.53,
FEEFEEEff FREfrfer FAFrffff
12, 7, 11, 18

1.57 , 2.47 , 4.04
38.89, 61.11 ,
2.34 , 7.53 ,

lilliisidiEiitiie
13, 6, 17, 23

1.35, 3.82 , 5.17
26.09 , 73.91,
2.01, 11.64,

fffffffff ffffffff ffffffff u

1. 35 1. 80 3.15
42.86 , 57.14 ,

, 2,01, 548,
FIFFFFffe ffffffff FIFFFFFE
Tot al 146 445

67 19 32.81  100.00
(Cont i nued)



TABLE OF COUNTY BY PTRI AL(Cont i nued)

GOUNTY( COUNTY CF CONVI CTI QN
PTRI AL( CASE ADVANCED TO PENALTY TRI AL)

Fr equency,
Per cent
Row Pct
Col Pct 0, 1, Total
FEEFEFFEE FEFFIFEF FFFFFFff
15 , 7, 5,
1.57 , 1.12 , 2.70
58.33 , 41.67 ,
, 2.34 , 3.42
FEEFEFFEE FEFFIFEF FFFFFFff
16 , 16 , 6, 22
3.60 , 1.35, 4.94
72.73 , 27.27,
, 5.35, 4.11 ,
FEEFFFFrEf FEFFFFFI"FFFFFff
17 , 1, 1 2

0.22. 0.22. 045
50.00 . 50.00
0.33. 068

fiiisidiinaiiiiia
18 , 2, 0,

, 045, 000, 0.45
, 100.00 ,  0.00

, 0.67, 0.00 ,

FEEFEEEff fRffrfer FAFrfFfff

19 , 5, 2,

1.12, 0.45, 1.57
71.43 , 28.57
, ler, 137
FEEEFFEEE FREFFEff FAFAfFff”
20 , 33, 7, 40
7.42, 1.57, 8.99
82.50 , 17.50

, 11.04 , 4.79 ,
FEEFEEFrf FRferfee FEfrffff
21, 2, 3,

0.45 , 0.67 , 1.12
40.00 , 60.00 ,

., 0.67, 205
FEFEFFEFEFEfrrecrf frefrere”
Total 299 146 445

67.19 32.81  100.00



Tabl e 25.2: County by Advance to Penalty Tri al

Case Sanpl e)

TABLE CF COUNTY BY PTR AL

COUNTY( COUNTY OF CCNMI CTI ON)

PTR AL( CASE ADVANCED TO PENALTY TRIAL)

Fr equency,
Per cent
Row Pct
Col Pct 0, 1, Total
FEEFFFFre FEFFAFFE FFFFFFFf
1, 22 , 6 28

494 1.35. 6.

78.57 , 21.43
, 7.07, 4.48

FEEEFFEFEFEfrFFeff fFffrefre”
2, 12, 8

2.70. 1.80. 4.

60.00 , 40.00 ,
3.86 , 5.97 ,

iidiigiiiinaiiiiiia
3, 7 6

1.57, 1.35, 2.

53.85, 46.15
. 2.25, 4.48

frEFEfFef FAEfFrefe FEFEFFff”
4, a1, 10

9.21, 225, 1.1
80.39 , 19.61
, 1318, 7.46,
ffffffféf"ffffffgf‘ffffffgf‘

2.02 , 0.67 , 2.

75.00 , 25.00 ,

29

20
49

13
92

51
46

12
70

. 2.89, 224
frEFEEFef fffrefre fEFFFfff”
6, 8, 1, 9
1.80, 0.22, 202
88.89 , 11.11
, 2.57, 0.75
fEEFEErrf frffeere FAFFFffS
7, 80 , 18 , 98
17.98 , 4.04, 22.02
81.63, 18.37
, 25.72, 13.43
TEEFfErff fEffefrf FAFFfFfff
Total 311 134 445
69.89  30.11  100.00

(Cont i nued)

(Last



TABLE OF COUNTY BY PTRIAL (Conti nued)

COUNTY( COUNTY CF CONVI CTI QN
PTRI AL( CASE ADVANCED TO PENALTY TRI AL)

Fr equency,
Per cent
Row Pct
Col Pct 1, Total
fffffffff ffffffff ffffffffA
1. 57 1. 35 2.92
53.85, 46.15,
2.25 , 4.48 ,
fffffffff ffffffff ffffffffA a1
5. 17 1. 80 6. 97
74.19 , 25.81 ,
, 7.40 , 5.97 ,
FEFFFFFFE FEFFFFfFf ffffffff‘
10, 1, 2

0.22 , 0. 22 0. 45
50.00 , 50.00 ,
0.32 0.75 ,

fiiliisidiusiiiin
11, 14 , 9

3.15, 202, 5.17
60.87 , 39.13
., 450, 6.72,
FEEFEEEff FRffrrffe FAFrffff
12, 8, 10 , 18

1.80 , 2.25, 4.04
44.44 | 55.56 ,
2.57 , 7.46 ,

lilliisidiliaiitin
13, 6, 17, 23

1.35, 3.82 , 5.17
26.09 , 73.91,
1.93, 12.69,

fffffffff ffffffff ffffffff u

1. 35 1. 80 3.15
42.86 , 57.14 ,

, 193, 5097,
FIFFFFffe ffffffff Titlilia
Tot al 134 445

69 89 30.11  100. 00
(Cont i nued)



TABLE OF COUNTY BY PTRIAL (Conti nued)

COUNTY( COUNTY CGF CONVI CTI ON)
PTRI AL( CASE ADVANCED TO PENALTY TRI AL)

Fr equency,
Per cent
Row Pct
Col Pct 0, 1, Total
FEEFEFFEE FEFFIFEF FFFFFFff
15 , 7, 5,
1.57 , 1.12 , 2.70
58.33 , 41.67 ,
, 2.25 , 3.73 ,
FEEFEFFEE FEFFIFEF FFFFFFff
16 , 16 , 6,
3.60 , 1.35, 4.94
72.73 , 27.27,
, 5.14 , 4.48 ,
FEEFFFFrEf FEFFFFFF" FFFFFff
17 , 1, 1, 2
0.22 , 0.22 , 0. 45
50.00 , 50.00 ,
, 0.32 , 0.75 ,
FEEFFFFrEf FEFFFFfFF FIFFFFff
18 , 2, 0, 2
, 0.45 , 0.00 , 0. 45
, 100. 00 , 0.00 ,
, 0.64 , 0.00 ,
FEEFFFFrf FEFFFFff FFFFFff
19 , 5, 2, 7
1.12 , 0.45 1.57
71.43 , 28.57,
, 1.61 , 1.49 ,
FEFFFEEre FEFEFEf FIFFFfFff
20 , 33, 7, 40
7.42 , 1.57 , 8.99

82.50 , 17.50 ,
10.61 , 5.22 ,

liililisidiiaiiidia
21, 3, 2,

5
0.67, 0.45, 112
60.00 , 40.00
, 0.96, 1.49
FEEEFFEFE FEfrFeff fFeqreqre”
Tot al 311 134 445

69. 89 30.11  100.00



Tabl e 26.1: Logi stic Regression Advance to Penalty
Trial (Race of Victim First Case); Wth County Rate
Cont r ol

The LOGQ STI C Procedure
Data Set: WORK NEW
Response Vari abl e: PTR AL CASE ADVANCED TO PENALTY TRI AL
Response Levels: 2
Nunber of Chservati ons: 385
Li nk Function: Logit
Response Profile

O dered
Value PTRIAL Count
1 1 130
2 0 255
WARNI NG 60 observation(s) were del eted due to missing values for the response or explanatory

vari abl es.

Mbdel Fitting Infornation and Testing A obal Null Hypothesis BETA=0

I ntercept
I ntercept and

Citerion ly Covari at es Chi- Square for Covari ates

AC 494. 394 443. 756

SC 498. 347 503. 055 .

-2 LG L 492. 394 413. 756 78.638 with 14 DF (p=0.0001)

Scor e . . 76.224 with 14 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti mates
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estinate Error Chi -Square  Chi -Square Estinate Rati o
INTERCPT 1 -1.9152 0. 6227 9. 4593 0. 0021 . .
VWH TVI C 1 0.5871 0. 3595 2.6673 0.1024 0.160851 1.799
HSPAVIC 1 0. 4352 0.4618 0. 8882 0. 3460 0. 080771 1. 545
BLACKD 1 0. 1766 0. 3486 0. 2567 0. 6124 0. 047719 1.193
H SPD 1 0. 3820 0. 4757 0. 6448 0.4220 0. 065737 1. 465
V5EPRC 1 0.9184 0. 6580 1.9482 0.1628 0. 091577 2.505
V5DPRC 1 -0. 1399 0. 2548 0. 3012 0. 5831 -0. 038239 0. 869
VAFPRC 1 0. 5037 0. 2952 2.9119 0. 0879 0. 113844 1. 655
VABPRC 1 -0.6103 0. 3928 2.4147 0.1202 -0.127737 0. 543
LONGATAK 1 0.1827 0.2967 0. 3795 0.5379 0. 043943 1.200
RAGE 1 0.2080 0.3192 0. 4247 0. 5146 0. 045710 1.231
VICPLEAD 1 0. 8271 0. 3491 5.6126 0.0178 0. 153490 2.287
VBEAT 1 -0.2682 0. 2876 0. 8695 0.3511 -0. 067246 0. 765
| NTENT 1 -0.3774 0. 2308 2.6734 0. 1020 -0. 112869 0. 686
RATE 1 3.7375 0. 7830 22.7828 0. 0001 0. 343870 41. 994



Table 26.1.1: Logistic Regression Advance to Penalty
(Race of Victim First Case Sanple);
Vari abl e County Contr ol

The LOJ STI C Procedure

Tri al

Data Set:
Response Variabl e: PTR AL
Response Levels: 2

Nurber of Cbservations:

WWORK. NEW

Li nk Function: Logit

ad

CASE ADVANCED TO PENALTY TR AL

385

Response Profile

ered

Value PTR AL

1
2

1
0

Count

130
255

wi th Dummy

WARNI NG 60 observation(s) were deleted due to mssing values for the response or explanatory
vari abl es.

Vari abl e

| NTERCPT
VWH TVI C
H SPAVI C
BLACKD
H SPD
V5DPRC
V5EPRC
VAFPRC
VABPRC
LONGATAK
RAGE

VI CPLEAD
VBEAT

I NTENT
OCOUNTY
COUNTY1
COUNTY2
COUNTY4
COUNTY9
COUNTY11
COUNTY12
COUNTY13
COUNTY16
COUNTY20

Model

Citerion

AC
SC

-2 LG L

Score

g

RPRRPRPRPRPRPRPRRPRRRERPEPRPRRRPRRERRERREPRPRPRRE

I nt er cept
ly

494. 394
498. 347
492. 394

I nt er cept

and

Covari at es

464. 243
559. 120
416. 243

Fitting Informati on and Testing A obal

Nul 1

Hypot hesi s BETA=0

Chi-Square for Covari ates

76.151 with 23 DF (

=0. 0001)

p=0
73.527 with 23 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti mates

Par anet er St andard

Estinmate Error
0809 0. 6274
5902 0.3743
3518 0. 4681
1038 0. 3548
1809 0. 4859
1763 0. 2565
1320 0. 6675
5246 0. 2986
6067 0. 3940
. 1533 0. 2999
1922 0. 3249
8818 0. 3492
2591 0. 2906
4280 0.2314
6878 0. 4438
2705 0. 5909
3119 0. 6613
4005 0. 4547
4146 0. 5567
9001 0.5734
5643 0. 6609
3155 0. 6290
6658 0.5973
0502 0.5294

CONFP OOOFROO00000C0OORrOO0O00OR

val d
Chi - Squar e

-
CRPWUINOCOWONWOPOONWNOOOONN

9685
4860
5649
0855
1386
4723
8756
0866
3712
2612
3497
3758
7950
4219
4021
2096
9348
7756
5546
4640
6027
5528
2428
0090

Pr

>

Chi - Squar e

0
0

0. 0849
0.1149
0. 4523
0. 7699
0. 7097
0. 4919
0. 0899
0.0789
0.1236
0. 6093
0. 5543
0
0
0
0
0
0
0
0
0
0
0

0116

. 3726
. 0643

. 1212

. 6471
. 0473
. 3785
. 4565
. 1165
. 0179
. 0002

2649
9245

St andar di zed
Estinmate

000000000000 0000000000

161682
065293
028032
031131
048189
112875
118565
126979
036860
042222
163632
064972
128000
147266
035393
135566
073034
058449
112844
167103
290281
081572
0. 007963

Qdds
Ratio

804
422
109
198
838
102
690
545
166
212
415
772
652
989
311
713
493
514
460
779
130
946
1.051

CONRLPOP WORrEP PR,

-
PORNRPPORE



Tabl e 26.2: Logistic Regression Advance to Penalty
Trial (Race of Mictim Last Case Sanple); with County
Rate Contr ol

The LOA STI C Procedure
Data Set: WORK NEW
Response Vari abl e: PTR AL CASE ADVANCED TO PENALTY TRI AL
Response Levels: 2
Nunber of Cbservations: 379
Li nk Function: Logit
Response Profile

O dered
Val ue PTR AL Count
1 1 114
2 0 265
WARNI NG 66 observation(s) were del eted due to missing values for the response or expl anatory

vari abl es.

Mbdel Fitting Information and Testing Qobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 465. 542 423.138

SC 469. 480 486. 138 .

-2 LG L 463. 542 391. 138 72.405 with 15 DF (p=0.0001)

Score . . 71.719 with 15 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti mat es
Par anet er St andard Vval d Pr > St andar di zed Qdds

Variable DF Estinate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1.9051 0. 6432 8. 7740 0. 0031 . .
WH TVI C 1 0. 4909 0. 3672 1.7878 0.1812 0. 134720 1.634
HSPAVIC 1 0. 3651 0. 4836 0. 5698 0. 4503 0. 065812 1.441
BLACKD 1 0. 0423 0. 3534 0.0143 0.9047 0. 011412 1.043
H SPD 1 0. 2551 0.4978 0. 2627 0. 6083 0. 042301 1.291
V5DPRC 1 0.0118 0. 2636 0. 0020 0.9642 0. 003244 1.012
VAFPRC 1 0. 5997 0. 3091 3.7627 0. 0524 0. 135094 1.822
VA4BPRC 1 -0. 4054 0.4114 0. 9712 0. 3244 -0. 084371 0. 667
VACPRC 1 0. 8120 0.3711 4.7873 0. 0287 0. 167946 2.253
LONGATAK 1 -0. 0373 0.3147 0. 0140 0. 9057 -0. 008978 0. 963
RAGE 1 -0.0714 0. 3430 0. 0433 0.8352 -0. 015455 0.931
VICPLEAD 1 0.1932 0.3742 0. 2665 0. 6057 0. 035474 1.213
VBEAT 1 -0.3770 0. 3092 1. 4866 0.2227 -0. 094961 0. 686
| NTENT 1 -0. 4187 0.2429 2.9697 0. 0848 -0. 125256 0. 658
PRCORCON 1 0. 00351 0. 0256 0.0188 0. 8909 0. 009337 1. 004
RATE 1 4.0238 0.8283 23. 5997 0. 0001 0. 356645 55. 916



Tabl e 26.2.1: Logistic Regression Advance to Penalty
Trial (Race of Victim Last Case Sanple); wth Dumy
Vari abl e County Contr ol

The LOJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 379

Li nk Function: Logit

Response Profile

O dered
Val ue PTRI AL Count
1 1 114
2 0 265

WARNI NG 66 observation(s) were del eted due to missing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I ntercept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 465. 542 441. 648

SC 469. 480 540. 087 .

-2 LOG L 463. 542 391. 648 71.894 with 24 DF (p=0.0001)

Score . . 70.309 with 24 DF (p=0.0001)

The LOd STI C Procedure
Anal ysi s of Maxi mum Li kel i hood Esti mates
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estinate Error Chi -Square  Chi -Square Estimate Rati o
INTERCPT 1 -1. 1436 0. 6562 3.0372 0.0814 . .
VWH TVI C 1 0.5121 0. 3864 1.7561 0. 1851 0. 140523 1. 669
HSPAVIC 1 0. 2910 0. 4910 0.3514 0. 5533 0. 052469 1.338
BLACKD 1 -0.0111 0. 3603 0. 0009 0. 9755 -0. 002988 0. 989
H SPD 1 0. 0443 0. 5053 0. 0077 0. 9301 0. 007353 1. 045
V5DPRC 1 -0. 0192 0. 2655 0. 0052 0.9423 -0. 005263 0.981
VAFPRC 1 0.6170 0. 3130 3. 8850 0. 0487 0. 138997 1.853
VABPRC 1 -0. 3897 0. 4152 0. 8809 0. 3479 -0. 081098 0.677
VACPRC 1 0. 9050 0. 3761 5. 7890 0. 0161 0. 187177 2.472
LONGATAK 1 -0. 1091 0. 3192 0.1168 0. 7326 -0. 026282 0. 897
RAGE 1 -0. 0858 0. 3498 0. 0602 0. 8061 -0. 018589 0.918
VICPLEAD 1 0. 2464 0. 3756 0. 4304 0.5118 0. 045247 1.279
VBEAT 1 -0. 3911 0.3141 1. 5502 0.2131 -0. 098516 0.676
| NTENT 1 -0.4719 0. 2444 3.7279 0. 0535 -0. 141172 0. 624
PRICROON 1 0. 00260 0. 0260 0. 0100 0. 9204 0. 006906 1. 003
COUNTY1 1 0. 0215 0. 6649 0. 0010 0.9742 0. 002832 1.022
COUNTY2 1 1. 4155 0. 6501 4. 7407 0. 0295 0. 147386 4,118
COUNTY4 1 0. 3075 0. 5002 0. 3780 0. 5387 0. 055960 1. 360
OOUNTY9 1 0. 4790 0.5976 0. 6426 0. 4228 0. 066846 1.614
CONTY11 1 0. 8519 0. 5963 2.0414 0.1531 0. 107596 2.344
OCONTY12 1 1. 4015 0.6710 4. 3620 0. 0367 0. 150847 4. 061
OCONTY13 1 2.5517 0. 6474 15. 5358 0. 0001 0. 322273 12.829
OCOUNTY16 1 0. 9951 0. 6095 2. 6658 0.1025 0. 122822 2.705
OONTY20 1 0. 1570 0. 5467 0. 0825 0. 7740 0. 025095 1. 170
OCOUNTY 1 0. 8528 0. 4612 3.4186 0. 0645 0. 182697 2. 346

Tabl e 27.1: Logistic Regression Advance to Penalty
Trial (Wite/ African Anerican Victim First Case
Sanpl e): with County Rate Control

The LOQ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TRI AL
Response Levels: 2

Nunber of Cbservations: 335

Li nk Function: Logit

Response Profile



O dered

Value PTR AL Count
1 1 115
2 0 220

WARNI NG 110 observation(s) were del eted due to missing values for the response or expl anatory
vari abl es.

Mbdel Fitting Information and Testing A obal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Citerion ly Covari at es Chi- Square for Covari ates

AC 432. 937 384. 548

SC 436. 751 437. 946 .

-2 LG L 430. 937 356. 548 74.389 with 13 DF (p=0.0001)

Scor e . . 71.345 with 13 DF (p=0.0001)

Anal ysi s of Maxi mum Li kel i hood Esti nmat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estinmate Error Chi -Square  Chi -Square Estimate Ratio
| NTERCPT 1 -2.2378 0.6738 11. 0287 0. 0009 . .
VWH TVI C 1 0.7624 0. 3740 4. 1557 0. 0415 0. 210465 2.143
BLACKD 1 0.2155 0. 3740 0. 3321 0. 5644 0. 057259 1. 240
H SPD 1 -0.1372 0. 6333 0. 0469 0. 8285 -0.017081 0.872
V5DPRC 1 -0.1941 0. 2804 0.4791 0. 4888 -0. 053049 0.824
VAFPRC 1 0. 6557 0.3143 4.3511 0. 0370 0. 152328 1.927
VACPRC 1 1.2926 0. 3706 12. 1682 0. 0005 0. 283885 3.642
VABPRC 1 -0. 3847 0.4217 0. 8325 0. 3616 -0. 079262 0.681
LONGATAK 1 -0. 0442 0.3332 0.0176 0.8944 -0. 010751 0. 957
RAGE 1 0.1325 0. 3407 0.1513 0. 6973 0. 029270 1.142
VICPLEAD 1 0. 4302 0. 3698 1.3532 0. 2447 0. 083219 1.538
VBEAT 1 -0. 4417 0. 3194 1.9127 0.1667 -0. 112550 0.643
| NTENT 1 -0.1993 0. 2464 0. 6540 0. 4187 -0. 060875 0. 819
RATE 1 3. 2553 0.8180 15. 8384 0. 0001 0. 307983 25. 927



Table 27.1.1: Logistic Regression Advance to Penalty
Trial (Wite/ African Anerican Victim First Case
Sample); with Dumy Vari abl es County Contr ol

The LOQ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 335

Li nk Function: Logit

Response Profile

O dered
Value PTR AL Count
1 1 115
2 0 220

WARNI NG 110 observation(s) were del eted due to m ssing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing Qobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 432.937 401. 919

SC 436. 751 489. 644 .

-2 LGG L 430. 937 355. 919 75.018 with 22 DF (p=0.0001)

Score ) . 71.361 with 22 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti mat es
Par anet er St andar d Vel d Pr > St andar di zed Gdds

Variable DF Estimate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1. 6081 0. 6832 5.5398 0. 0186 . .
WH TVI C 1 0.7992 0. 3988 4. 0165 0. 0451 0. 220635 2.224
BLACKD 1 0. 1657 0.3843 0. 1859 0. 6664 0. 044021 1.180
H SPD 1 -0. 4216 0. 6404 0.4334 0.5103 -0. 052489 0. 656
V5DPRC 1 -0.2101 0. 2837 0. 5484 0. 4590 -0. 057436 0. 810
VAFPRC 1 0. 7058 0.3181 4.9226 0. 0265 0. 163956 2.025
VACPRC 1 1. 4209 0. 3808 13. 9235 0. 0002 0. 312060 4.141
V4BPRC 1 -0.3624 0. 4268 0.7210 0. 3958 -0. 074658 0. 696
LONGATAK 1 -0. 0813 0. 3436 0. 0559 0.8130 -0. 019747 0.922
RAGE 1 0. 1205 0. 3496 0.1188 0. 7304 0. 026606 1.128
VICPLEAD 1 0.4729 0.3713 1.6221 0.2028 0. 091478 1. 605
VBEAT 1 -0. 4831 0. 3276 2.1744 0.1403 -0. 123085 0. 617
| NTENT 1 -0.2475 0.2486 0.9912 0.3194 -0. 075618 0.781
COUNTY1 1 0. 2507 0.6174 0.1648 0. 6848 0. 034997 1.285
COUNTY2 1 1.1527 0.7042 2.6796 0.1016 0. 118284 3.167
COUNTY4 1 0. 3699 0. 5205 0. 5050 0. 4773 0. 063254 1. 448
OOUNTY9 1 0.5639 0. 6510 0. 7505 0. 3863 0. 072024 1.758
COUNTY11 1 0.9839 0.5911 2.7707 0. 0960 0.131687 2.675
COUNTY12 1 1. 2222 0. 7202 2.8801 0. 0897 0. 135045 3.395
COUNTY13 1 2.1535 0. 6569 10. 7481 0. 0010 0.281733 8.615
COUNTY16 1 1.1696 0.7140 2.6838 0.1014 0.124728 3.221
COUNTY20 1 0. 00193 0.5571 0. 0000 0.9972 0. 000308 1.002
OCOUNTY 1 0. 6313 0.4734 1.7784 0.1823 0. 139422 1.880



Tabl e 27.2: Logistic Regression Advance to Penalty
Trial (Wiite/ African Anerican Victim Last Case
Sanple): with County Rate Control

The LOJ STI C Procedure

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 333

Li nk Function: Logit

Response Profile

O dered
Val ue PTRI AL Count
1 1 102
2 0 231

WARNING 112 observation(s) were del eted due to missing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing A obal Null Hypothesis BETA=0

I nt er cept
I ntercept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 412.331 383.372

SC 416. 140 440. 495 .

-2 LGG L 410. 331 353.372 56.959 with 14 DF (p=0.0001)

Score . . 56.649 with 14 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi-Square Estimate Rati o
I NTERCPT 1 -2.2065 0.6731 10. 7471 0. 0010 . .
VWH TVI C 1 0. 6843 0. 3750 3.3299 0. 0680 0.188913 1.982
BLACKD 1 0. 1903 0. 3690 0. 2660 0. 6060 0. 050636 1.210
H SPD 1 -0.0117 0. 6276 0. 0003 0. 9852 -0. 001458 0. 988
V5DPRC 1 -0. 0401 0.2791 0. 0206 0. 8859 -0. 010989 0.961
VAFPRC 1 0. 6076 0. 3158 3.7028 0. 0543 0. 140807 1. 836
VACPRC 1 0. 7099 0.3914 3.2895 0. 0697 0. 148666 2.034
VABPRC 1 -0.1894 0. 4209 0. 2025 0. 6527 -0. 039118 0. 827
LONGATAK 1 0. 0163 0. 3358 0.0023 0.9614 0. 003959 1.016
RAGE 1 -0. 0553 0. 3540 0. 0244 0. 8758 -0. 012111 0. 946
VICPLEAD 1 0.1232 0. 3778 0. 1064 0. 7442 0. 023693 1.131
VBEAT 1 -0. 2235 0. 3180 0. 4937 0. 4823 -0. 057031 0. 800
| NTENT 1 -0. 2596 0. 2502 1. 0769 0.2994 -0. 079145 0.771
RATE 1 3. 5247 0. 8445 17. 4175 0. 0001 0. 321314 33.942
PRICROON 1 - 0. 00186 0. 0270 0. 0047 0. 9451 -0. 005010 0.998



Tabl e 27.2.1: Logistic Regression Advance to Penalty
Trial (White/ African Arerican Victim Last Case
Sample); with Dummy Vari abl es County Contr ol

The LQOQJ STI C Procedur e

Data Set: WORK NEW

Response Variabl e: PTR AL CASE ADVANCED TO PENALTY TR AL
Response Levels: 2

Nunber of Cbservations: 333

Li nk Function: Logit

Response Profile

O dered
Val ue PTR AL Count
1 1 102
2 0 231

WARNI NG 112 observation(s) were del eted due to nissing values for the response or explanatory
vari abl es.

Mbdel Fitting Information and Testing dobal Null Hypot hesis BETA=0

I nt er cept
I nt er cept and

Oiterion ly Covari at es Chi- Square for Covari ates

AC 412.331 400. 928

SC 416. 140 492. 323 .

-2 LOGL 410. 331 352. 928 57.403 wi th 23 DF (p=0.0001)

Score . . 56.424 with 23 DF (p=0.0001)

Anal ysi s of Maxi num Li kel i hood Esti mat es
Par anet er St andar d val d Pr > St andar di zed Qdds

Variable DF Estimate Error Chi -Square  Chi -Square Estimate Ratio
INTERCPT 1 -1.5012 0. 6887 4. 7515 0. 0293 . .
WH TVI C 1 0. 7802 0.4011 3.7840 0.0517 0. 215376 2.182
BLACKD 1 0. 1466 0. 3800 0. 1489 0. 6996 0. 039012 1.158
H SPD 1 -0. 3362 0. 6359 0. 2795 0. 5971 -0. 041974 0.714
V5DPRC 1 -0. 0654 0.2811 0. 0541 0. 8160 -0.017948 0.937
VAFPRC 1 0.6411 0. 3203 4. 0067 0. 0453 0. 148555 1.898
VACPRC 1 0.7937 0.3991 3.9542 0.0468 0. 166209 2.212
VABPRC 1 -0. 1510 0. 4256 0. 1259 0. 7227 -0. 031184 0. 860
LONGATAK 1 -0. 0125 0. 3436 0.0013 0.9711 -0. 003032 0.988
RAGE 1 -0.0762 0. 3644 0. 0438 0.8343 -0. 016685 0.927
VICPLEAD 1 0.1784 0. 3786 0.2221 0. 6375 0. 034297 1.195
VBEAT 1 -0. 2227 0. 3270 0. 4638 0. 4959 -0. 056835 0. 800
| NTENT 1 -0. 3112 0. 2526 1.5172 0. 2180 -0. 094871 0.733
PRICROON 1 -0.00317 0. 0276 0.0131 0. 9088 -0. 008550 0.997
COUNTY1 1 -0.2735 0. 6751 0. 1641 0. 6854 -0. 038295 0.761
COUNTY2 1 0. 8102 0. 7098 1. 3030 0. 2537 0. 083379 2.248
COUNTY4 1 0. 0793 0.5561 0. 0204 0. 8866 0.013434 1.083
CQUNTY9 1 0. 5293 0. 6502 0. 6628 0. 4156 0. 067791 1. 698
COUNTY11 1 0. 6823 0. 5993 1.2961 0. 2549 0. 091572 1.978
OCONTY12 1 1. 0436 0. 6963 2. 2463 0.1339 0.115641 2.839
OCONTY13 1 2. 2498 0. 6567 11. 7375 0. 0006 0. 295150 9. 485
CONTY16 1 1. 0044 0.7104 1.9988 0.1574 0.107413 2.730
OCONTY20 1 0.1734 0. 5526 0. 0985 0. 7537 0. 027822 1.189
OCOUNTY 1 0. 5839 0. 4766 1.5010 0. 2205 0. 129252 1.793






Table 28: Breakdown of 434 Death Eligible defendants by outcome and Race of Defendant.

Defendant's Race White Black Hispanic Other TOTAL
number of defendants 131 249 50 4 434
Fraction of 56/131 70/249 16/50 1/4 143/434
defendants who 0.43 0.28 0.32 0.25 0.33
have at least one

Penalty Tria

Among defendants 20/56 23/70 2/16 01 45/143
with at least one 0.36 0.33 0.12 0 0.31
pendty trid, the

fraction that got at

least one death sentence

Fraction of 20/131 23/249 2/50 o/4 45/434
defendants that 0.15 0.09 0.04 0 0.10

got at least one

death sentence




Table 29: Breakdown of 490 Death Eligible cases by outcome and Race of Defendant.

Defendant's Race White Black Hispanic Other TOTAL
number of cases 151 283 52 4 490
fraction of 69/151 91/283 18/52 1/4 179/490
cases that 0.46 0.32 0.35 0.25 0.37
went to Penalty Trial

Fraction of 22/151 30/283 2/52 0/4 54/490
cases that 0.15 0.11 0.04 0 0.11

got death sentence

fraction of penalty 22/69 30/91 2/18 01 54/179
trial cases that 0.32 0.33 011 0 0.30

got death sentence




Table 30: Breakdown of Sdected 445 Death Eligible cases (Set445f) by outcome and Race of

Defendant.

Defendant's Race White Black Hispanic Other TOTAL
number of cases 136 255 50 4 445
fraction of 58/136 71/255 16/50 1/4 146/445
cases that 0.43 0.28 0.32 0.25 0.33
went to Penalty Trial

Fraction of 20/136 24/255 2/50 0/4 46/445
cases that 0.15 0.09 0.04 0 0.10

got death sentence

fraction of pendty 20/58 24/71 2/16 01 46/146
trial cases that 0.34 0.34 0.13 0 0.32

got death sentence




Table 31: Breakdown of 410 Desath Eligible defendants by outcome and Race of Defendant, for

defendants in Groups 1 and 3.

Defendant's Race White Black Hispanic Other TOTAL
number of defendants 122 235 49 4 410
Fraction of 48/122 60/235 15/49 1/4 124/410
defendants who 0.39 0.26 0.31 0.25 0.30
have at least one

Penalty Tria

Among defendants 15/48 17/60 2/15 01 34/124
with at least one 0.31 0.28 0.13 0 0.27
pendty trid, the

fraction that got at

least one death sentence

Fraction of 15/122 17/235 2/49 o/4 34/410
defendants that 0.12 0.07 0.04 0 0.08

got at least one

death sentence




Table 32: Breakdown of 24 Death Eligible defendants by outcome and Race of Defendant, for Group
2 defendants.

Defendant's Race White Black Hispanic TOTAL
number of defendants 9 14 1 24
Fraction of 8/9 10/14 1/1 19/24
defendants who 0.89 0.71 1.00 0.79
have at |east one Penalty Tria

Among defendants 5/8 6/10 01 11/19
with at least one 0.62 0.60 0 0.58

penalty tria, the fraction
that got at least one death sentence

Fraction of 59 6/14 01 11/24
defendants that 0.56 043 0 0.46
got at least one death sentence




Table 33: Breakdown of 445 First Case Death Eligible cases by Death Sentence outcome and
Race of Defendant by combinations of presence or absence of statutory mitigating factor 5D and
aggravating factor 4C

Defendant's Race White Black Hispanic Other TOTAL
number of cases 136 255 50 4 445

Among defendants with race and combination listed of factors 4C and 5D, the fraction that got at
least one death sentence

Combination

4C 5D

absent present 2/58 o84 0/16 - 2/158
0.03 0 0 - 0.01

absent absent 12/47 11/126 1/25 0/3 24/201
0.26 0.09 0.04 0 0.12

present absent 4/14 10/27 0/4 01 14/46
0.29 0.37 0 0 0.30

present present 2117 3/18 /5 - 6/40

0.12 0.17 0.20 - 0.15




Table 34: Breakdown of 410 Death Eligible defendants by Death Sentence outcome and Race of
Defendant, for defendants in Groups 1 and 3, by presence or absence of statutory mitigating factor 5D

Defendant's Race White Black Hispanic Other TOTAL
number of defendants 122 235 49 4 410
Among defendants 3/69 397 1/20 0/0 7/186
with 5D present, 0.04 0.03 0.05 - 0.04
the fraction that got

at |least one death

sentence

Among defendants 12/53 14/138 1/29 0/4 271224
with 5D absent, 0.23 0.10 0.03 0.00 0.12
the fraction that got

at least one death
sentence




Table 35: Breakdown of 410 Dezth Eligible defendants by penalty trial outcome and Race of
Defendant, for defendants in Groups 1 and 3, by presence or absence of statutory mitigating factor 5D

Defendant's Race White Black Hispanic Other TOTAL
number of defendants 122 235 49 4 410
Among defendants 23/69 28/97 5/20 0/0 56/186
with 5D present 0.33 0.29 0.25 - 0.30
the fraction that got

a least one penalty trial

Among defendants 25/53 32/138 10/29 V4 68/224
with 5D absent 0.47 0.23 0.34 0.25 0.30
the fraction that got

at least one penalty trial




Table 36: Breakdown of 410 Death Eligible defendants by Death Sentence outcome and Race of
Defendant, for defendants in Groups 1 and 3, by combinations of presence or absence of statutory
mitigating factor 5D and aggravating factor 4C

Defendant's Race White Black Hispanic Other TOTAL
number of defendants  (122) (235) (49 (@) (410

Among defendants with race and combination listed of factors 4C and 5D
the fraction that got at least one death sentence

Combination

4C 5D

absent present 2/53 o/79 0/15 0/0 2/147
0.04 0.00 0.00 - 0.01

absent absent 9/41 6/114 1/25 0/3 16/183
0.22 0.05 0.04 0.00 0.09

present absent 312 8/24 o4 01 1141
0.25 0.33 0 0 0.27

present present 116 3/18 15 0/0 5/39

0.06 0.17 0.20 - 0.13




Table 37: Breakdown of 39 defendantsin Groups 1 and 3, with factors 4C and 5D both present by
Death Sentence outcome, Race of Defendant, and aggravating factor 4A (prior murder)

Defendant's Race White Black Hispanic Other TOTAL
4A present - 1 1/2 - 2/3
4A absent 1/16 2/17 0/3 - 3/36

0.06 0.12 0.00 0.08




Table 38: Breakdown of 445 First Case Degth Eligible cases by Death Sentence outcome and
Race of Defendant by combinations of presence or absence of statutory mitigating factor 5D and
aggravating factor 4C

Defendant's Race White Black Hispanic Other TOTAL
number of cases 136 255 50 4 445

Among defendants with race and combination listed of factors 4C and 5D, the fraction that got at
least one death sentence

Combination

4C 5D

absent present 2/58 o84 0/16 - 2/158
0.03 0 0 - 0.01

absent absent 12/47 11/126 1/25 0/3 24/201
0.26 0.09 0.04 0 0.12

present absent 4/14 10/27 0/4 01 14/46
0.29 0.37 0 0 0.30

present present 217 3/18 1/5 - 6/40

0.12 0.17 0.20 - 0.15




Table 39: Breakdown of 490 Death Eligible cases by outcome and race of primary victim

Victim's Race White Black Hispanic Other Total
Number of cases 220 192 61 17 490
Fraction of 105/220 49/192 21/61 4/17 179/490
Cases that 0.48 0.26 0.34 0.24 0.37
Went to penalty tria

Fraction of 32/220 18/192 3/61 1/17 54/490
Cases that 0.15 0.09 0.05 0.06 0.11
Got death sentence

Fraction of penalty 32/105 18/49 321 V4 54/179
Trial cases that 0.30 0.37 0.14 0.25 0.30

Got death sentence




Table 40: Breakdown of 490 Degth Eligible cases by outcome and race of victim, where for multiple
race victim cases involving at least one white victim the victim's race assighed to the case is white

Victim's Race White Black Hispanic Other Total
Number of cases 227 189 58 16 490
Fraction of 106/227 49/189 20/58 4/16 179/490
Cases that 0.47 0.26 0.34 0.25 0.37
Went to penalty tria

Fraction of 32/227 18/189 3/58 1/16 54/490
Cases that 0.14 0.10 0.05 0.06 0.11
Got death sentence

Fraction of penalty 32/106 18/49 3/20 v4 54/179
Tria cases that 0.30 0.37 0.15 0.25 0.30

Got death sentence




Table 41: Breakdown of 445 First Case Death Eligible cases by Death Sentence outcome and Race of
Primary Victim by combinations of presence or absence of statutory mitigating factor 5D and
aggravating factor 4C

Primary
Victim's Race White Black Hispanic Other TOTAL
number of cases 197 177 55 16 445

Among cases with primary victim’s race and combination listed of factors 4C and 5D, the fraction that
got at least one death sentence

Combination

4C 5D

absent present 284 0/50 0/19 0/5 2/158
0.02 0 0 0 0.01

absent absent 16/65 5/100 2/29 7 24/201
0.25 0.05 0.07 0.14 0.12

present absent 7124 7/19 01 02 14/46
0.29 0.37 0 0 0.30

present present 324 2/8 1/6 0/2 6/40

0.12 0.25 0.17 0 0.15




Table 42: Fraction of 146 Penalty Trial cases from the First Case data that receive death sentence by
Race of Victim (where race iswhite if at least one victim is white), by combinations of presence or
absence of statutory mitigating factor 5D and aggravating factor 4C

Victim's race in case: no white victims at least one white victim
Fraction of cases receiving
death sentence for

4C absent 837 (0.22) 18/62 (0.29)
4C Present 5D present 3/9 (0.33) 311 (0.27)
4C present 5D absent 711  (0.64) 7116  (0.44)

total 18/57  (0.32) 28/89  (0.31)




Table 43: Fraction of 179 Penalty Tria cases from the 490 degath eligible data that receive death
sentence by Race of Victim (where race iswhite if at least one victim is white), by combinations of
presence or absence of statutory mitigating factor 5D and aggravating factor 4C

Victim'sracein case no white victims at least one white victim
Fraction of cases receiving
death sentence for

4C absent 10/47 (0.21) 21/74 (0.28)
4C Present 5D present 311 (0.27) 4/13 (0.31)
4C present 5D absent 915 (0.60) 7119  (0.37)

total 2273 (0.30) 32/106 (0.30)




Table 44: For 91 Black defendant pendlty trial cases, Fraction receiving death sentence by race of

Primary victim.

number

fraction receiving
death sentence

race of victim
white black Hispanic other tota
36 49 5 1 91
12/36 18/49 0/5 0/5 3091
0.33 0.37 0 0 0.33




Table 45: For 445 cases (set445f) Fraction going to Pendlty triad by race of primary victim

race of primary victim

white black Hispanic other total
number 196 177 56 16 445
fraction going to
penalty tria 88/196 39/177 16/56 3/16 146/455

0.45 0.22 0.29 0.19 0.32




Table 46. For 445 cases (set445f) Fraction going to Pendlty tria by race of victim, where for multiple
race victim cases involving at least one white victim the victim's race assigned to the case is white

race of victim

white black Hispanic other total
number 203 174 53 15 445
fraction going to
penalty tria 89/203 39/174 15/53 3/15 146/455
0.44 0.22 0.28 0.20 0.32




Table 47: For 434 defendants, Fraction going to Penalty trial by race of primary victim*

race of primary victim

white black Hispanic other total
number
fraction going to 86/190 38/172 16/56 3/16 143/434
penalty tria 0.45 0.22 0.29 0.19 0.33

* Some defendants had separate cases in the 445 First Case set. For al of these defendants but two, the
race of the primary victim was the same in both cases. For two defendants there were two primary
victims of different races. Table 41ais tabulated on the following basis. The reader can easily see that
the fractions for white, Black, and Hispanic will not change much however these two cases are
handled. Harris had two cases both resulting in death sentence, one involving a white victim, the other
ablack victim. (In this table we included the white victim case) Koedatich had two cases both going
to pendlty trial, one involving awhite victim, and one involving an “other” race victim. Only the latter
case received death, and we included that in Table 41a.



Table 48: For 445 casey(set445f) a breakdown of Pendlty tria by County

county number of cases fraction to pendlty tria (percent)
1 Atlantic 28 8/28 29%
2 Bergen 20 9/20 45%
3 Burlington 13 6/13 46%
4 Camden 51 13/51 25%
5 Cape May 12 3/12 25%
6 Cumberland 9 1/9 11%
7 Essex 98 19/98 19%
8 Gloucester 13 7/13 54%
9 Hudson 31 8/31 26%
10 Hunterdon 2 1/2 50%
11 Mercer 23 11/23 48%
12 Middlesex 18 11/18 61%
13 Monmouth 23 17/23 74%
14 Morris 14 8/14 57%
15 Ocean 12 5/12 42%
16 Passaic 22 6/22 27%
17 Sdem 2 1/2 50%
18 Somerset 2 02 0%
19 Sussex 7 207 29%
20 Union 40 7/40 18%
21 Warren 5 3/5 60%
combined 445 146/445 33%




Table 49. For 445 cases(set445f)a breakdown of Race of Primary Victim by County:

race of primary victim

county white black hispanic asian other total
1 count 16 11 0 1 0 28
Row % 57.14 39.29 0.00 357 0.00
Col % 8.16 6.21 0.00 1250 0.00

2 11 3 2 2 2 20
55.00 15.00 10.00 10.00 10.00
5.61 1.69 357 25.00 25.00

3 12 1 0 0 0 13
92.31 7.69 0.00 0.00 0.00
6.12 0.56 0.00 0.00 0.00

4 12 25 13 0 1 51
2353 49.02 25.49 0.00 196
6.12 14.12 2321 0.00 1250

5 10 1 0 1 0 12
83.33 8.33 0.00 8.33 0.00
5.10 0.56 0.00 1250 0.00

6 5 1 3 0 0 9
55.56 1111 3333 0.00 0.00
255 0.56 5.36 0.00 0.00

7 17 68 12 0 1 98
17.35 69.39 12.24 0.00 1.02
8.67 3842 2143 0.00 1250

8 10 1 2 0 0 13
76.92 7.69 15.38 0.00 0.00
5.10 0.56 357 0.00 0.00

9 14 8 8 1 0 31
45.16 2581 2581 323 0.00
7.14 452 14.29 12.50 0.00

10 2 0 0 0 0 2
100.00 0.00 0.00 0.00 0.00
1.02 0.00 0.00 0.00 0.00

11 8 15 0 0 0 23
34.78 65.22 0.00 0.00 0.00

408 847 0.00 0.00 0.00



Table 49 (Continued) For 445 cases(set445f)a breakdown of Race of Primary Victim by County:
race of primary victim

county white black hispanic asian other total
12 count 12 3 3 0 0 18
row % 66.67 16.67 16.67 0.00 0.00
col % 6.12 1.69 5.36 0.00 0.00

13 18 3 1 0 1 23
78.26 13.04 435 0.00 435
9.18 1.69 179 0.00 1250

14 12 1 0 1 0 14
85.71 7.14 0.00 7.14 0.00
6.12 0.56 0.00 1250 0.00

15 10 0 1 0 1 12
83.33 0.00 8.33 0.00 8.33
5.10 0.00 179 0.00 1250

16 5 9 7 1 0 22
273 4091 3182 455 0.00
255 5.08 1250 1250 0.00

17 2 0 0 0 0 2
100.00 0.00 0.00 0.00 0.00
102 0.00 0.00 0.00 0.00

18 1 1 0 0 0 2
50.00 50.00 0.00 0.00 0.00
051 0.56 0.00 0.00 0.00

19 7 0 0 0 0 7
100.00 0.00 0.00 0.00 0.00
357 0.00 0.00 0.00 0.00

20 8 25 4 1 2 40
20.00 62.50 10.00 250 5.00
408 1412 7.14 1250 25.00

21 4 1 0 0 0 5
80.00 20.00 0.00 0.00 0.00
204 0.56 0.00 0.00 0.00

total 1% 177 56 8 8 45



Table 50: A comparison of percent going to penalty trial for three highest case load counties
versus other counties. For 445 First Case data set

Penalty County Case Load

Tria 18 lowest 3 highest total

no 149 150 299
58% 7%

yes 107 39 146
42% 21%

total 256 189 445




Table 51: A comparison of race of primary victim for three highest case load counties versus other
counties. For 445 First Case Data set. (3 highest are Essex, Camden, and Union Counties)

Race of County Case Load

Primary

Victim 18 lowest 3 highest total

White 159 37 196
62% 20%

Black 59 118 177
23% 62%

Hispanic 27 29 56
11% 15%

Other 11 5 16
4% 3%

total 256 189 445




Table 52: Crosstabs for 445 cases (set 445f), Race of Primary Victim by Race of Defendant

victim's defendant's race

race white black Hispanic asian other
total

White 124 58 14 0 0
196

Black 2 170 5 0 0
177

Hispanic 7 19 29 0 1
56

Asian 1 4 1 1 1
8

Other 2 4 1 0 1
8

total 136 255 50 1 3

445




Table 53: For 228 Black Defendant cases, Fraction going to Pendty Trid by race of Primary victim

race of primary victim
white black total
number of cases 58 170 228

fraction of cases going
to penalty trial 29/58 39/170 68/228
percent 50% 23% 30%




Table 54: For 228 Black Defendant cases, Fraction going to Pendty Trial by race of victim, where for
multiple race victim cases involving at least one white victim the victim’ s race assigned to the case is
white

race of victim
white black tota

number of cases 6l 167 228

fraction of cases going
to pendty tria 29/61 397167 68/228
percent 48% 23% 30%




Table 55. For 228 Black defendant cases involving a black or white primary victim, the percent of
cases corresponding to a given primary victim race by county. (In parentheses we show the numbers
for the method where if a case has at |east one white victim the victim’s race assigned to the caseis
white

Race of Victim

County White Victim Black Victim total number of cases

Atlantic 7 8 11 (10) 18
39% 61%

Bergen 4 3 7
57% 43%

Burlington 5 1 6
83% 17%

Camden 1 23 24
4% 96%

Cape May 2 1 3
67% 33%

Cumberland 2 1 3
67% 33%

Essex 8 9 66 (65) 74
11% 89%

Gloucester 3 1 4
75% 25%

Hudson 3 8 11
27% 73%

Mercer 3 @ 15 (14 18
17% 83%

Middlesex 6 3 9
67% 33%

Monmouth 4 3 7
57% 43%

Morris 1 1 2
50% 50%

Ocean 3 0 3
100% 0%

Passaic 2 7 9
22% 78%

Somerset 0 1 1
0% 100%

Union 3 25 28
11% 89%

Warren 1 0 1
100% 0%

tota 58 170 228

25% 75%




Table 56. A comparison of primary victim's race for the three high case load (low rate of going to
penalty trial) counties (Camden, Essex, and Union) in one group, and the remaining counties
into another group, for 228 Black defendant cases involving a black or white primary victim.

Primary Victim's Low case load Counties High Case load counties Total

Race (Camden, Essex and Union)

White 46 12 58
45% 10%

Black 56 114 170
55% 90%

Total 102 126 228




Table 57 For 228 cases involving black defendant and black or white primary victims, fraction going
to penalty trial by race of primary victim and county. (In parentheses for race of victim where the
victim assgnment of multiple-race-victim casesis white if at least one of victims is white)

County
1 Atlantic

2 Bergen

3 Burlington
4 Camden

5 Cape May
6 Cumberland
7 Essex

8 Gloucester
9 Hudson

10 Hunterdon
11 Mercer

12 Middlesex
13 Monmouth
14 Morris

15 Ocean

16 Passaic

17 Salem

18 Somerset
19 Sussex

20 Union

21 Warren

race of primary victim

White

37 (3/8) *
2/4

3/5

o1

22

02

38 (3/9) *
2/3

0/3

33 (314) *
36
44
1n
13
12

0/3
11

Black

1/11 (1/10)
1/3

1/2

7123

01

01

10/66 (10/65)
01

1/8

615 (6/14)
13
33
11

37

14

4/25




Table 58: fraction going to pendty tria by race of victim (under either assignment method) and
county (casesinvolving Black defendants and Black or White Victims, 6 counties from Table 51)

race of victim

county white black

4 Camden 0/1 (0%) 7123 (30%)

6 Cumberland 0/2 (0%) o1 (0%)

9 Hudson 0/3 (0%) 1/8 (12%)

13 Monmouth 4/4 (100%) 3/3 (100%)

14 Morris 1/1 (100%) /1 (100%)

20 Union 0/3 (0%) 425  (16%)
All 6 combined 5/14 (36%) 16/61(26%)




Table 59: Essex County Black Defendant, First445f cases by Race of Victim (B or W) and Penalty
Trial Outcome (where a case' s race of victim iswhiteif at least one victim is white)

Primary Victim's Race
White Black Total

Fraction going to
penalty tria 39 10/65 13/74
3% 15%




Table 60: fraction going to penalty trial: Essex County Black Defendant, First445f cases by Race of
Victim (B or W) and Penalty Trial Outcome broken down by Murdrall, and Prior, (where a case’ s race
of victim iswhiteif at least one victim iswhite

Victim's Race
White Black
More than one Homicide 0/3 7112
1 Homicide and prior conviction 3/5 127

1 Homicide and no prior conviction 01 2/26




Table 61 Essex County Black Defendant with no other homicides but prior conviction cases

by Race of Victim (B or W) and Pendty Trial Outcome broken down by aggravating factor 4F, and
whether case was before 1988. Fraction going to pendlty trial. (Either method of assigning victim’'s
race)

Victim's Race
White Black
4F Not Present 01 1/24
4F Present, Before 1988 2/2 -

4F Present, After 1988 1/2 0/3




Table 62: Atlantic County Black Defendant, First445f cases by Race of Victim (assigned white if at
least one case is white) and Penalty Tria Outcome broken down by Murdrall, and PriorCon. Fraction
going to pendty trid.

Victim's Race

White Black
More than one Homicide 02 o1
1 Homicide and prior conviction 3/4 7

1 Homicide and no prior conviction 02 02




Table 63: Atlantic County Black Defendant with no other homicides but prior conviction
casss by Race of Victim (either method of assignment) and Penalty Trid Outcome broken down by aggravating
factor 4C. Fraction going to penalty tria

Victim's Race
White Black
4C Absent 1/2 17

4C Present 2/2 -




Table 64: Mercer County Black Defendant, First445f cases by Race of Victim (whiteif at least one
victim is white)and Pendty Tria Outcome broken down by Murdrall, and PriorCon. Fraction going to
pendlty trid.

Primary Victim's Race

White Black
More than one Homicide 2/3 -
1 Homicide and prior conviction
Execution style homicide 1 -
not execution style homicide - 4/9

1 Homicide and no prior conviction - 2/5




Table 65: White Victim by Penalty Tria for 490 Death Eligible cases, with 9 statutory factor 4H
(killing a public official) removed. Race of victim of a caseiswhiteif at least onevictim in caseis
white

Race of victim

Penalty trial other white

No 189 72 261
60.97 4211

Yes 121 99 220
39.03 57.89

310 171 481

Cochran-Mantel-Haenszel Tests
Stratified by

COUNTY

CMH Test ChiSquare Prob>Chisq
Correlation of Scores 2.3456 0.1256
Row Score by Col Categories 2.3456 0.1256
Col Score by Row Categories 2.3456 0.1256

General Assoc. of Categories 2.3456 0.1256



Table 66: White Victim by Penalty Tria for 445 First Case Death Eligible cases, with 7 statutory
factor 4H (killing a public official) removed. Race of victim of a caseiswhiteif at least one victim in
case iswhite

Race of Victim

Penalty other White vig
trial
No 184 56 240
62 % 40 %
Yes 114 84 198
38 % 60 %
298 140 438

Cochran-Mantel-Haenszel Tests
Stratified by

county

CMH Test ChiSquare Prob>Chisq
Correlation of Scores 2.9245 0.0872
Row Score by Col Categories 2.9245 0.0872
Col Score by Row Categories 2.9245 0.0872

General Assoc. of Categories 2.9245 0.0872






INSTRUCTIONS

The purpose of this survey isto explore which features of amurder case areimportant in determining case
outcomes. Attached isaligt of factors on which the AOC collects data for each death-dligible case. We
would liketo draw on your experience to measure how strongly particular circumstancesarerelated to the
outcome (whether a case proceedsto pendlty tria, and whether the defendant receives a death sentence).

Please carefully review theentirelist beforerating any of thefactors. Try to consder each factor onitsown
merits, and do not be concerned with any overlap between factors. Similarly, you should not focuson the
order of presentation of the factors, asthey arein random order. Rate each factor without consdering its
forma admissibility under the Rules of Evidence.

Rate each factor according to your assessment of its impact on case outcomes as follows:

0- not a al important

1 - dightly important

2 - moderately important
3 - very important

If there are any factors that you believe to be important in determining outcome, but which do not appear
inthis survey, please list those factors in the space provided. After you have rated each of the factors,
please review the lis one more time and determine whether you would like to change any of your
responses.

The factors should berated according to their influencein either direction, i.e., for or againgt the defendant.
Focus objectively on what you think isthe actua impact of each factor, rather than on what you persondly
would consder important if you were deciding a case.

Please note that the statutory aggravating and mitigating factors have been included among the list of
factors. Do not rate the Satutory factors, as the Legidature has dready deemed them to be important in
determining case outcomes.

Fndly, this survey is intended to be completed in a single sitting. Please do not confer with anyone in
developing your responses.



10.

11.

12.

STATUTORY FACTORS

Aggravating factor (c)(4)(a) - the defendant has been convicted, at any time, of another murder.

Aggravating factor (c)(4)(b) - in the commission of the murder, the defendant purposdly or
knowingly crested agrave risk of deeth to another person in addition to the victim.

Aggravating factor (c)(4)(c) - the murder was outrageoudy or wantonly vile, horrible or inhuman
inthat it involved torture, depravity of mind, or an aggravated assault to the victim.

Aggravating factor (c)(4)(d) - the defendant committed the murder as consideration for thereceipt,
or in expectation of the receipt of anything of pecuniary vaue.

Aggravating factor (c)(4)(e) - the defendant procured the commission of the offense by payment
or promise of payment of anything of pecuniary vaue.

Aggravating factor (¢)(4)(f) - the murder was committed for the purpose of escaping detection,

apprehension, tria, punishment or confinement for another offense committed by the defendant or
another.

Aggravating factor (c)(4)(g) - the offense was committed while the defendant was engaged in the
commissionaf, or an attempt to commit, or flight after committing or attempting to commit murder,
robbery, sexuad assault, arson, burglary or kidnaping or the crime of contempt in violation of
N.J.S.A. 2C:29-9b.

Aggravaing factor (c)(4)(h) - the defendant murdered a public servant . . . while the victim was
engaged in the performance of his officid duties, or because of the victim's Satus as a public
servant.

Mitigeting factor (c)(5)(8) - the defendant was under the influence of extreme mental or emotiona
disturbance.

Mitigating factor (c)(5)(b) - the victim solicited, participated in or consented to the conduct which
resulted in his degth.

Mitigating factor (c)(5)(c) - the age of the defendant at the time of the murder.
Mitigating factor (c)(5)(d) - the defendant’ s capacity to appreciate the wrongfulness of hisconduct

or to conform his conduct to the requirements of the law was sSgnificantly impaired asthe result of
menta disease or defect or intoxication.



13. Mitigating factor (c)(5)(€) - the defendant was under unusua and subgtantia duress.
14. Mitigating factor (c)(5)(f) - the defendant has no significant history of prior crimind activity.
15. Mitigating factor (c)(5)(g) - the defendant rendered substantia assistance to the State in the
prosecution of another person for the crime of murder.
16. Mitigating factor (c)(5)(h) - any other factor which is relevant to the defendant’ s character or
record or to the circumstances of the offense.
NON-STATUTORY FACTORS
17.  Thedefendant was not the principd initiator of the murder.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

18.  The defendant previoudy underwent long-term speciaized care or treatment for drug or acohol

abuse.
O:notatdl 1: dightly 2 : moderatdy 3:vey
important important important important

19.  Thedefendant was ever classfied by amedica doctor or psychologist as mentally retarded.

__ _O:notadl
important

1: dightly
important

2 : moderatdy
important

3:vey
important




20.  Atthetimeof the homicide, the victim attacked, threatened or abused a person that the defendant

cared about.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

21.  Thevictim experienced severe physica suffering as aresult of the duration of the attack.

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
22.  Theyesar that the case was pled or tried.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

23.  Thevicimwasengaged in anillegd activity & the time of homicide (e.g., drug dedler, progtitute).

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
24.  Thedefendant used drugs and/or acohol in the 24 hours prior to the offense.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important




25.  Thevictim experienced severe physical suffering because of the location of his’her wounds.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important
26.  Thedefendant suffered a serious head injury in the past.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
27.  Thedefendant was previoudy inditutiondized for mentd illness
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

28.  Thevictim experienced severe physicd suffering as aresult of being strangled.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
29.  Thedefendant did not show remorse for the homicide.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

30 The defendant mistakenly believed that the killing was mordly judtified.




O:notadl
important

1: digntly
important

2 . moderately
important

3:veay
important

31.  Thevictim experienced severe physica suffering because of the number of his’her wounds.

O:notadl
important

1: dightly
important

2 . moderately
important

3:veay
important

32.  Theintent of the defendant in committing the murder, i.e., purposay/knowingly/SBI.

O:notadl
important

1: dightly
important

2 . moderately
important

33.  The defendant continued or resumed a painful atack when it was apparent that the victim was

dying.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
34.  Thedefendant had problemsin school asachild.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
35.  Whether the defendant was a New Jersey resident &t the time of the offense.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important







36.  Theamount of planning involved in the homicide.

___O:notadl
important

1: digntly
important

2 . moderately
important

37.  Themotive for the homicide was immediate rage or frustration (provoked rage).

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
38.  Thedefendant was born outside the United States.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

39.  Whileinthevictim’ spresence, the defendant threetened to kill the victim’ sfamily membersor close

friends.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

40.  Thevictim experienced severe physical pain asaresult of the number of people taking part in the

attack.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important




41.  Thelength of the aggregate sentence consecutive to the degth-eligible sentence.

___O:notadl
important

1: digntly
important

2 . moderately
important

42.  Thedefendant had a history of psychiatric problems, as evidenced by prior care or treatment.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
43. Bodily harm to a person other than the victim.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important
44,  Thevictim pleaded for higher life.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
45,  Thevictim physcaly injured the defendant at the time of the homicide.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important




46.  Thedefendant otherwise cooperated with the authorities in the prosecution againgt him/her,
such as by directing police to the murder wegpon.

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
47.  Themoetivefor the homicide is known or suggested.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
48.  Thetype of murder weagpon used by the defendant.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

49.  Thedefendant announced to athird person, other than aco-defendant, anintentiontokill thevictim

(doesnot include alovers quarrd or lovers triangle).

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
50.  Thevictim aroused the defendant’ s fear for hisgher own life.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
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51.  Whilegrowing up, the defendant was aware of physica or sexua assaults by one family member
on another family member.

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
52.  Thevictim usad drugs or dcohol immediately prior to the homicide.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
53.  Thehomicidewastheresult of alovers triangle.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
54.  Thevictim'sthroat was dashed.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

55.  Thedefendant intended to cause the victim or athird person extreme suffering.

_ O:notadl
important

1: dightly
important

2 : moderatdy
important
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56.  The defendant wasimplicated in other killings, even though he/she was not convicted of them.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important

57.  Thevictim was the defendant’ s enemy, e.g., defendant and victim were competitors for the

affection of the same woman.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

58.  The defendant was addicted to, or a heavy user of, any drug or dcohol around the time of the

offense.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

59.  Thedefendant was expelled or suspended from school as a child.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

60.  Thetypeand number of defendant’s prior crimind convictions.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
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61.  Thevictim physcaly atacked the defendant a the time of the homicide.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important
62.  Thedefendant spent some of his childhood in foster care.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
63.  Thekilling involved a beeting with the hands or fet.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

64.  Thehomicide was precipitated by a dispute between spouses or ex-spouses.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
65.  Thevictim had a hand a deadly wegpon.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

66.  Thenumber of persons physcdly injured other than the deceased victim.
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O:notadl 1: dightly 2 . moderately 3:vay
important important important important
67.  Thevictim and defendant wereinvolved in alongstanding feud or had along-term hodtility toward
each other.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
68.  Thedefendant served in the military.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
69.  Thedefendant previoudy atempted to kill the victim.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

70.  The defendant panicked or became frightened when he/she was surprised in the course of a
burglary or some other crime.

O:notadl
important

1: dightly
important

2 . moderately
important

71.  Thedefendant committed or is aleged to have committed additiona crimes between the time of
the homicide and the time of higher arrest (whether or not charged) that were not part of the
transaction that resulted in the homicide.

14



___O:notadl
important

1: digntly
important

2 . moderately

important
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72. The mative for the homicide was retdiaion for sexud refusal.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important
73.  Thedefendant turned himsdf/hersdf in to law enforcement authorities.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

74.  The number of people, other than the victim, who were exposed to the risk of death.

O:notadl 1: dightly 2 . moderately 3:veay
important important important important
75.  Thedefendant was afugitive from aprior crime.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

76.  Thedefendant ressted or avoided arrest by flight or going into hiding (doesnot include fleeing from

the scene of the homicide).
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
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77. The victim accused the defendant of misconduct.

___O:notadl
important

1: digntly
important

2 . moderately
important

78.  The homicide was precipitated by a dispute between the victim and the defendant over money or

property.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
79.  Thevictim suffered multiple stab wounds.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
80.  Thedefendant had ahistory of physicd illness.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
81.  Thedefendant fredy admitted higher guilt to the crime charged.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
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82. The defendant lured or ambushed the victim, or lied in wait for the victim.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important
83.  Thedefendant was abused or neglected as a child.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
84.  Themurder was extremely bloody.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important
85.  Thevictim waskilled in the presence of family members or close friends.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
86.  Thevictim was beaten before the killing, or beaten to desth.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
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87.  Thekilling wastheresult of the victim ressting or threatening the defendant, including setting off an

dam.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
88.  Onanearlier occason, the victim physicaly attacked the defendant.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
89.  Thedefendant has been in military combat.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

90.  Themurder involved abrutal clubbing with aweapon other than the hands or feet.

_ O:notadl
important

1: dightly
important

2 : moderatdy
important

3:vey
important

91.  The defendant was removed from the custody of hisher parents or family because of abuse or

neglect.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important
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92.  Themoative for the homicide was long-term hatred of the victim.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important

93.  Thevictim suffered multiple gunshot wounds.

O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

94.  Thehomicide was precipitated by a dispute between lovers or ex-lovers.

O:notadl 1: dightly 2 . moderately 3:veay
important important important important

95.  Thedefendant abandoned a dying victim under circumstances in which it was apparent that

the victim would die.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

96. The defendant showed remorse for the homicide.

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
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97.  Thedefendant attempted to dispose of or conced the victim'’s body.

O:notadl 1: dightly 2 . moderately 3:vay
important important important important
98.  Themoative for the homicide was jedousy or retdiaion for asexud rivary.
O:notatdl 1: dightly 2 . moderately 3:veay
important important important important

99.  The homicide was precipitated by a dispute while the victim or the defendant was under the

influence of drugs or acohal.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

100. Onan earlier occasion, the victim verbally threastened to attack the defendant.

_ O:notadl
important

1: dightly
important

2 : moderatdy
important

101. Themoetive for the homicide was to obtain revenge againg the victim for prior harm to the
defendant or another.

O:notadl
important

1: dightly
important

2 . moderately
important

3:vay
important
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102. Thedefendant hid or moved a dying victim, reducing the chance that someone would come
to thevictim'sad.

0:not at dl
important

1: dightly
important

2 : moderatdy
important

3:vay
important

103. The homicide was precipitated by a dispute between family members other than spouses or

EX-SPOUSES.
O:notadl 1: dightly 2 . moderately 3:veay
important important important important

104. The victim was unclothed (in whole or in part) or forced to disrobe &t the time of the homicide.

O:notadl
important

1: dightly
important

2 . moderately
important

105. Thekilling was an execution-style homicide, e.g., the victim was bound and gagged and/or shot in

the head & close range while subdued or unaware, or an organized crimekilling.

_ O:notadl
important

1: dightly
important

2 : moderatdy
important

106. The defendant interfered with the judicia process by threstening witnesses or jurors, or by

suborning perjury.
O:notatdl 1: dightly 2 . moderately 3:vay
important important important important
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107. The homicide was precipitated by another type of dispute or fight (other than spouses, lovers, or

family).
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

108. The defendant was under crimina justice supervison a the time of the offense.

O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
109. Onan earlier occasion, the victim physicaly injured the defendant.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important
110. Thevictim had a crimind record.
O:notadl 1: dightly 2 : moderatdy 3:vey
important important important important

111. Any other factor that isimportant in determining case outcome (please specify).

_ O:notadl
important

1: dightly
important

2 : moderatdy
important
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112.  Any other factor that isimportant in determining case outcome (please specify).

___O:notadl
important

1: digntly
important

2 . moderately
important

113. Any other factor that isimportant in determining case outcome (please pecify).

O:notadl
important

1: dightly
important

2 . moderately
important
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List of Non-Statutory Factors Included From
the Judge Survey

1. DINTENDS - Defendant intended to cause victim or 3rd party suffering

2. MULSTAB - Victim suffered multiple stab wounds

3. STRANGLE - Victim experienced severe suffering as a result of being

strangled

4. EXECUTON - Execution-style homicide

5. VBEAT - Victim beaten before the killing, or beaten to death

6. VICPLEAD - Victim pleaded for his/her life

7. PLACEWND - Victim experienced severe suffering as a result of the location

of his/her wounds

8. MULWOUND - Victim experienced severe suffering as a result of the number of
his/her wounds

9. DATKDIEYV - Defendant continued/resumed a painful attack when it was apparent
victim was dying

10. VATTACK - Victim physically attacked defendant at time of homicide

11. INTENT - Defendant's intent in committing the murder

12. RAGE - motive for homicide was (provoked) rage or frustration

13. AMBUSH - Defendant lured or ambushed the victim, or lied in wait

14. DTHRWIT - Defendant interfered w/ judicial process by threatening witnesses or
jurors, or by suborning perjury

15. DOTHKILS - Defendant implicated in other killings, even though not convicted of
them

16. DPREVTRY - Defendant previously attempted to kill the victim

17. HIDEBODY - Defendant hid/moved dying victim, reducing chance that someone
would come to victim's aid

18. VATKOTHR - At time of homicide, victim attacked, threatened, or abused a
person defendant cared about

19. LONGATAK - Victim experienced severe suffering as a result of the duration of
the attack

20. PRIORCON- Number of defendant’s prior convictions.

21. PRIORHOM- Defendant had a prior homicide conviction.

22. BADPRIOR- Defendant had a prior serious felony conviction.








